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ABSTRACT

In the recent decade, the computing capacities of the graphics processor units
(GPUs) has a great improvement . GPU-accelerated computation is a good option for
many applications..Registration is a important tool in image processing that is applied
to match regions in two or more pictures: Virtually all large systems which evaluate
images require the registration ofiimages. In this thesis, image registration technique
by maximization of mutual information was studied. The technique was applied to
biological images. Our experimental data are fly brain and cell of biological image .

We use graphics processor units to implement 2d and 3d image registration.
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Serial code executes on the host while parallel code executes on the device.
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