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Abstract : Doing choice-based conjoint analysis, it is a typical approach to estimate part-worths at
the aggregate level. However, hierarchical Bayes approach could overcome the limit. The Bayesian
approach integrates the aggregate level parth-worths as prior information to adjust the individual
level part-worths and thus individual level part-worths could be inferenced more precisely.
Theoretically, the precision of individual level part-worths could be improved if the segment level
part-worths are used as prior information. In view of the above reason, a hierarchical Bayes choice
model with mixture of normals prior is proposed to improve the prior for the inferenc of individual
part-worths. The proposed model overcomes the limits of traiditional Bayesian approaches because
the traiditional approach could not provide both segment and individual levels part-worths in a
conjoint analysis. In this paper, the authors illustrate how multivariate mixture of normals model
could improve the understanding of those latent segments hidden in the data. Specifically, the
model provides a solution for the understanding of individual preference and identifies consumer
segments in an analysis. With an application to a travel service conjoint study, we show how this
modeling approach could help us to uncover individual and segment levels parameters in a

choice-based conjoint analysis.
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F:‘Il,ﬁliﬂ? Il: min LOSSf(aigagij)z (& -a;)* r=1..,R (13)
i1 j=1

i min Losst (o], )= (3] & -3 -&) r=l..R (49
i=1 j-1

ASERSUEE PR R R PR o TR 1R I pVAE AR PO A AT TR

DR SRR -
S i j’}'Elﬁfﬁfl@ﬂ MCMC %415 burnin FETEE iV 57 r SRk -



684 A

BT F I ot 2 AR - PSSP0y DR O T et 5 2 AT = (538 fee 2 POl

ST THR LR N B YR I A R RS PR I TR | R R R S

rﬁ ”5@” T NI AR LIRS PR IR SR e
P ISP EVE 5 o ] R R -

5
N
F
o
4o
:iil
\'EM
E=ity]
!

IR R < RS ISR B R SR R gl L S 1

Y5 B (SR (SH AT R G A 5&:@3@‘ A
FARVRE - F I Z - [ '%]rf ﬁfﬁqg( BE FL ok il - F':v;& e
WP Ay < B LY TWRETFRAAT A S S ] S | IR AL '*ﬁf@ﬁ
HrE i J’%T}’Ifbﬁl © HTERERIOE ET}’I%.& ﬁf%#m*ﬂﬁ% 2 ST Hﬂhﬁﬁ%ﬁ RS
ST A ATERR DRSS TR AR AR - R R e
g|~hiﬁi/‘ﬁ B2 53 il 53 47 F{ 1oy [JE&[{%4}.§_§‘E—? T~ (o jﬁ*'ﬁ”r*

42 W& A2 R R

A Fﬁj%ﬁp’mﬁ%ﬁf , zt’ﬁféltﬁe?’v;é%&@ﬁﬁ[}ﬁk’ygﬁ& (Full profile) 1= » KP4 T [IFYE: fif
B ST HPORE] > BESTHHT A A (W - PR £ 50 A PR R A )
Ak e PR M | Sawtooth b3 qzﬂr’?ﬁf«?ﬁ'pmgﬁ%ﬁ b 'éﬁ{%[pm 10 {faREgr > = i
BT 0 H R wgﬁlar (W PR B Bt ) T T
o - ﬂbﬁimﬁfWrE P TR O SR S i o A e
PV @GR RS D R | (ORI ST S (R - AP A PR
i Jifg'j'ml 5y fb A7 sr:g[[—f MRS [ | fil ;egﬁg“ i Hp[ztfmzl:p Jﬁlf\#ﬁi?rﬁﬁ'[ o

43 &+

AT PG (§ T P SR SR H T TR -
iy 21 Al ) I 2 R TR T 'wﬂ £| 287 bR R '5‘9%'"5? A ey
RS Y[l 40.8% ~ & 1% 59.29% - “1{i; 28.6% © 21-30 5 ~ 31-40 il 41 el b5
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