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Abstract This paper proposes a robust transceiver design against the effect of channel state
information (CSI) estimation error to optimize precoded uplink (UL) multi-user multiple-
input multiple-output (MU-MIMO) transmission in limited feedback system under the con-
sideration of the least-square technique on CSI estimation. To improve this limited feedback
precoding, the constrained minimum variance (MV) approach with quadratic form to realize
the computationally-efficient optimization problem, advantageously invoking the character-
istics of the CSI estimation error, is proposed to suppress the effect of CSI estimation error,
multiple user interference and noise. According to the Lagrange multiplier method on this
MV approach, the deterministic function to resist uncertain CSI can be obtained to opti-
mize design of the precoder and adaptive matrices jointly. With these optimum adaptive
and precoder matrices, an optimum robust weighting matrix can be obtained to facilitate the
user-wise detection in precoded UL MU-MIMO system. Performance analysis shows that the
proposed robust weighting matrix is an unbiased design and it also can regularize the diagonal
loading factor technique, and the detection performance of the proposed robust transceiver
design can be predicted simplistically by applying our derived signal-to-interference-plus-
noise ratio formulation. Computer simulations are conducted to confirm the efficacy of the
proposed design in both perfect and imperfect CSI estimation.
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1 Introduction

An uplink (UL) multi-user multiple-input multiple-output (MU-MIMO) system [1,2] is an
important wireless communication technique for the third generation partnership project
(3GPP) long-term evolution (LTE) [3-5], where multiple users (i.e., mobile stations) transmit
data to a base station (BS). The MU-MIMO system with the concept of space-division
multiple access (SDMA) allows multiple users to BS in the same band simultaneously [2].
In the precoded UL MU-MIMO system, Liu gives contributions in [6] that the singular value
decomposition (SVD)-assisted detection structure [7,8] mainly based on the assumption of
perfect channel state information (CSI) estimation was developed to suppress the multiple
user interference (MUI) caused by other users, where receiver transmits precoding matrices
to users in the transmitted side via an error-free feedback link. However, precoding with the
entire CSI feedback in [6] is impractical because the receiver sends all of the CSI to users
via a limited feedback channel [9]. Additionally, this conventional detection structure [6]
performs terribly due to the involvement of an inaccurate SVD [10] suffered from the effect
of uncertain CSI and noise.

Recently, to avoid having to provide the entire CSI, the limited feedback precoding was
developed [9], in which the receiver determines the optimal precoder from pre-design code-
books and sends only the index of the selected precoder to users via the limited feedback
channel. The feedback related to this index contains fewer bits because codebooks are stored
in both the transmitter and receiver for the LTE system [5]. Additionally, robustness against
uncertain CSI effect, attracted a lot of attention, was developed in [11-13] to improve the
detection performance of the downlink transmission. For MU-MIMO precoding in the limited
feedback precoding, the UL, robustness against the effect of the CSI estimation error, will be
the major concerned scenario in this paper. On the other hand, the robust design in the limited
feedback system has more complicated optimization problem due to the involvement of the
non-linear characteristic in SVD [14,15]. These motivate us to develop a computationally-
efficient convex optimization problem to optimize jointly the design of the adaptive and
precoder matrices for the robust transceiver design as follows.

For the precoded UL MU-MIMO transmission [6], there is no cooperated among the
UL users. By utilizing this no cooperation, we develop the user-wise (or called column-
wise) detection that all columns (i.e., MUI) not in selected being detected user, constructed
from partial columns of overall MU-MIMO channel, are nulled by column-wise weighting
matrix iteratively. With the least-square (LS) estimation technique [16], we can formulate
CSI estimation error as a random variable, exploiting property of arbitrary covariance matrix,
to resist uncertain CSI for the robust transceiver design. Based on this property, the mini-
mum variance (MV) approach with quadratic form advantageously [17,18] can realize a
computationally-efficient optimization problem [19] to minimize the output power of joint
MUI and noise subjecting to constraint while rejects the CSI estimation error. Applying the
first-order approximation [19], the non-linear characteristic of SVD can be tractable in pro-
posed MV approach for the expectation computation to acquire a deterministic function of
adaptive matrix when the Lagrange multiplier method [19] is considered. Thus, an optimum
adaptive matrix [15] can be obtained by selecting an optimum precoder matrix from codebook
according to the minimization optimization problem by exploiting this deterministic function.
With the optimum adaptive and precoder matrices, an optimum robust column-wise weight-
ing matrix can be obtained to facilitate the user-wise detection in precoded UL MU-MIMO
transmission for limited feedback system. Performance analysis shows that the proposed
robust weighting matrix is an unbiased design and it also can regularize the diagonal load-
ing (DL) factor technique, and the detection performance of the proposed robust transceiver
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Limited Feedback System 859

design can be predicted simplistically by applying our derived signal-to-interference-plus-
noise ratio (SINR) formulation. Computer simulations are conducted to confirm the efficacy
of the proposed scheme in both perfect and imperfect CSI estimation.

This paper is organized as follows. In Sect. 2, system model and detection scheme is
developed to improve UL MU-MIMO precoding in limited feedback system. In Sect. 3,
performance analysis is investigated to validate the detection performance of the proposed
robust design. In Sect. 4, we conduct computer simulations to confirm the effectiveness
of the proposed robust design. In Sect. 5, we present our conclusions. Notation: Matrices
and vectors are denoted by upper and lower case boldface letters, respectively. I is an
M x M identity matrix. For vector X, x; is its ith entry. Superscript (1), ()~! and (-)
represent Hermitian transpose. inverse and pesudoinverse operations, respectively. E{-} is an
expectation operation, 7 (-) is a trace operation and || - || r represents Frobenius norm.

2 System Model and Detection Scheme

In this section, the robust precoded UL MU-MIMO transmission is developed from A) MV-
based transceiver design in perfect CSI estimation and B) robust MV-based transceiver design
in imperfect CSI estimation as follows.

