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The Keyword spotting system using decision tree clustering
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Abstract

In this project, we improved our previous HMM
models, containing 100 RFD initial and 40 ClI
final models, by using a decision-tree clustering
method to refine these 40 final models into a set
of RCD models. Performance of the method was
examined by experiments using the MAT-2000
telephone-speech database as the training data
and a 500-utterance set as the testing data. A
recognition rate of 67.3% was achieved. A
keyword-spotting system was then constructed
by using these RCD HMM models in keyword
recognition with filler models formed from
coarser CD models found by the decision-tree
clustering method. A keyword recognition rate of
86.43% with FOM of 0.38FA/KW/hr was achieved
in a telephone number inquiry system with 1013
keywords.
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