CYBERPSYCHOLOGY, BEHAVIOR, AND SocIAL NETWORKING
Volume 13, Number 2, 2010

© Mary Ann Liebert, Inc.

DOI: 10.1089/cyber.2009.0105

Predicting the Determinants of Users’ Intentions
for Using YouTube to Share Video:
Moderating Gender Effects

Chyan Yang, Ph.D., Yi-Chun Hsu, M.S., and Suyanti Tan, M.S.

Abstract

This research aims to improve understanding of what motivates individual online users to share their videos on
YouTube and whether gender affects those motivations. The work proposes a model based on the technology
acceptance model (TAM) and social influences theory by conducting a survey of 206 male and 135 female video
sharers of YouTube to test this model. The results indicate that perceived ease of use is an important determinant
of the intention to use YouTube to share video. All factors from the social influence perspective significantly affect
the intention to use YouTube to share video. The results show that differences exist in sharing behavior between
female and male users. Female users’ intention is strongly influenced by usefulness and social norms, while male
users’ intention is strongly influenced by interpersonal norms. Based on those findings, implications for theory

and practice are discussed.

Introduction

HE INTERNET is widely used worldwide, and its functions

have grown as a media not only for communicating data
but also for sharing knowledge, photos, audio, video, and
other time-based data." Web sites are no longer regarded as
being based only on text or the written word but are used in
combination with all forms of media, providing a source for
entertaining and informative media such as television or
cinema. Users upload media and share them via an Internet
video-sharing application. One of the most successful Internet
video-sharing applications is YouTube. This free online video-
streaming Web site has services that allow anyone to view and
share videos uploaded by its users.

Since its initial launch in December 2005, YouTube has
been the leading player in online video and has become the
destination for both watching and sharing original videos
globally across the Internet using Web sites, mobile devices,
blogs, and e-mail.2 In October 2006, YouTube was sold to
Google for $1.65 billion.®> Since then, YouTube has been
monetized into a multibillion-dollar business, generating
advertising revenues for Google with fears of displacement
for traditional producers of video. Anyone can upload and
watch videos on YouTube. There are hundreds of thousands
of videos uploaded daily, and more than 100 million videos
are watched daily on this popular video-sharing Web site.?
The traffic of YouTube is the third highest in all categories

with 183 million monthly visitors globally and in some coun-
tries, such as in the United States, the United Kingdom,
Australia, Canada, Japan, and Taiwan, YouTube ranks as the
number one video-sharing Web site category.*

Seeing this phenomenon raises questions such as Why do
people choose YouTube? What factors actually contribute to
users’ intentions in choosing YouTube to share their videos?
The fact that every minute, 10 hours of video are uploaded
to YouTube tells us how YouTube dominates this video-
streaming business. The answers to these questions may be
useful for competitors to benchmark YouTube’s path to suc-
cess. Note that in this work, we focus only on sharing video as
public activities, no matter whether it is original or duplicate
video material, and do not include watching activities in this
study. In order to be able to upload and broadcast either
public or private video clips of any reasonable length, users
are required to create an account to upload their videos.

We have three main purposes for this research. The first is
to examine factors on how the technology acceptance model
(TAM) influences users’ intentions in choosing YouTube to
share videos. Many research studies have been modified and
have widely applied TAM to measure the acceptance level of
information technology usage.”' However, depending on
the specific Internet technology context, additional explana-
tory constructs may be needed beyond the usefulness and
ease-of-use variables. David et al. agreed that future tech-
nology acceptance study needs to address how other
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variables affect user acceptance, because those factors are
likely to vary with the technology, users, and context.'?
YouTube is seen as a popular IT in the Web 2.0 domain and
has prompted individuals to watch and share their videos
with each other. Therefore, we also need to consider factors
such as social influences in our proposed model. Our second
purpose is to examine factors influencing users’ intentions for
choosing YouTube to share videos from a social influence
perspective. The third purpose is to analyze differences of
user intentions in choosing YouTube to share videos based on
gender. By making comparisons, we want to understand
what the most significant differences in use are for male and
female participants of YouTube.

Literature
Technology acceptance model

The TAM, introduced by Davis, is intended to measure the
user acceptance of technology use.'® It is an adaptation from
the theory of reasoned action (TRA).'* According to the TRA,
a person’s behavior is determined by his or her behavioral
intention, and behavioral intention is determined by both the
attitude of a person and the subjective norm related to the
behavior. Attitude is defined as a person’s positive or nega-
tive feeling about doing a behavior. The subjective norm is
defined as what the most important people to a particular
person would think about doing a particular behavior.

TAM originally consisted of perceived usefulness (PU) and
perceived ease of use (PEOU) as the beliefs of a person (Fig.
1). These two utility factors are the primary determinants of
TAM. PU is the degree to which a person believes that using a
specific application system would enhance his or her job and
life performance. PEOU is the degree to which a person be-
lieves that using a specific application system would be free
of effort. Both beliefs influence the attitude of a person in
using an application system. PEOU affects PU. The easier a
system is to use, the more the person believes that the system
is useful to him or her. Using PU and attitude, we can predict
a person’s intention to use the application system.