2.1 MV-Based Transceiver Design in Perfect CSI

In Fig. 1, we here consider a precoded UL MU-MIMO system via an error-free limited
feedback link that N, transmit antennas are equipped for Q users with 1 < g < Q and M,
receive antennas for M, > N, are serving a BS. Considering the total transmit power of
Q users as P = Ny + Ny + --- N, an equivalent UL MU-MIMO system in the limited
feedback precoding with user-wise structure under assumption that there is no cooperated
among the UL users [6] can be

[¢]
y=H,P,;x, + Z H;P;x; +v, (1)
i=Lizq

HI,qPI,quq

E; #1 iz N
X1,1 #1 User-wise X,

: User | . detection
: Prmv.i i\/l ; § : with robust .

MIMO design .
#M, ! X

—>
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#1 Channel
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j § % feedbacks

Xo.1,
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Codebook c dTb K
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Fig.1 A precoded UL MU-MIMO transmission for limited feedback system in which the receiver transmits
the index of precoder of codebook to users via an error-free limited feedback link
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where x;, = [xg1 X2 ... Xgngl? € CN?*! s the transmitted symbol vector at the

gth user, y € C Mrx1 i the received signal, the MU-MIMO channel matrix can be
expressed from the column-wise structure as H=[H; H,.. . H,.. Hp] € C MrxNt with
Ny = Ny + N2 + --- + Ng involved the complex Gaussian entries, unitary matrix P, €
CN9*Nq g an precoder matrix selected from codebook F, Hy 4Py 41,4 denotes MUI given
as HI.,qPLq = [H1P1H2P2 e ququleququ#»l N HQPQ] € Cer(Mr—Nq)’ X[,q =
[X]T ... qu_l x;_l .. .xg]T € CMr=Ng)x1 gre the transmit signals of users from 1 <i < Q
ati # g and v e CM*! has i.i.d. complex Gaussian entries with noise power E{vv/} =
UUZIMr. Based on this column-wise structure for minimizing the output power of MUI and
noise jointly, the constrained minimum variance (MV) approach [17, 18] determines the opti-
mum weight Wyy , € CMrxNq given as

2 2
Warv.g, Py, =argmin 17 (WER W,) s |[[Wiy|| ~[|(H,P,)" HPox|| .
, 7 w, . PyeF e 4 F F

(@)

where involves the distortion response due to inequality in constraint and Rp, =
Hi ,P1,(Hy P ) + 021y, € CM7MT s the output power of MUI and noise. By apply-
ing the adaptive technique in [14,15] as (H,P, —B,A,)"y ~ (H,P,)" H,P,x,, the
optimization problem of (2) is converted into an unconstrained optimization problem and
hence an optimum adaptive matrix and an optimum precoder can be obtained by applying
MYV approach as

. H
Avtv.g: Paivg = argmin 17 {(HoPy — BA,)" Ry (HP, —BA)| . )
Ay PeF

where A, is an adaptive matrix, P, € C NgxN4 is a precoder matrix selected from codebook
F, the blocking matrix B, € CM™*Mr=Na) can be obtained from SVD H,P, = U;A,V,
as U, =[Up Byl € CMr=Mr ith Up,q € CMr=Nq and then the cost function according
to (3) can be given as

H
h (Aqv Pq) = (HqPq - Bqu) Riq (HqPq - Bqu) : “

With 0h (A4, P;)/0A;) = 0 on (4), the optimization problem of (3) with the Lagrange
multiplier method [19] can be expressed as

-1
Aq = (BIRi B,)  BIRiH P, € CON0xM, ©)

By exploiting (5), various adaptive matrices can be computed via various precoder matrices
selected from codebook iteratively, and thus an optimal adaptive matrix Amy 4 and an optimal
precoder matrix Pyy 4 can be obtained according to minimize the trace value of cost function
of (4) as

Amv,q. Pmv,q = argmin tr (h (Aq, Pq)) , (6)
Ay P eF

where the minimum optimization problem is equivalent to maximize SINR and thus an
optimum weighting matrix with the MV approach can be expressed as

Wy, g =H;Pmv.g — Bmv gAmy ¢ @)
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where the MV-based blocking matrix By 4 is obtained from H,Pyy 4 and the MV-based
adaptive matrix is given as

-1
Amv,g = (Bﬁv,qRMVI,qBMV,q) Bﬁv,qRMquHqPMV,q € CM=NpxNg - (8)

where Ryvig = HigPuvigHi Puvig)? + o2ly, € CHM7M H; Pyviy, =
[HiPymv, 1 HoPyv 2. . Hy— 1 Pyv g— 1 Hg - 1Pmv g +1. . HoPumy o] € CMrxMr=Na) apnq
Py 4 is a precoder matrix selected from codebook according to (6). Noted that the MV
approach in (3) under assumption that the exact CSI is available [6]; when the exact CSI is
unavailable in practical implementation, the detection performance with (7) will be degraded
severely resulted from the singular problem in the optimal adaptive matrix of (8) since chan-
nel parameter mismatch occurs. This degrades because the suppression of CSI estimation
error effect is not considered in designing the weighting matrix. Therefore, to achieve more
degrees of freedom with the interference alignment technique, a computationally-efficient
convex optimization problem for optimizing adaptive matrix and precoder simultaneously to
resist uncertain CSI is thus developed in follows.

