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Concept communication is  an
important issue of man machine interface.
It provides the smooth communication
between man and system. This paper
introduces conceptua fuzzy set (CFS) to
represent the abstract concepts and
concrete concepts in the real world.
Concept mapping must be bidirectional.
Mapping from abstract concepts to
concrete concepts is considered as
concept  recognition.  Mapping from
concrete concepts to abstract concepts is
considered as concept interpretation. We
propose several mapping schemes to
relate these two type concepts. The fuzzy
relation equation approach is first
applied for the concept mapping. The
forward and backward mappings of



concepts are archived by adopting two
different fuzzy reation eguations,
respectively. We agpply the genetic
algorithm and fuzzy deltarule to learn the
relation matrix of fuzzy relation equation.
Their performances are not acceptable.
In a functiona mapping respective
instead, the multilayer perceptron neural
network is utilized to the concept
mapping problem. BP agorithm is
adopted to learn the weight matrix in the
multilayer perceptron neura network. T. Takagi
The backward mapping of concepts is

achieved by adopting another MLP

neural network. The result of concept

mapping by MLP neural network has

demonstrated that the MLP network is an

effective scheme for concept

communication.
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