In our study, three reasons exist for selecting the TAM as
the base model. First, TAM is found to have similar or greater
explanatory power than more sophisticated models.'*'>'¢
For instance, Mathieson compared TAM with TPB and found
that both models effectively predict behavioral intention, but
TAM is slightly better from an empirical perspective.'® Sec-
ond, TAM is classified as a specific technology adoption
model'” and is better suited to Internet technology, because it
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helps explain the technological facet based on ease of use and
usefulness. Third, according to Davis et al., the aim of TAM is
to provide an interpretation of the determinants of computer
acceptance that is capable of explaining individual behavior
across a wide range of technologies while at the same time
being both parsimonious and theoretically justified.'* There-
fore, we consider that TAM is an adequate model for the
study, as it provides good predictive power while using few
predictors, and it provides a clear understanding because it
includes variables from a technological scope.

Social influences

A social influence process involves behavior by one person
that has an effect on, or the intention of changing, the way
another person behaves, feels, or thinks about a stimulus.!®
The stimulus might be a political issue, a product, or an ac-
tivity. Fishbein and Ajzen represented social influence in their
theory of reasoned action as a subjective norm.** In 1991,
Ajzen introduced social influence as a subjective norm in the
theory of planned behavior." Evidence shows that the more
favorable the attitude and subjective norm are toward a be-
havior, the stronger is the individual’s intention to perform a
behavior.

In the past several years, many studies have proven that
social influence significantly affects user behavior.”*” Taylor
and Todd regarded social influences as equivalent to the
subjective norm in the TRA model and defined this construct
as other people’s opinions, superior influences, and peer in-
fluences in their works.”®?’ Venkatesh and Davis incorpo-
rated subjective norms into the extended TAM model and
observed that it has a relevant effect on the intention to use
the system.*” Chang and Cheung found that social influence
on the intention to use the Internet or the World Wide Web
at work is significant.”” Bhattacherjee stated that the subjec-
tive norm is an important factor in predicting the intention
to use electronic brokerage services. Furthermore, he viewed
a subjective norm as two forms of influence: interpersonal
and external. Interpersonal influence is influence by family,
friends, colleagues, and superiors. External influence is in-
fluence by mass media and expert opinion.””

Hsu and Lu viewed social influences as two factors: social
norm and critical mass. Social norm refers to influence from
colleagues, classmates, and friends, while critical mass refers
to the value of technology that a user increases with the num-
ber of its adopters. In predicting the factors of users” inten-
tions in playing online games, they found that social norms
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FIG. 1. Technology acceptance model."
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are significantly related to intention, while critical mass is
significantly related to attitude.” If influence from other
people can change our belief along with our behavior, then
it means that we are responsive to social influence.’" Pre-
mkumar et al. developed a model of IT usage that incorpo-
rates three major beliefs (attitudinal, normative, and control
beliefs) and found that the subjective norms have a positive
influence on intention to use Internet-based technology.*

Past studies on the innovation diffusion domain also sug-
gest that user adoption behavior is influenced by a social
system beyond the characteristics of the IT. According to
Rogers’s innovation diffusion theory,33 users tend to increase
communication with referent others to interpret the IT
adoption, and these interactions with the social system may
influence their usage behavior. In 1995, Rogers further ex-
plained there are two types of influential channels: inter-
personal channel and mass communication.** Interpersonal
channels involve a face-to-face influence between two or
more individuals, while mass media channels are the means
of transmitting messages involving a mass medium or expert
opinions. Therefore, in this study we believe that social in-
fluence affecting users’ intention to use YouTube to share
videos stems from three sources: perceived network exter-
nalities, interpersonal norms, and social norms.
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Moderating gender effects

Gender is one of the most common types of segmentation
used in marketing practice.’® There are three reasons for
frequently applying gender as a segmentation strategy. First,
information about gender is easily identified and accessed.
Second, gender segments are measurable and responsive to
marketing mix elements. Finally, gender segments are ade-
quately extensive and profitable.*® Gender is also usually
used as a key moderator in consumer behavior studies® %
and studies of technology usage.*”*' Gefen and Straub re-
vealed that women and men differ in their perception of
e-mail. Venkatesh and Morris found that there are also gen-
der differences in the determinants for using a new software
system at a workplace. The results from these two studies
point out differential effects of gender on determinants for
using information technology.

Research Model

Figure 2 illustrates the research model built on the basis of
the TAM model and social influence from related literature.
For social influence, the model asserts that the perceived
network externalities, interpersonal norms, and social norms
are directly related to the intention to use YouTube to share
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FIG. 2. Research model.
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videos. This research model adopts the TAM belief-attitude-
intention relationship.

We first verify the hypotheses related to PU and PEOU. In
our study, PEOU is defined as the degree to which a person
believes that using YouTube would be free of effort. As pre-
vious studies!?13254243 have demonstrated the relationship
between PEOU with PU and PEOU with attitude, we estab-
lish these hypotheses:

H1: Perceived ease of use is positively related to the attitude
toward using YouTube to share videos.