2.2 Robust MV-Based Transceiver Design in Imperfect CSI

In this section, the design problem of the robust MV-based transceiver to suppress the effect
of the CSI estimation error, MUI and noise jointly in UL MU-MIMO system for limited
feedback precoding is investigated. By exploiting the LS estimation on the formulation of
uncertain CSI [18], we can obtain the deterministic function associated with optimizing
jointly design of precoder and adaptive matrices by applying the first-order approximation
on the expression of the estimated block matrix to achieve an optimum weighting to facilitate
user-wise detection. In the imperfect CSI estimation, the estimated UL MU-MIMO channel
with column-wise structure can be expressed as

H= [H1H2 .. ~HQ] + [AH]AHQ cee AHQ] = [ﬁlﬁz .. ﬁQ] =H+ AH, )

where the estimation error AH € CM"*N hag i .i.d. Gaussian entries since the entries of the
noise v are Gaussian entries depicted in (1) and it involves E{AH, (AHq)H } = N’g,a" INq xN,
and E(AH) = 0. When the CSI estimation is imperfect, the optimization problem with
column-wise structure via (3) for minimizing the output power of MUI and noise to find
an optimum adaptive matrix Army,q € C (Mr=Ng)xNq and an optimum precoder Pryy 4 is

formulated as

N A H N A

ARMV,qv PRMV,q = arg min tr [E |:(HqPq — Bqu) Rl,q (HqPq - Bqu):“
Ay PieF

2

A A~ H
st. E H (AP, - B,A,)" AH,P, ~o (10)

where the estimated blocking matrix B, = B, + AB, € CM*(Mr=Na) with B/H,P, = 0
and BI'H, P, # 0, and it is obtained from SVD AP, =U,A,V,as0=[Up, B,le
CMPMr withUp , € CM7*N4 and constraint particularly involves the suppression of effect

of CSI estimation error. For simplicity, the constrain of optimization problem in (10) to find
an optimum adaptive matrix via the expectation method is expressed as

2

. (D

F

Nyo? . N H
tr ( ‘}6 u,p,)" H,P, +A§Aq)) =E H (HqPq - Bqu) AH,P,
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862 C.-H. Pan

where expressed terms in (11) is a quadratic function and thus (10) with this expressed
constrain can be relaxed as
A~ N H N N
Armv.g. PRMY.g = argmin 17 [E [(HqPq ~B,A,) Riy (AP, - Bqu)“
Ay PieF
Nyo;

s, tr (T (H,P,)" H,P, +A§’A,,)) =0, (12)

Further, we will show that the proposed optimization problem in (12) is convex as following
Theorem 1.

Theorem 1 If P, and A, are a precoder matrix and an adaptive matrix, respectively in (12),
then the optimization problem in (12) is convex.

Proof In (12), the object function is a quadratic function since Ry, has positive entries and
W{:’qRLqﬁvi,q > O with I <i < N, where W; 4 is the ith column of ﬁqPq — ﬁqu at the
gth user depicted in [19]. Thus, the optimization problem by exploiting the quadratic form
on constrain in (12) is convex.

By applying the Lagrange multiplier method [19], the cost function according to (12) is
given as

f (Aq’ Pq) =E [(ﬁqPq - IA;qur)H R4 (ﬁqPq - ﬁqu)]

2
+oquGe

H
((HqPq) H,P, +A5Aq) , (13)
where o is a Lagrange multiplier. With derivative on (13) (i.e., 3f (A4, P;)/0A,), we have

Nq"e2
P

£ (Ag P, = (E (BI/Ri (B, ) +o IM,,Nq) A= (BIRy A P, ) =0, (14)
Without complicated search problem by applying the Lagrange scheme [18], (14) shows that
the optimal weighting matrix via a computationally-efficient convex optimization problem
of (12) can be obtained simplistically. However, the estimation error term AB, is not easy to
evaluate the expectation due to the involvement of the non-linear characteristic in SVD. To
solve this non-linear characteristic, the estimation error term of blocking matrix (i.e., ABy)
by following the first-order approximation [19] for finding an optimum adaptive matrix can
be denoted as Lemma 1.

Lemma 1 Let P; € F be a precoder matrix, the estimation error term of blocking matrix
can be approximated as

AB/' ~ —BJ AH,H], (15)

where AB is an M, x (M, — Ny) complex matrix and H; denotes the pseudoinverse of the
matrix Hy.

Proof With BYH,P, = 0 and B//H,P, = 0, we have
H H H H
B/H,P, + B AH,P, + ABI'H,P, + AB/ AH,P, =0, (16)

where fiq and B, are computed from ﬁq P, and H,P,, respectively. By applying the first-
order approximation in (16), AB, can be achieved to (15) since the second-moment term
AB;I AH, can be neglected (~ 0).

@ Springer



Limited Feedback System 863

To compute A, with Lemma 1, the expected values with E(AB;) = E(AH,) = 0 via
the LS technique on channel estimation in (14) can be expressed as

nH a H
E [BIR AP, | =B/ Ri HP,, (17
and

E [BfRi,B,| = BI'Ri B, + E (ABRi,AB,)

H Ngo; i )\
= B{/Ri B, + 5% (H]Ri (B) ) trng. (1)

Based on (17) and (18), a deterministic function of adaptive matrix A, in (12) against uncer-
tain CSI can be expressed as

2

N,o
A, = (a ‘;)e Im,—n, +B5R1,qu

N,o2 H -
+%tr(H2}RLq (1}) )IM,_Nq) B/R; H,P,, (19)

where the adaptive matrix A, is on average optimal choice to suppress the effect of MUI
and noise under assumption that CSI estimation error is white, and it involves two additional
terms compared with the perfect channel estimation case in (5) to suppress the signal leakage
effect resulted from ﬁf H,P,; # 0. To achieve an optimum adaptive matrix, we show that
Lagrange multiplier « in (19) can be established as follows.

Property 1 Suppose that design of optimization problem in (12) is associated with the rejec-
tion of interference to obtain an optimum adaptive matrix A, we say that Lagrange multiplier
with & = 1 can be optimally used in computing A, of (19).

Proof See “Appendix A”.

