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Slurry Wall Unit Length
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The problem of concept learning is
an important research area in machine
learning. Given a set of specific
examples and/or non-examples about a
class of objects, the purpose of concept
learning is to reach a generaized idea
about the class of objects. Concept
learning is essential to construction
engineers (e.g.,, structure designer,
construction planner, and site planner).
Based on their work experience, the
engineers approach a new problem by
first classifying the problem and then
find the solution to the problem
according to the guidelines for the class
of problems. Compared to learning a
static concept as in most of common
sense learning (e.g., learning to classify
birds, geometric objects), the concept
about a construction product usualy is
dynamic  corresponding to  the



engineering task at hand. For example,
the classification of a construction
product for planning the construction
process and for laying out the
construction site may be different.
Sometimes  different engineers may
have different classifications even
though they are dealing with the same
kind of task.

This research uses construction
planning for slurry walls as an example
and presents a computer system that
allows its user to dynamically define a
concept about a particular type of
construction products. Based on the
user-defined concept, the system
searches for qualified cases and
generalizes their planning solutions by
inductive learning. The system uses a
modified version of the STAR
methodology to allow its user to control
the sensitivity level in the rule
generation process and reduce the effect
of noise information.
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