H2: Perceived ease of use is positively related to perceived
usefulness.

Many prior studies”'**>** have shown that PU can both
directly and indirectly relate to behavioral intention. This
study defines PU as the degree to which a person believes
that choosing YouTube to share videos will fulfill his or her
purpose, because there are many people to watch them so
that this activity can enhance their life performance. There-
fore, PU is expected to have a positive behavioral intention
effect. As prior studies have shown that PU is also directly
related to attitude, we wish to demonstrate the same results
here.

H3: Perceived usefulness is positively related to the attitude
toward using YouTube to share videos.

H4: Perceived usefulness is positively related to the intention
to use YouTube to share videos.

The last hypothesis for the basis of TAM in our model
describes the relationship between attitude and intention. We
wish to demonstrate that attitude is positively related to the
intention to use YouTube to share videos.

H5: The attitude toward using YouTube to share videos is
positively related to the intention to use YouTube to share
videos.

Aside from TAM'’s constructs, we add some constructs
from social influence factors. Social influence occurs when
someone’s action is changed by another individual/things
or when someone has an intention to change because of a
stimulus.'® Stimulus can be people, an activity, a product, or
an issue. Using Web 2.0 platforms, YouTube has similar char-
acteristics to those of other Web 2.0 Web sites, and the most
obvious one is user participation. With YouTube, users can
participate in two major ways, sharing and watching videos,
and in other ways, such as rating or commenting on a video.
The impact of user participation on the value of the applica-
tion increases as the number of participants increases.** In
sharing video, users have an expectation that their video will
be watched. If there are no other participants in that ap-
plication, then uploading a video for one’s own self and the
value of the video do not increase. This condition is consistent
with the theory of network externality.*

According to Metcalfe’s law, network externalities exist
when the value of a product or service increases as the num-
ber of consumers of the product increases, not because of
the quality of the product to the consumer.*® Liebowitz and
Margolis argue that network externality is the change in the
benefit or surplus that a person derives from a good when the
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number of other people consuming the same kind of good
changes.*” Relating to network externalities theory, the num-
ber of shared videos in a video-streaming Web site like
YouTube grows as the number of YouTube viewers grows. In
other words, the more people who watch YouTube, the more
videos that could be shared by YouTube. Consequently,
perceived network externality is included as one of the an-
tecedents of intention to use in our model.

Heé: Perceived network externality is positively related to the
intention to use YouTube to share videos.

Interpersonal and social norms also profoundly impact
user behavior.* ! Bhattacherjee explained about two sources
of social influences:?” Interpersonal influence (interpersonal
norms) refers to word-of-mouth influence by friends, col-
leagues, superiors, and other prior adopters known to the
potential adopters. External influence (social norms) refers to
mass media reports, expert opinions, and other nonperson-
alized information. Our study defines interpersonal norm
(similar to peer-to-peer influence) as the degree to which a
person believes that important others such as friends, family
members, colleagues, superiors, and experienced individuals
expect him or her to use YouTube to share video. It is a direct
and unmediated causal effect of one person on another.>
Friedkin also mentioned that the greater the probability is for
an interpersonal attachment from one person to another, the
greater the probability will be that one person has some in-
fluence on another person. Therefore, we believe that if others
expect the sharing of videos, then the individual’s assessment
of the likely outcome of the behavior will be influenced. Si-
milarly, individuals may upload more videos when they feel
that their friends expect them to use YouTube to share their
files.

Bhattacherjee’s study suggested that user intention about
IT acceptance is shaped not only by the experience of peers,
superiors, and family members but also by the opinions of
experts, as disseminated by popular mass media.?” Different
from interpersonal norms, social norms refer to mass media
reports, expert opinions, and other nonpersonal information
considered by individuals when performing a behavior. They
may be particularly critical in generating awareness and trial
in the initial stages of technologies such as online video ser-
vices. Karahanna et al. separated social influence into two
categories: informational influence (when individuals accept
information as evidence of reality) and normative influence
(when individuals conform to the expectations of others).”
They interpreted that informational influence works through
internalization (integrating information from expert opinions
into one’s own cognitive beliefs), while normative influence
works through identification and compliance. Undoubtedly,
the mass media serves many informational functions. It can
confer status on public issues, persons, organizations, and
social movements and also inhibits the enforcement of social
norms. Messages and images conveyed over television, radio,
and printed publications reach millions of people around the
world.'® By nature, they are highly impersonal, as they are
not only designed to be meaningful to many individuals, but
they are also communicated through a medium.

Another research conducted by Leung and Wei suggested
that interpersonal norms and social norms are all particularly
important for individuals” adoption of Internet technology.5*
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They demonstrated that young groups are more easily influ-
enced by peers, social norms, and their surroundings. Hence,
for an online video community such as YouTube that requires
a lot of peer interactions and is designed as a fun application
for Internet users, we argue that the intention to use YouTube
to share video is influenced by the social norms and interper-
sonal norms. We further define the social norms as the degree
of the external influence, including mass media reports or
expert opinions, that influence him or her to use YouTube to
share video:

H7: Interpersonal norms are positively related to the intention
to use YouTube to share videos.