By exploiting this deterministic function in (19), various adaptive matrices can be com-
puted via various precoder matrices selected from codebook iteratively, and thus an optimal
adaptive matrix ArRmv,4 and an optimal precoder matrix PrMy 4 can be obtained according
to minimize the trace value of cost function of (13) as

ARMV,q, PRMV,q = argmin fr (f (Aq, Pq)) s (20)
A, PeF

where the minimum optimization problem is equivalent to maximize SINR and thus the
proposed robust MV-based (RMV) weighting matrix at the gth user under assumption that
exact CSI is unavailable as

WRMV,q = ﬁqPRMV,q - ﬁRMV,qARMV,qy 2D
where the RMV-based adaptive matrix is

2 -1

A nH 5 A Nyo, AT H A\
ArRmV,g = | Brmv ¢ Rrmvi¢BrMY ¢ + P I+tr | H.RrmvI,q (Hq) Im, N,

ﬁng,q lA{RMVLq ﬁq PrMv ¢, (22)

where the RMV-based blocking matrix ﬁRMv,q is obtained from ﬁq Prmv,q and IA{RMVL g =
Hy ,Prvvig (Hi g Prvvig)? + 021y, € CM7M7 and Hy ,Prmvig = [HiPrMvI
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864 C.-H. Pan

HoPrvvi2 - - Hy— 1 Prvvig— 1 Hy 1 PRuvi g1 -« HoPruvi o] € CM*Mr=Na) 1n 21,
we note that the design of the proposed VAVRMV,q is simplified since the covariance matrix of
the CSI estimation error can be simply obtained via the independent characteristic between
signal and noise compared with obtaining actual channel error. To improve the user-wise
detection performance, we apply (21) to suppress the effect of noise, MUI and CSI esti-
mation error to derive the RMV-based transceiver in the UL MU-MIMO precoding system
as

Witiv.a¥ = Wiy o HyPryv.g%g + Wiy o (H g PruvigXng + V) - (23)

~0

With (23), the transmit signal at the gth user can be estimated as

Y 7S o
%, = slice ((W{{Mv quPRMV,q) Wiy qy) . (24)

By exploiting the characteristic of CSI estimation error via the LS technique in optimiza-
tion problem of (12), the proposed RMV-based weighting matrix can tackle the effects of
MUI, noise and parameter mismatch resulted from the CSI estimation error. Hence, an accu-
rate pesudoinverse process can be obtained to improve the user-wise detection performance
in (24). Based on (21) and (24), we then summarize the algorithm of the robust MV-based
transceiver under the involvement of codebook in UL MU-MIMO precoding for limited
feedback system as following Table 1.

3 Performance Analysis

In this section, the proposed robust transceiver design to optimize the precoded UL MU-
MIMO transmission is validated by applying the analyses of A) Mean characteristic B)
Regularization of the DL factor C) SINR formulation and D) Computational complexity.

3.1 Mean Characteristic

In this subsection, we show that the proposed robust weighting matrix VAVRM\/# is an unbiased
design via the mean characteristic by applying the first-order approximation. However, this
analysis suffers from complicated problem in the expectation operation due to the involvement
of alot of estimated terms. To simply this analysis with the LS technique on the CSI estimation,
the mean of WRM\/,q will be analyzed under the consideration of aez — Oand E (ﬁ) =H
as follows:

E (WRMV,qIﬁ) = H;Prmv 4 — E (ﬁRMV,qARMV,q) ~ Hy;Prmv ¢

—1
—By (BgMV,qRRMVLqBRMVﬂ> Bitwiv, o RravigHg Pray 4.
25

where (25) is expressed in “Appendix B” and it indicates that VAVRMV# is an unbiased design
[20] due to

E[(Wrav.g = Warv,g ) 1] =0, (26)

where (26) holds due to the consideration of Prmy,; = Pmv,4 under giving perfect CSL
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Table 1 The algorithm of RMV-based transceiver

S.1 Give P(:, p) e® with 1< p <N,
S2 Forg=1:0

S3 H , 0'62 and o'v2 are given
S4 Forp=1:N,
S.5 B, (:, p) is obtained via H_P,(:, p)

S.6 Rl,q = I:II,qPI,q G p)PII,: (s p)I:Ifq + GVZIM,—Nq
S.7  Compute A (:, p)with H P (:, p)in (22)

S8  tmp(p)= tr(f (Aq(:,p),Pq(:,p)))
S9 End

S.10  [valid] = min(tmp)

S.11 PRMV,q: Pq (,ld)

S12 By yy, =B, (:id)

S13 Apg, = A, G id)

BRMV,qARMV,q

S.14 W

RMV, ¢

=H,P,

MV,g

S.15 End
S.16 %, = slice(WLy 1 Py ) Wik y)

3.2 Regularization of the DL Factor

In this subsection, the regularization of the DL factor in [17,18] is emphasized to perfectly
mitigate the effect of MUI, noise and CSI estimation error via the proposed robust weighting
matrix in (22). Considering the LS technique [16], the key technique of the conventional DL
scheme with additional y [17,18] in the quadratic term of (5) is

~ . . . =1 . A N
ApL= (VIMr—Nq +Bng,qRRMVI,qBRMV,q) Bng,qRRMVI,quPRMV,q, 27

where y is a DL factor and it is associated with the MIMO detection performance depicted in
[17]. However, the computation of y in (27) is a difficult problem since it has no any feasible
set corresponded to the characteristic of channel estimation error. To solve this problem
in (27), the optimization of y can be regularized as

2

Ngyo A A\ H
y = ‘1P€ (l +tr (H:;RRMVI,q (Hz) )) , (28)
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where o = 1 in (22) gives a feasible solution for the formulation of y to suppress the signal
leakage effect, and it also provides the ability of the matrix inversion to resist the singular
problem resulted from BRMV qRRMVI qBRMV q-

3.3 SINR Formulation

In this section, the derived SINR formulation with the expectation operation is investigated
to address the ability of the interference mitigation in the proposed robust design at Table 1.
When variance of CSI estimation error is given, this derived SINR formulation, invoking the
characteristic of CSI estimation error of LS technique, based on the matrix inverse lemma of
[21] and the expression of AB, can be obtained approximately.
By referring [14], we have

