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Applied intelligent binocular robot to motion detection, prediction
and description (1)
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Abstract

This report intends to develop the
intelligent binocular robot (eyeRobot). The
research integrates the neural network and
grey theorem to construct the intelligent
prediction  system.  Furthermore, the
intelligent motion description system is
developed based on the neural network and
provides the relatively temporal and spatial
relationship between objects. While combing
the tracking control, eyeRobot could be used
to provide the motion states of objects for
monitoring system.

Keywords: eyeRobot, neural network,
prediction, description, control.
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