HS8: Social norms are positively related to the intention to use
YouTube to share videos.

Methods
Measurement

This study designed the survey instrument using validated
items from prior research as a means of assessing the theo-
retical constructs of an extended TAM model and by using
TAM scales of PU, PEOU, attitude toward using YouTube
to share video (AT), and intention to use YouTube to share
video (BI) from Davis'? and Davis et al.'® A scale for mea-
suring perceived network externalities was developed using
the measures of Lee et al.,”>”® and the measurement of inter-
personal norms and social norms was adapted from Hsu
et al.*>*” All of the scales were slightly modified to suit the
context of the video Web site.

In order to validate the instrument, we first asked five
respondents who are experts in the field of video applica-
tion to discuss the length of the instruments, the format, and
the clarity and appropriateness of the wording of the scales,
which resulted in the revision of some questions considered
ambiguous. A pilot test was then undertaken with 52 respon-
dents through an online survey, self-selected from the pop-
ulation of YouTube users. The objective of the pilot study was
to precisely examine the statistical validity of the constructs.
Through the pilot test, we further modified inappropriate
or unclear instruments in the questionnaire to improve the
reliability and validity of measures developed in this study.
The final list of items in the questionnaire is shown in
Appendix A.

Data collection

The survey was administered from July 2, 2008, to August
20, 2008, through the passing of a questionnaire to a popular
Bulletin Board System in Taiwan (bbs://ptt.cc and bbs://bs2
.to) and popular forums for online gamers (http: /www.gamer
.com.tw and http: /tw.games.yahoo.com). Respondents were
asked to complete all the questions and, more specifically, to
make sure to answer the questions in the main section. From
397 total respondents, only 341 were usable, while 56 were
dropped because of either no experience in sharing videos
through YouTube or incompleteness in answering the ques-
tionnaire. Table 1 presents a complete demographic profile of
the respondents (60% male, 40% female). Around 69% of re-
spondents were between 21 and 30 years old, while 27% were
under 21 years old. More than half of the respondents had a
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TABLE 1. DESCRIPTIVE STATISTICS OF RESPONDENTS’

CHARACTERISTICS

Items Frequency Percentage
Gender

Male 206 60.4%

Female 135 39.6%
Age

<21 91 26.7%

21-30 236 69.2%

31-40 11 3.2%

>41 3 0.9%
Education

Junior high school or below 6 1.8%

High school 13 3.8%

Bachelor’s degree 195 57.2%

Graduate degree 127 37.2%
Prior experience

<6 months 48 14.1%

6-12 months 72 21.1%

>1 year 221 64.8%
Total shared videos

<11 281 82.4%

11-50 44 12.9%

>51 16 4.7%

bachelor’s degree and more than one year’s experience of
using YouTube to share video.

Results

The proposed model is evaluated using structural equation
modeling (SEM), a powerful second-generation multivariate
technique for analyzing causal models with an estimation of
the two components of a causal model: measurement and
structural models. The measurement model is measured using
confirmatory factor analysis (CFA) to test whether the con-
structs have sulfficient reliability and validity. The structural
model is used to investigate the strength and direction of the
relationship between the theoretical constructs. This study
uses AMOS 7.0 to assess the measurement and the structural
model.”*>°

Measurement model

Reliability analysis. The initial phase of the evaluation
indicates that some topics, including attitude, perceived net-
work externalities and interpersonal norms, have item reli-
ability below the acceptable value of 0.5.°° Thus, we remove
these items from our model. Table 2 shows the retained items.
Item reliability ranges from 0.509 to 0.881. Composite reli-
ability is computed to measure the internal consistency of the
measurement model. As shown in Table 2, all composite
reliabilities exceed the recommended value of 0.6.%!

Convergent and discriminant validity. Convergent valid-
ity includes an analysis of factor loading and average vari-
ance extracted. Convergent validity is demonstrated when
items are highly loaded. The loading coefficients for all items
are above the recommended loading of 0.7.°> Convergent
validity is also adequate when all constructs have an average
variance extracted (AVE) of at least 0.5.°> All the AVE values
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TABLE 2. FINAL CONFIRMATORY FACTOR ANALYSIS
RELIABILITY ANALYSIS
Average

Factor Item Composite variance
Item loading reliability reliability extracted
PEOU1 0.8161 0.666 0.8693 0.6894
PEOU2 0.8591 0.738
PEOU3 0.8149 0.664
PU1 0.7655 0.586 0.8702 0.6917
PU2 0.8832 0.780
PU3 0.8420 0.709
AT2 0.7596 0.577 0.7116 0.5525
AT3 0.7266 0.528
PNE1 0.7675 0.589 0.7698 0.626
PNE3 0.8142 0.663
IN1 0.8781 0.771 0.8786 0.7835
IN2 0.8922 0.796
SN1 0.7134 0.509 0.8112 0.5900
SN2 0.8373 0.701
SN3 0.7483 0.560
BI1 0.8307 0.690 0.8877 0.7260
BI2 0.9386 0.881
BI3 0.7791 0.607

PEQOU, perceived ease of use; PU, perceived usefulness; AT, atti-
tude toward using YouTube to share video; PNE, perceived network
externalities; IN, interpersonal norms; SN, social norms; BI, intention
to use YouTube to share video.

are also above the suggested threshold. Table 2 shows the
complete report for convergent validity.