AWRrMmv,g = Wrmv,g — WrmMv,¢ & AH PrMmy ¢ — Aqul,quMV,qRRMVI,quPRMV,q

+Brmv, ¢ X1 4 AB;{RRMVI,qBRMV,le,quMvﬂRRMVI,quPRMV,q

+ BRMV,qXLquMV,qRRMVI,q ABqXl,qunyqRRMVLquPRMV,q

H
+ Brmv,¢ X1, AB, RrmvigHg PrMv ¢

+Brmv,¢ X1 ,qB{QIMV,qRRMVI,q AH,Prmv 4, (29)

where X 4 is defined in “Appendix C”, Wrmy 4 is an exact solution of VAVRM\/,q and the

deviation is AWRmv,4 = WRnyq — WrmMmy,4 referred in (43). Based on (29), the robust
weight matrix multiplied by received signal can be expressed as

X7 H _ YwH X H

Wimv ¥ = Wimy o HePRMY 0% + Wiy 4 (H{PrMvI¢X1 + V)
_ H
= Wrmv, ¢ HgPrMV. X4

+ AWy Ho PRy g% + Wiy, (HPRMvigXi +V) . (30)

=irMV ,¢

With (30), the expected SINR formulation in the user-wise detection can be expressed as
u 2
E ‘ HWRMV,quPRMVﬂXq HF]

E {llivav.q 3}

where signal power with Bf H,P, = 0 can be expressed as

SINRRmy 4 =

3D

H 2 H H H 2
E 1| Wiy HoPruv.gx, | =77 {WRMV’quHq WRMV_q} = |ufm,| . G2
and the composite interference power [14] can be approximately expressed as

. 2 A A
E {HIRMVJI”F} =1 {E (WgMV,qRRMVLqWRMV,q + AWIIQ-IMV,quH;{AWRMVﬂ)}
=tr {E (Wng,qRRMVLqWRMV,q

+ Awll{-IMV,qRRMVI,q AWRMV,¢ + AWngququAWRnyq)]
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~tr {WﬁlMV,qRRMVLqWRMV,q +E (AWgMV,qRRMVLq AWRMV,q)
Nqaz H H
+—22< {or (M, + Al Arav | - (33)

where tr{E (AW{;{MV’ qRRMVLq AWRrMmv,4)} is expressed in “Appendix C” by using (29) and
we have AWgMV,quPRMV,q ~ (AH;PrMmv,q — Brmv,g AARMY g — ABrMY, gArMY o)
H,Prmv,q on computing the last term of right hand side (RHS) of (33) due to the neglect of
ABRrmv,g AARMY,¢ by applying the first-order approximation for AArmy,y = ARMv,q —
ARMv, 4. According to (31), the average SINR formulation is

1 Z
SINRRMV.avg = 55 > SINRgmy 4 (34)

g=1
When variance of CSI estimation error is given, this derived formulation in (34) can well
predict the ability of interference cancellation in the proposed robust transceiver design due
to the realization of the actual SINR tendency obtained by (30) as confirmed in following

simulation tests. Moreover, we will show that the proposed RMV-based scheme has better
SINR than the MV-based scheme as follows.

Property 2 For giving a precoder P, € F, we have SINRrmv,y > SINRyy,4 since
llivv.g 13 = Hlirmv.g 13-

Proof See “Appendix D;;.

3.4 Computational Complexity

In this subsection, the computational complexities [21] of MV-based, RMV-based and con-
ventional SVD-assisted detection schemes at [6] in the precoded UL MU-MIMO systems
are investigated for transmitter and receiver separately. For transmitter, it only requires mul-
tiplying the symbol vector by the precoding matrix computed by receiver via an error-free
feedback link as depicted in (23)-(24), which involves a complexity of ZqQ: | Ng showed in
Table 2. For receiver, Table 2 demonstrates that the complexities of MV-based and RM V-
based systems in terms of complex multiplications are computed by following S.3 ~ S.8 of
Table 1, where RMV-based scheme has similar computational complexity compared with
MV-based scheme excepting the robust design on S.7 depicted in (5) and (19). Considering
the codebook size is Np, it also shows that the proposed RMV-based scheme requires addi-
tional Q - Np - O(M, ,3 ) multiplications compared with conventional SVD-assisted detection
due to the involvement of the robust design in S.5 ~ S.8. However, when Np is small in
practical implementation, this additional complexity can be neglected since M, and M, are
consequently limited in the UL LTE system [5] and thus the proposed RMV approach is a
computationally-efficient convex optimization problem to avoid the exhaustive search in the
optimization problem depicted in [22].

4 Simulation Results
This section uses the proposed RM V-based, M V-based and conventional SVD-assisted detec-

tion schemes in [6] to illustrate the bit error rate (BER) in the precoded UL MU-MIMO
system, where RMV-based and MV-based detection schemes are established in Table 2. It
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Table 2 Computational complexities of UL MU-MIMO precoding systems

Detection scheme Complex multiplcation counts

RMV-based Transmitter: N 12 + Nz2 +---+N é
detection
Receiver:

1)S.5: 4N, M? + 8M;NZ + 9N, + My N,

2)S.6: M} — M2Ny + My Ny

3)S.7:26M} — 21N} — T0OM? N, + 67M, N2

4)S.8:2M7Z Ny +2M;Ng — N

5)8.16: N2 My + N + 21N,

Total: Q - Np - (293 — 65M? Ny + 4Ny M +T5M, N2 — 13N3) + N2M; + N3 + 21N}

SVD-based Transmitter: N 12 + Nz2 +---+N é
detection [6]
Receiver: 2M7 My + M7 /3 + M; + M; My + Q(4MZ Ny + 8M; N7 + 9NJ)

is assumed that the elements of each channel matrix are i.i.d. complex Gaussian random
variable with zero mean and unit variance [22,23] as depicted in (1). The LS technique is
considered for the CSI estimation and the input SNR is defined as P/ avz. The robust design
with performance analysis is also examined on theoretic analysis (i.e., theoretic) and com-
puter simulation analysis (i.e., simulation) [24-26]. Furthermore, we consider the proposed
schemes with N;, M, € {4,6}, N> € {2,4}, Ny = Q = 2, P = N, and QPSK modulation
where codebooks are created by p.157 and p.159 in [5] for N = 2 and N, = 4, respectively
to evaluate (A) Selection of the DL factor (B) SINR performance and (C) Comparison with
conventional works as following simulations.

