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Abstract

In this project, a new keyword spotting
system using reward function to discriminate
keywords from the background fillers was
proposed. It first defined a confusion measure
between Mandarin syllable-pair as the HMM
recognition score difference of the correct and
dternate hypothesis. And, the Gaussian
distribution was used to model the confusion
measure of syllable-pair. Under the assumption
of independence between adjacent syllables, the
confusion measure of word-pair becomes the
summation of corresponding syllable-pairs.
Finally, the confusing measure of word-pair was
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used to decide the reward function in the
keyword spotting system. In the proposed system,
the Top-N syllable lattice was first found by
HMM syllable recognizer, and the keyword
candidates can be found from syllable lattice
associate with the most probable filler model.
And, the reward function of each keyword
candidate can be decided from confusion
measure between keyword and its associated
filler. By defining the desired keyword error rate,
the proper reward function can be found in the
keyword spotting system.

Keywords: confusion measure, reward function,
keyword spotting system
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