To assess discriminant validity, we use the square root of
the AVE guideline. We check whether the square root of AVE
for each construct is greater than the correlation values of the
construct with other constructs.®> Table 3 shows the inter-
correlation between the constructs. Diagonal elements are the
square root of the AVE for that construct.

As Table 3 shows, the correlation between PNE and AT
(0.803) is greater than the square root of its AVE (0.7433). Al-
though according to Kline the correlation values of the con-
structs under 0.85 are not categorized as being high,® we
decided to do another guideline of discriminant validity—
pairwise discriminant analysis—to eliminate any doubt of the
first test’s results. Pairwise discriminant analysis is done to
compare the original CFA model with alternative measure-
ment models, which include every possible combination of

TABLE 3. INTERCORRELATION OF CONSTRUCTS

PEOU PU AT  PNE IN SN BI
PEOU 0.8303
PU 0.279  0.8317
AT 0.575 0.341 0.7433
PNE 0510 0.193 0.803 0.7912
IN 0.300 0.289 0.271 0.272 0.8851
SN 0426 0370 0.629 0478 0.535 0.7681
BI 0566 0352 0.676 0.560 0.445 0.586 0.8521

PEQOU, perceived ease of use; PU, perceived usefulness; AT, atti-
tude toward using YouTube to share video; PNE, perceived network
externalities; IN, interpersonal norms; SN, social norms; BI, intention
to use YouTube to share video.

Note: Diagonal elements in bold are the square root of the AVE.
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combining two constructs into one.’ Discriminant validity is
demonstrated if the chi-square is significantly lower for the
original CFA model, and this suggests that a better model
is one in which the two constructs are viewed as distinct
(but correlated) factors.®*®° In this case, since combining two
constructs adds 6 degrees of freedom to the new model, the
chi-square differences between the original CFA and any al-
ternative model should be at least 22.46 at a p value smaller
than 0.001. Appendix B shows that the minimum chi-square
difference is 39.5. Therefore, the test of this discriminant va-
lidity is met.

Model fit analysis. The measures used to assess the model
fit include the %?/df ratio, the root-mean residual (RMR), the
root-mean-squared error of approximation (RMSEA), the
goodness of fit index (GFI), the adjusted goodness of fit index
(AGFI), the normed fit index (NFI), the Tucker-Lewis index
(TLI), and the comparative fit index (CFI). We did not use chi-
square and degrees of freedom because the sample size in this
study is considered to be large (>300), and the chi-square
value (5* =214.2) and related p value (p < 0.001) are neglected
for their oversensitivity to the sample size.®®

Appendix C provides the summary of the model’s overall
fit. All the criteria meet the recommended level.*”~°® Conse-
quently, the proposed model provides a suitable fit. GFI is
0.936, which is above the cutoff value of 0.8, while AGFI is
0.904, or above the cutoff value of 0.8. NFI and TLI are 0.938
and 0.960, respectively, which are both above the cutoff val-
ues of 0.9. CFI is 0.970, also above the cutoff value of 0.9.
RMSEA is 0.051, below the 0.08 cutoff, indicating a satisfac-
tory model fit. In addition, we investigate the root mean re-
sidual (RMR) index, which represents how appropriate the
index is based on the fitted residual. In this study, RMR index
is 0.027, below the 0.05 cutoff.

Structural model

Results of the structural model for overall data. Figure 3
gives the results of the SEM analysis. We test the hypothe-
sized positive relationship among the research variables.
According to Alwin and Hauser, the path coefficient of an
exogenous variable is the direct effect of that variable on the
endogenous variable. In addition, an indirect effect represents
those effects mediated by the intervening variables between
the cause and effect of interest in a model.*® Table 4 shows the
results of direct and indirect effects on the intention to use
YouTube to share video.

The research model’s results show that perceived ease
of use has a significant effect on attitude. Its direct effect is
0.608, and the indirect effect through the intervening variable
of perceived usefulness is 0.0498. Thus, the total effect of
perceived ease of use on attitude is 0.6578. The effect from
perceived ease of use to perceived usefulness is ff=0.3 with
p <0.001. Thus, H1, H2, and H3 are all supported by the
results. As we can see from the results, H4 is not supported.
The path from perceived usefulness to intention to use is not
significant (f=0.07, ns). As hypothesized, attitude is posi-
tively related to an intention to use (f=0.427, p <0.001).
Therefore, H5 is supported. On the other hand, even if we do
not set perceived ease of use to be directly related to intention,
we can see from Table 4 that it has indirect effects on inten-
tions to use with total effects of 0.302. Perceived usefulness,
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FIG. 3. Structural modeling analysis results.

with direct and indirect effects, have total effects of only 0.141
on the intention to use YouTube to share videos.