4.1 Selection of the DL Factor

In this subsection, various DL factors (i.e., ) are considered to verify the ability of the
proposed RMV-based detection to resist the effect of the imperfect CSI. The proposed RM V-
based DL factor is given as

Ny}  Nyo? PN .\ H
y:u.( e 4 —Ler (H;IRLq (i) )) (35)

where u is an adaptive factor to adapt various values of y to validate an optimum selection
of the DL factor of (28). Moreover, a conventional DL design with y = 503 in [17,18] is
given as

y=1u -503. (36)

With SNR = 30dB for Ny = M, =4, Ny = N, = Q =2,u € {0,0.01, 0.1, 1, 10, 100,
1000, 10000}, 03 = 0.01 and QPSK modulation, Fig. 2a demonstrates that the proposed
RMV-based DL factor with u = 1 at (35) in the proposed user-wise detection has optimum
BER performance compared with others due to the robust design on optimization problem
in (12) depicted in Property 1. Similarly, with different number of transmit and receive
antennasas N; = M, = 6, N| =2, N, =4, Q = 2,Fig. 2balso confirms that the proposed
RMV-based weighting matrix (i.e., u = 1) canregularize the selection of DL factor optimally
in the proposed user-wise detection. Additionally, the conventional DL design with y = SGU2
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(a) 10° ; ; ; ; ; ; ‘ ‘ ‘
—OE— Conventional DL, var = 0.01
—¥— RMV-based DL, var = 0.01

-10 -8 -6 -4 -2 0 2 4 6 8
log10(u)

(b) 10° ; ; ; ; ; ; ; ; ;
—OE— Conventional DL, var = 0.01

—¥— RMV-based DL, var = 0.01

2

-0 -8 -6 -4 -2 0 2 4 6 8

10

log10(u)

Fig. 2 BER comparison for various DL factors in the proposed user-wise detection with 062 =0.01, SNR =
30dB and QPSK modulation.a Ny = M, =4, Ny = N, = Q =2;bN; = M, =6, N\ =2, Ny =
4,0=2

can not regularize the selection of DL factor at # = 1 in the proposed user-wise detection to
achieve optimum BER performance by comparing with Fig. 2a, b, respectively. Figures also
show that BER performance in the proposed user-wise detection for u € {0, 10000} is worse
due to the involvement of the singular problem.

4.2 SINR Performance

In this simulation, different variances of CSI estimation error with aez € {0, 0.001, 0.01}
are considered to illustrate the SINR performance of the proposed RMV-based MU-MIMO
precoding by using theoretic analysis in (34) and the computer simulation analysis (i.e.,
actual solution). With N; = M, = 4, N = N = Q = 2 and QPSK modulation, Fig. 3a
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—&— Theoretic, var =0
3 —— Simulation, var = 0
107 ¢ —<— Theoretic, var = 0.001
—+— Simulation, var = 0.001
—_ -----Theoretic, var = 0.01
g .| L B+ Simulation, var = 0.01
o 10
2 o
5
g
=]
I} 10
sonnnifSinTEes =
10°
5 10 15 20 25 30 35
SNR (dB)
(b) ; ; ; ; ; ; ;
—E&— Theorem, var =0
10°H —*— Simulation, var =0
—<— Theorem, var = 0.001
—F— Simulation, var = 0.001
o -==k---Theorem, var = 0.01
S | 7P Simulation, var = 0.01
o 10°} 1
Zz
w
2 ;
= 1
o] 10
e B | iieiiots e e 4
10°
5 10 15 20 25 30 35
SNR (dB)

Fig. 3 SINR versus SNR by using theoretic analysis and simulation analysis in QPSK modulation and
(rez € {0,0.001,0.01}.,aN; =M, =4, Ny=N, =0 =2;bNy =M, =6, N =2, N =4and Q0 =2

shows that the SINR performance of the proposed theoretic analysis (i.e., Theoretic) can
achieve the SINR performance of the simulation analysis (i.e., Simulation) in both perfect
and imperfect CSI estimation. This demonstrates that the proposed theoretic analysis can
effectively predict the performance of actual SINR, and it also shows that the SINR value is
increased at small CSI estimation error resulted from the smaller interference depicted in (31).
Moreover, this SINR tendency, increasing SNR induced by increasing SINR, confirms that
the proposed robust design can well suppress the effect of MUI and noise. This suppression is
also confirmed in Fig. 3b under the considerationof Ny = M, =6, Ny =2, N, =4, 0 =2
and QPSK modulation. With computer simulation to compute the SINR performance, Fig. 4
shows that the proposed RMV-based scheme has better SINR performance than MV-based
scheme under considering various CSI error variances (i.e., crez) in SNR = 30dB, due to the
involvement the information of the CSI error variance in the optimization problem of (12)
depicted in Property 2.
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(@) 25 : : : : : ‘
ki —*— RMV, simulation

20} \ —P— MV, simulation H

15F O_Z O

10

Output SINR (dB)

-7 -6 -5 -4 -3 -2 -1 0
log10(CSI error variance)

(b) 25

5 —¥%— RMV, simulation

20t \ —bB— MV, simulation
15

10t 1

Output SINR (dB)

-15¢ s s s s s s
-7 -6 -5 -4 -3 -2 -1 0
log10(CSlI error variance)

Fig. 4 SINR versus CSI error variance for comparison of MV-based and RMV-based UL MU-MIMO
precoding in QPSK modulation and SNR = 30dB. a Ny = M, = 4, N] = Np = Q = 2;b
Ny =M, =6, N =2, N =4and Q =2

