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ABSTRACT

With the rapid development of Internetandrise of BLOG and
Discussion board , there are more and more people express their
views or opinion on things on the internet . Thus , most of
people’s appraisals on the web are significant information for
customer making their decision . Forexample , people could
Decidedto go to themovies according to the existing appraisals on
the web .But for most of user it is Time consumption to read
all reviews on the movie Discussion board .In this Paper ,we

apply the Natural Language Processing (NLP) technology and

classification technology to classify Textwith two polarity : good or
bad . Then we combine auto summarization technology to
generalized a corresponding appraisal . We hope the wuser can make

decision more rapid through the system which is designed by wus.
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2.1 FR 4 % (Sentiment Classification)
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p(word, & word,)
PMI(word,, word,) = log,

p(word,) p(word,)

SO(phrase) = PMI(phrase, “excellent™)
- PMI(phrase. “poor”)
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2.2 SVM/LIBSVM
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2.4 p %3 & (Auto Summarization)
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When it arrives sometime next year in new TV sets,the V-chip will give parents a new
and potentially revolutionary device to block.out programs they don't want their
children to see.

RE

The V-chip will give parents a device to block out programs they don't want their
children to see.
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D1 02 b3 D4 D5 D6 07 D8 D9
Human |1 0 0 1 0 0 0 0 0
Interface |1 0 1 0 0 0 0 0 0
Computer | 1 1 0 0 0 0 0 0 0
User 0 1 1 0 1 0 0 0 0
System | 0 1 1 2 0 0 0 0 0
Response | 0 1 0 0 1 0 0 0 0
Time 0 1 0 0 1 0 0 0 0
EPS 0 0 1 1 0 0 0 0 0
Survey |0 1 0 0 0 0 0 0 1
Trees 0 0 0 0 0 1 1 1 0
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n 02 03 D4 05 D6 07 D8 D9

Human | 0.16 0.40 0.38 047 018 0.05 012 0.16 0.09
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