All factors from social influences, including perceived
network externalities, interpersonal norms, and social norms,
have significant effects on intention to use (§=0.178, p < 0.01;
$=0.183, p<0.01; $=0.183, p <0.001 respectively). There-
fore, H6, H7, and H8 are also supported. The model accounts
for 54% of variance in the intention to use.

Results of the moderator effect.  After analyzing the com-
plete data, we look at them by gender differences. Appendix

TaBLE 4. EFFECTS ON THE INTENTION TO USE
YouTuBE TO SHARE VIDEOS

Direct Total
Construct effects Indirect effects  effects
Perceived ease of use 0.260 0.302
0.021
0.021
Perceived usefulness 0.070 0.071 0.141
Attitude 0.427%%* 0.427
Perceived network 0.178** 0.178
externalities
Interpersonal norms 0.183** 0.183
Social norms 0.183** 0.183

*p < 0.01; **p < 0.001.

C provides the results of the gender comparison fits of the
model. The entire fit indices of the male and female groups
are all in an acceptable area. Due to the small subsample size
and no requirement for a normal distribution of the data, the
partial least square (PLS) is an applicable SEM technique for
analyzing moderating gender effects.”” Table 5 shows the
results of the path coefficient comparison by gender. The di-
rect path coefficient from perceived ease of use to attitude for
males is significantly larger than for females (f=0.593,
p<0.001; $=0.459, p < 0.001). With perceived usefulness as
the intervening variable, perceived ease of use indirectly af-
fects attitude. The values of these indirect effects are 0.048 for
males and 0.047 for females. Therefore, the total effect from
perceived ease of use to attitude is 0.641 and 0.506 for males
and females respectively. H1 is unanimously supported by
the results in both the male and female groups.

As shown by the results, the path coefficient from per-
ceived ease of use to perceived usefulness is significant for
both males and females (f=0.284, p<0.001, f=0.187,
p <0.05). H2 is also supported. The direct path coefficient
from perceived usefulness to attitude for females is signifi-
cantly larger than for males (f=0.249, p<0.01; f=0.168,
p <0.05). H3 is supported. However, the results of H4 are
different between the male and female groups. Perceived use-
fulness does not have a significant effect on intention to use
in the male group (f = —0.011, ns). It does, however, have a
significant effect on intention to use in the female group
(8=0.162, p < 0.05). Therefore, H4 is supported by the female
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TABLE 5. RESULTS OF MODERATING EFFECTS BY GENDER

Male (R*=0.508)

Female (R%=0.566)

Research hypotheses Path Coefficient t statistic (bootstrap) Coefficient t statistic (bootstrap)
H1 PEOU — AT 0.593*** 10.918 0.459*** 5.389
H2 PEOU — PU 0.284*** 3.728 0.187* 2252
H3 PU - AT 0.168* 2.294 0.249** 3.055
H4 PU - BI —0.011 —0.338 0.162* 2.189
H5 AT - BI 0.408*** 4.678 0.353*** 4.331
Heé PNE - BI 0.155* 2.114 0.218** 3.201
H7 IN — BI 0.228*** 3.395 —0.016 -0.370
H8 SN - BI 0.113 1.430 0.274** 3.249

PEOU, perceived ease of use; PU, perceived usefulness; AT, attitude toward using YouTube to share video; PNE, perceived network
externalities; IN, interpersonal norms; SN, social norms; BI, intention to use YouTube to share video.

*p < 0.05; *p < 0.01; **p < 0.001.

group but not by the male group. Path coefficients from at-
titude to intention for males are significantly larger than that
for females (f=0.408, p <0.001; f=0.353, p < 0.001 respec-
tively). Therefore, H5 is supported.

It is interesting to see the results of factors covering social
influence. Path coefficients from the perceived network ex-
ternalities to intention to use for females (f =0.218, p < 0.01)
are significantly larger than that for males (f = 0.155, p < 0.05).
The male group shows contradictory results with the female
group in interpersonal norms and social norms. Interpersonal
norms have a significant effect on intention in the male group
(#=0.228, p <0.001) and an insignificant effect on intention
in the female group (= —0.016, ns). Thus, H7 is supported
by males but not by females. In contrast, social norm has
no significant effect on intention in the male group (f=0.113,
ns). Thus, H8 is not supported by the male group. In the
female group, social norms have a significant effect on inten-
tion to use (f =0.274, p < 0.001).

Finally, we use the difference in R square to assess the
overall effect size f> for the moderating effects of gender on
the relationships. Excluding the perceived usefulness variable
from the proposed model, we see a reduction in the value of
R? to levels of 0.507 (male sample; full sample, 0.508) and
0.543 (female sample; full sample, 0.566). The relative impact
(effect size®) of perceived usefulness on intention to use is
higher in the sample of females ( f2:0.053) than in males
(fz =0.002). Next, excluding the interpersonal norms variable,
a reduction is seen in the value of R? to levels of 0.474 (male
sample) and 0.566 (female sample). The relative impact of
interpersonal norms on intention to use is higher in males
(f 2 =0.069) than in females ( f 2-0.000). Eventually, excluding
the social norms variable from the model, a reduction is seen
in the value of R? to levels of 0.501 (male sample) and 0.514
(female sample). The relative impact of the social norms on
behavioral intention is lower among males (f>=0.014) than
among females ( f2 =0.120).