4.3 Comparison of Conventional Works

In this subsection, we compare the BER performance of the proposed RM V-based and M V-
based with that of the conventional SVD-assisted detection [6] schemes for the perfect and
imperfect CSI estimation cases. With Ny = M, = 4, N; = N, = Q = 2 and QPSK
modulation for perfect CSI estimation, Fig. 5a shows that the proposed RMV-based and M V-
based detection schemes have better detection performance than conventional SVD-assisted
detection schemes in [6], due to the optimum design of adaptive and precoder matrices jointly
in (7) and (21) to resist the effect of MUI and noise. Figure 5a also shows that the RMV-
based scheme is an unbiased design due to the involvement of the same BER performance
compared with the MV-based scheme depicted in (26). For imperfect CSI estimation, Fig. 5b,
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Fig. 5 BER versus SNR with (a) 10° . , —
Ne=My, =4, Nj=N=0= @ ——SVD, var= 0]
2 and QPSK modulation for —>—MV,var=0 i
comparison of various detection § —*—RMV, var = 0||
schemes. a o2 =0, b 10 3
02 =0.001; c02 =0.01
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o 107
L
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Fig. 6 BER versus SNR with
Nt =M, =6, N| =2, N, =
4, Q =2 and QPSK modulation
for comparison of various
detection schemes. a 062 =0,b
02 =0.001; c02 = 0.01
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¢ demonstrates that the proposed RMV-based detection substantially outperforms others
particularly at high SNR region confirmed in Fig. 4 and Property 2. Similarly, with N; =
M, = 6, N =2, N, =4, Q = 2 and QPSK modulation, Fig. 6 also demonstrates that
the proposed RMV-based scheme can effectively improve the detection performance in the
precoded UL MU-MIMO transmission compared with others.

5 Conclusions

In this paper, we have presented a robust transceiver design with joint suppression of effect
of MUI, noise and CSI estimation error in UL MU-MIMO precoding for limited feedback
system under considering LS technique on CSI estimation. Since robust transceiver design
is difficult to be tractable, the optimization problem with considering design of the precoder
and adaptive matrices on the constrained MV approach subjects to constraint the rejection of
CSI estimation error developed in the use-wise detection. To validate this user-wise detection
for robustness specifically, the performance analysis of robust transceiver design induced by
mean characteristic, regularization of the DL factor, SINR formulation and computational
complexity has been investigated. In both perfect and imperfect CSI estimation, simulations
verify that the proposed RMV-based transceiver design can achieve optimal detection per-
formance due to optimizing design of precoder and adaptive matrices jointly. Therefore,
the proposed RMV-based transmission design is a promising solution for practical UL MU-
MIMO precoding in limited feedback wireless systems at the mobile station is of major
concerns.

Open Access This article is distributed under the terms of the Creative Commons Attribution License which
permits any use, distribution, and reproduction in any medium, provided the original author(s) and the source
are credited.

Appendix A: Proof of Property 1

Proof By referring (14), we have

N N N,o?
E (BB HIB,) = £ {aB/HHY AB} ~ 2001y, . 37)
Substituting (37) to (14) for giving a precoder P,, we have
A ~EBI | R, +oHH [B, A, — BYR ;H P, ~ 0. (38)
— ————
=yy” at a=1

Considering @ = 1 and quf = I vy, (38) can be expressed approximately as
/ ~ nH Hp
f'A) ~ E{BY (yy"ByA, — R HP )|
~ E (By [y7'B, A, — (HigPLoxg +v)" HP ]} (39)

where (39) holds due to the consideration of ﬁf y ~ Hy ,Py 4x1,4+V and thus the achievement
of an optimum adaptive matrix in (38) is equivalent to
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. / 2
Aopt,q = arg min H f (A‘I) “ F
Aqec(Mr—Nq)qu
2
= argmin  E |PYH]) (H P xi, +v)-AIB]y| (40)
Aqec(Mr—Nq)qu
Interference F

where (40) with @ = 1 shows that the proposed RMV approach without giving exact CSI can
realize the GSC-based approach of [ 14, 15] to achieve the rejection of interference, and hence
proof is completed. Particularly, this GSC-based approach, characterized by the rejection of
interference computed from minimizing the difference between interference and blocking
received signal, involves complicated optimization problem due to the requirement of exact
CSIas H; and Hy .

Appendix B: Derivation of (25)

We simply the inverse term of estimated adaptive matrix of (22) by using the matrix inversion
as (A + eX)7! ~ A~ — A~1¢XA ! with a small number ¢ and an invertible matrix A as
follows

-1
chre2
P

ﬁgMV,q Reymvig Bruv.g + a1+ tr(ﬁZﬁRMqu(I:I;)H))IM,—N,,

~R;
RMVLg ~0" 020
H -1 H -1
~ (Brmv, g RrRMvI¢BrRMY,¢) ™ — (BRMVVqRRMVI,qBRMV,q)
—ABH . R B - B, R AB
RMV,q RMVI,g DRMV g RMV,q RMVI, g RMV.q

—1
(Bng,qRRMVI,q BRMV,q) , (41)

where (41) holds due to the consideration of the first-order approximation and aez—>0 for
Rrmv1,g & Rrmvr,q and hence we have

R -1
E {BqARMV,q} ~ By (Bng,qRRMVI,qBRMV,q) BgMV,qRRMVI,quPRMV,q, (42)

Appendix C: Derivation of (32)

Considering 062 in the SINR expression of (32), the matrix inverse in RMV-based adaptive
matrix of (21) can be give as

nH 5 0 Nq‘fe2 7P )
Brmv ¢ RrmvIgBrMY ¢ + P 1+ 1r | HiRrMvIq (Hq) Im, N,

—1
~ (pH
A (BRMv,qRRMVI,qBRMv,q + ZUIM,qu)

-1

_1
H
— (BRnyqRRMVI,qBRMV,q + WIMrqu)