Discussion

Our research explored the impact of technology acceptance
and social influence on user intention to use YouTube to
share video. To address this issue, we examined the tech-
nology acceptance model and social influence perspective,
which are fundamental for video-streaming application ac-

ceptance. The proposed model was tested by an SEM ap-
proach. The study strongly confirms adequate reliability,
validity, and predictive power. Broadly speaking, most path
coefficients in the full model are found to be statistically
significant except for the factors of perceived usefulness to
intention.

From a technology acceptance perspective, we find that
users are willing to use YouTube to share video because of
ease -of use and a positive attitude. This means the more users
have a positive feeling about YouTube, the more the users
intend to choose YouTube to share videos. Contrary to ex-
pectations, the result of the relationship between perceived
usefulness and intention to use is insignificant. People usually
want to use a system or technology if they find it is useful, but
our results reveal that perceived usefulness does not directly
affect users’ intention. One possible explanation is that You-
Tube users share videos for entertainment value, and it is
only a form of pursuing their interest. This result is in line
with previous studies,”** which argue that perceived useful-
ness plays a critical role only in work-related environments,
not for entertainment purposes. From a social influence per-
spective, the results reveal that the perceived network exter-
nalities, interpersonal norms, and social norms all affect
users’ intentions, indicating that the network effect, peer
pressure, and positive judgments in mass media are all im-
portant to attract users to share videos on YouTube.

We used the PLS approach to analyze the model by gender
differences. The study finds that male and female users are
significantly different in their perceived usefulness, interper-
sonal norms, and social norms toward intention. Perceived
usefulness positively influences the intention to use only for
female users. Women users seem to have more intentions to
share video when they feel that YouTube is useful for them.
The path coefficient from interpersonal norms to intention is
positive and strongly significant for male users but is not
significant for female users. This result implies the more fa-
miliar people are to male users and the more people who
suggest male users use YouTube to share videos, the more
male users intend to choose YouTube to share videos. Inter-
estingly, the result of social norms is contradictory to the re-
sult of interpersonal norms. The path coefficient from social
norms is positive and significant for female users but is not
significant for male users. This highlights that the more the
mass media and experts publish positive judgments about
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YouTube, the more female users intend to choose YouTube to
share videos.

Implication for academic researchers

This study contributes to the theoretical understanding of
the factors that drive the usage of online video-streaming
Web sites, especially with regard to video-sharing activities,
and our results are substantially different from previous
studies in the knowledge and information-sharing field. We
test the applicability of TAM from the platform perspective
and, at the same time, test the factors of social influence to
understand the social and psychological factors that give
users a stronger intention to use YouTube to share video. We
also examine intention to use a particular video-sharing Web
site, which has rarely been studied before.

Implication for business practitioners

From a managerial standpoint, the findings of this study
reveal that in order to increase users’ intentions to use You-
Tube to share video, it is important to stimulate and foster a
positive attitude toward using this Web site. A positive per-
ception of perceived ease of use is crucial, and perceived use-
fulness may not be important for users. A logical implication
is that users of YouTube strongly appreciate the ease of use of
a Web site to share their videos. Managers can assign Web
designers to design user interfaces, which can increase the
perception of ease of use so as to cultivate a positive attitude.
For example, this is shown by Web sites with user-friendly
interfaces and Web sites that are easy to upload and offer
easily managed functions. YouTube’s cofounders apparently
realized the importance of ease of use from the beginning.
According to them, YouTube is 100% focused on creating a
platform that is the easiest to use.”!

Our findings also reveal that gender roles significantly
moderate social and psychological factors. Given this sur-
prising finding, we suggest that males are more driven by
interpersonal communications. The male group tends to con-
centrate on relatives” and friends’ suggestions of new tech-
nologies, and they appear to be fairly “fraternal,” considering
the interpersonal-related factors when using YouTube to
share videos. However, the female group’s video-sharing
behavior is driven by expert opinions. Although the female
group may still have been receiving and thinking about
advice from friends or colleagues, women had not yet fully
internalized and believed the views. Females tend to be
quite “rational” regarding sharing behavior, considering the
specialized factors when using YouTube. Based on these find-
ings, managers of video-sharing Web sites can focus on in-
terpersonal and specialized issues for male and female groups,
which may help marketing managers attract more users to
share their videos on the Web site. For example, the size of a
network and invitations from familiar people to use the Web
site to share videos need to be especially communicated to
male users, while for female users, the focus should be more
on publishing positive reports from mass media or testimo-
nial (opinion) from experts.

Although our work provides some academic and practical
insights, some limitations must be considered. The first is that
the samples were self-selected from volunteers via an online-
based convenient sampling. Second, the respondents were all
from Taiwan. Generalization should be a caution, because
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cultural and lifestyle habits may differ among countries. Fu-
ture research is needed to survey respondents from different
countries and bring out cross-cultural comparisons. Third,
only a limited set of variables which are examined as the
factors of the intentions to use YouTube to share videos. All
factors are suggested by technology acceptance and social
influence literature. There may be additional factors, such as
perceived benefits, since YouTube has launched its reward
program YouTube Partner Program.72 Therefore, additional
dimensions (such as system quality, perceived benefit, and
feedback) that may affect users” intentions should be identi-
fied in future studies. Finally, while this study focuses on
online video-streaming services, many different types of Web
2.0 application (such as Wikipedia, Facebook, and MicroBlog:
Plurk) are currently available on the Internet, and many more
will be available in the future. Because different innovations
are designed for different users in different contexts, factors
influencing the adoption behavior are expected to vary across
users. In order to add richness to understanding different
Web 2.0 applications, future research on the usage intention
of different types of innovations should also be conducted.
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Appendix A

INSTRUMENTS OF RESEARCH (5-POINT LIKERT-TYPE SCALE)

Perceived usefulness
(PU1) Using YouTube to share videos enables me to accomplish my work/learning/life more quickly.
(PU2) Using YouTube to share videos would improve my work/learning/life performance.

(PU3) Using YouTube to share videos would enhance my work/learning/life effectiveness.

Perceived ease of use
(PEOUM) It is easy to learn to use YouTube’s video-sharing Web site.
(PEOU2) It is easy for me to become skillful at using YouTube to share videos.
(PEOU3) It is easy to use YouTube’s video-sharing Web site.

Attitude toward using YouTube to share video
(AT1) I like to use YouTube to share videos.

(AT2) I feel good about using YouTube to share videos.
(AT3) Overall, my attitude toward using YouTube to share videos is favorable.

Perceived network externalities
(PNE1) Most people are using YouTube to share their videos.
(PNE2) The number of people using YouTube to share their videos will increase the value of my videos.
(PNE3) Many people will use YouTube to share their videos in the future.

Interpersonal norms
(IN1) My friends think that I should use YouTube to share my videos.
(IN2) My colleagues think that I should use YouTube to share my videos.
(IN3) My family thinks that I should use YouTube to share my videos.

Social norms
(SN1) I read/saw news reports that using YouTube was a good way to share videos.
(SN2) The popular press depicted a positive sentiment for using YouTube to share videos.
(SN3) Expert opinions depicted a positive sentiment for using YouTube to share videos.

Intention to use YouTube to share video
(BI1) I have an intention of using YouTube to share videos.
(BI2) I will frequently use YouTube to share videos in the future.
(BI3) I will strongly recommend others to use YouTube to share videos in the future.
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Appendix B

PAIRWISE DISCRIMINANT ANALYSIS OF CONSTRUCTS
Model i i difference from original
Original CFA model ar=214.2
Combining intention with perceived usefulness 72ac=673.8 459.6
Combining intention with perceived ease of use 72ae="538.9 324.7
Combining intention with perceived network externalities 72ae=389.1 174.9
Combining intention with interpersonal norms def =518.0 303.8
Combining intention with social norms Par=441.4 227.2
Combining intention with attitude def: 349.2 135
Combining attitude with perceived usefulness 2ac=5147 300.5
Combining attitude with perceived ease of use def:404.3 190.1
Combining attitude with perceived network externalities 7ae=253.7 39.5
Combining attitude with interpersonal norms def: 526.5 312.3
Combining attitude with social norms 1Par=364.1 149.9
Combining perceived usefulness with perceived ease of use 72ae="706.8 492.6
Combining perceived usefulness with perceived network externalities 72ae=535.1 320.9
Combining perceived usefulness with interpersonal norms 22ae="587.7 373.5
Combining perceived usefulness with social norms 7Pa=640.6 4264
Combining perceived ease of use with perceived network externalities 2Pae=415.4 201.2
Combining perceived ease of use with interpersonal norms 72ae=576.9 362.7
Combining perceived ease of use with social norms 72ac=565.4 3512
Combining perceived network externalities with interpersonal norms 7Pae="573.4 359.2
Combining perceived network externalities with social norms ¥as=408.0 193.8
Combining interpersonal norms with social norms 7 Pae=456.8 242.6

Difference of y* at df =6 and p <0.001 is at least 22.46.
The results show that all of the differences of 4* are greater than 39.5.

Appendix C
GENDER COMPARISON FiTs oF MODEL
Gender
Fit index Recommended criteria Quwerall results Male (n=206) Female (n=135)
$2/df <3 1.879 1.628 1.375
Goodness of fit index >0.8 0.936 0.911 0.891
Adjusted goodness of fit index >0.8 0.904 0.867 0.836
Normed fit index >0.9 0.938 0.914 0.899
Tucker-Lewis index >0.9 0.960 0.952 0.959
Comparative fit index >0.9 0.970 0.964 0.969
Root-mean-squared error of approximation <0.08 0.051 0.055 0.053

Root-mean residual <0.05 0.027 0.031 0.035
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