@ Springer



876 C.-H. Pan

(—ABng,qRRMVI,qBRMV,q - BgMV,qRRMVI,q ABRMV,q)
-1
(Bng,qRRMVLqBRMV,q +w IMrqu) (43)
where the first term of left hand side (LHS) in (43) is expressed approximately as

~ 1 N A ~ nH H
Brmv ¢ RrMvgBrRMY,¢ & Bryy o RrRMvELgBrRMY ¢ + ABryy o RrMvLgBrRMV ¢
H
+ Brmv, ¢ RRMvILg ABRMY 4

H nH B
+ ABrmy g RrRMvE g ABRMY, ¢ + Bryy g ARRMVE¢BRMY ¢

(44)
where the last terms in RHS of (44) with expectation operation is approximated as
E [ABgMV,qRRMVI,q ABrMmv,4 + ﬁgMV,q ARRMVIg f;RMV,q }
Nyo? . (M, — N,)o?
~ =S i Rrwvg HD DLy, oy, + =T, (45)
~E(AB{{’M\WRRM\/Lq ABrmv ¢) %E(Bng,q ARrMmvIL¢BrRMVY ¢)

where the last term in RHS holds due to the consideration of first-order approximation, and
the trace operation with removing the off-diagonal terms [27] is approximately computed as

A L \H . i (M, — N,)?
tr (HZRRMVL({ (Hjl) ) ~ tr (HJIRRMVI,q (H‘{I) ) ~ %, (46)
q

and hence @ in (43) is denoted approximately to resist this uncertain CSI problem as
2(M, — Ny)?
ar n 2 = Na)” o
P

where (47) holds due to the neglect of the second-moment term [21]. Based on (43)
and (47), we define X; , = Bfyy. RrRMVIgBrMV ¢ + @ Iyur—ng) "' X2y = Brmv,¢ X1 4

47

H H $
Brmv o RrmvigHgPrMv ¢ X34 = BrMv ¢ X1,¢Bryy 4 X4, = HgPrMv ¢) 'Rrmv g Hy
b g’
Prmv ¢ X594 = BrMV.¢X1.¢Brumy o RrRMVLg» X6,g = (H,Prmv.¢) "Rrmvi g Brmv ¢ X1 4
H H H
Brmy o RrmvigHgPrMy ¢, X74 = BRMV,qXLqBRMv,qRRMVI,q((HqPRMV,q)T) and
H
Xg’q = BRMV,le,qBRMV’qRRMVI,quPRMV,q to express

H ~ chrf H
1r { E\AWgmy o RrMvg AWRMY ¢ )} 17 P Pirv.q " (RRMvLg) PRMV.g

+ Png,q" (Rrmv1qX3,4) X g

- Png,qtr (RrmvL¢X5,9) PrMv g + Png,qfr (Rrmv1,¢X3,9) X6.4
+ X4 (ngRRMVI,q) Prmv ¢
-l—qutr (Xg{qRRMVI,qX3,q) X47q — qutr (ngRRMVI,qXS,q) PRMV,q

—I—qutr (Xg{qRRMVI,leq) X(),q
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H H H H
—Prmv 41 (XS,qRRMVLq) Prmv,g — Pruv 417 (Xs,qRRMVqus,q) X4q
H H
+Pryvy 417 (X5,qRRMVI,qX5,q) Prmv ¢
H H H H
— PRMV,qtr (XiqRRMVI,qX&q) X6,4 + X6yqtr (X3,qRRMVl,q) Prmv ¢
H H
+X6yqtr (X3,qRRMVI,qX3,q) X4yq

— ngtr (Xg{qRRMVI,qXS,q> PRMV,q + ngtr (Xg{qRRMVI,leq) X(,,q
H N\ H
-I—Xz’qtr (H Rrmvi .q (’1) ) X27q

H
+X2 gt (H RRMVI,qX7,q) Xg,4 + Xg{qll’ (X%(qRRMVLq (Hg) )X2,q

+X8 qtr X7 qRRMVI qX7 q> Xsg q:l] (48)

Appendix D: Proof of Property 2

With (30), the interference power difference between MV-based and RMV-based schemes
[14] can be addressed as

2 2
. . ~ < H 1 < H x
vl = [l = o7 (W RugWara) = or (Wil Rio Wiv.)
(49)

where (49) holds due to the neglect of the last term of RHS in (33) by applying the first-order
approximation. According to the matrix inverse lemma [21], we have

N ~ \—1 ~ ~ N\ —1
(yIMr,Nq +BIR B,) = (BIR,B,)

_ (fsgm,qﬁq)*l (y—ler_Nq n (]}fRLqﬁq)l)“ (ﬁfRI,qﬁq)il 50

where ﬁq is computed from ﬁq P,and thus we have

~ A A ~

N —1
Arwv.g =Ag = (Tn,-n, + 7' BIR B, ) A, (51)

where the estimated adaptive matrix is obtained from the MV approach in imperfect CSI
estimation given as

. L\
R B,)  BIR AP, (52)
Based on (52), it implies that

VAVRMV# = WMV,q + ﬁq (IMrqu + )/_lﬁglRLqﬁq) Aq. (53)
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Substituting (53) to (49), we have
) 2 . 2 - vane s\l
HIMV,qHF = HIRMV#HF ~ ot (AR (L, -n, + 7' BE R B,) A,
AH IRhH 5 Y\ 22
_tr (Aq Ri (L, + 77 B R B, ) Aq) >0, (54)

where (54) holds due to tr{(Iyr—ng + €ST8)?} > tr{ly,—ng + €SHS} for £ > 0 and
SHS € RMr=No)x(Mr=Na) with (31), signal power of MV-based scheme is equal to signal
power of RMV-based scheme expressed as

H 2 H 2 H 2
Wi P = |[Wike B[ = [ [ 69

Based on (54) and (55), SINRrmv, 4 > SINRMmy 4 is completely proofed.
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