vl < = 3
] I &3@"%3

S EEIITA
i X

\
[
|
]

) . =< o L o, 50 SN e 2 S — , —r > 2 I
- BB E TR E S GIER BN ST

A Mobile Merchandise Evaluation Platform Based-On Novel

Information Retrieval and:Image Recognition Technology

ForoA L3 b e

hrE R AW

PERR 4 L4 & = 3



=

BB GFEREEDET R SR ET S

Nk

-l

=

At

k)

A Mobile Merchandise Evaluation Platform Based-On Information
Retrieval and Image Recognition Technology

R R L S Student: Hsiang-Ting Kao
R R A H Advisor: Chi-Chun Lo
EIEETE ;
TR AT YT
AL #~
A Thesis

Submitted to Institute of Information Management
College of Management
National Chiao Tung University
in Partial Fulfillment of the Requirements
for the Degree of
Master of Business Administration
in
Information Management
June 2010

Hsinchu, Taiwan, the Republic of China

ERR 414 & =



- BREFTRE S P GIESBITNET G FEET L

) S R A LB S ;}ﬁ ot By X
R S B YT

g

v

FEREFREEROEREIEL YR F MY L LIS EFL TR

FORLOGERFTAIRLARIG T —‘5 fbrds P B (Impulse Buying)& i + = o d

PR R g 2 R AN B RRAOFF SR SN R g AR A
FOARENPEVL BT NRERB DR S BEFAFRROGFEN LI LR o
ART G ER S EE AR R DE ,ﬁﬂ—iiﬁﬁm#ﬁiﬁﬁﬁ,

(Decision Support System, DSS)- {7 #:%. F & 3= # T 5 (Mobile Merchandise

-rs\

Evaluation Platform, MMEP) » #:7% ?'FB?'F;’ s-yEa 3k %u(Real-time Merchandise
Identification Subsystem, RMIS):» FohiE 2k <+ & ¥t(Merchandise Evaluation
Subsystem, MES) ~ ™ 2 7 &t f%i J& B % % (Merchandise Recommendation
Subsystem, MRS) 11 & - pF2_ 75 S3TEIRIFAPM P S ey o H P > T
B arEa Sk BU(RMIS)F* % #i4p A8 Bl (Region Adjacency Graph, RAG)frp # &
%‘«Bﬁ#%%&*(Self Organizing Maps, SOM)£ § % B 7 S8 ftFfc» I 5 »cik (s

kS

B SRR ST i 81.25% SRR kS (MES) B 4 5 2 2
4 & # 7 (Multiple Document Summarization, MDS){r it 4 &%k & *~ W%
(Merchandise Comment Term Ontology, MCTO) » B~ (¥ 3% Zi=#hdE & > £ 541 %

EdAF R E RS B RS T E 78% 0 e R H KB LM R B E

BRE AR AT T

BT PSR CRE LR CFTHRE P RER CARIE LR



A Mobile Merchandise Evaluation Platform Based-On Novel

Information Retrieval and Image Recognition Technology

Student: Hsiang-Ting Kao Advisor: Dr. Chi-Chun Lo

Institute of Information Management

Nation Chiao Tung University

Abstract

Consumers’ purchasing behavior has obviously changed in recent years with
developments in social economics. This change has been evident in the decreased
ratio of planned purchases but not in the increase of planned (or spontaneous)
purchases. This act of spontaneous or otherwise unplanned purchasing is called
“impulse buying”. However, buying:under these conditions costs more money always
comes with negative responses, such-as complaints-and regret. Therefore, we propose
and have designed a new Merchandise Recommendation Subsystem, the Mobile
Merchandise Evaluation Platform (MMEP). This is a three-tier system composed of
Real-time Merchandise ldentification Subsystem (RMIS), Merchandise Evaluation
Subsystem (MES), and Merchandise Recommendation Subsystem (MRS). With this
system, Mobile Users (MUs) take pictures of merchandise and send them to MMEP,
RMIS integrates Region Adjacency Graph (RAG) and Self-Organizing Maps (SOM)
to gather information on the merchandise through those photographs. MES and MRS
provide Intelligence Agents (1As) and Multiple-Document Summarization (MDS) to

summarize recommendations on merchandise for MUs, all in real time.

Keyword: Information Retrieval, Region Adjacency Graph, Self-Organizing Maps,

Multiple-Document Summarization, Mobile Device
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B3 5 BK ip B I R B E(A00H 3 D) -

3.2.2 3¢ % 32 (Preprocess)

TN FHP-RIBA BIB {82, HTML 2788~ T =/ T&R L B

e -\’“\y

(Document) s 5. f-3% # (Sentence) 5 > Ml FEFEF o REFE v &

4 6

3.2.3 ¥ ix:E % (Feature Selected)

B AT RS BR(MES) A & % w oo 4 (Centrality) ~ 3 & £ R

ELN

(Sentence Length)~ 12 2 4p %+ = % (Position)= B Feature i& (7 3 3%+ w2 g £ 3+
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I. %< (Centrality)

AETH LA AN EH PR B E(RCTS) £ R - PR W E 4

VIRFERG BRI A E ST 0 P E MR TR R & (RCTS)Y & 3

# 3 4 5 (Term Frequency, TR) i 5 %@ R 2 B E - § 7 ETth > 29 ahE B
FOSE O FAY ABRRAT RWPRBERE 2L FRAELRGEIE > oo AN

(D o B9 N EE 0 SRl W BER ST B | Bk TR(-) 274
BELFEZUBEIFRLEL
> TF(w, )

Scoreg, i (S) = I vw, . € RCTS 1
Centrallty( |) MAX (Scorecemra“ty (S)) i,j ( )

Il. 3 & & & (Sentence Length)

FrERe Ok RE A MBI BT o] N ERET 0 TR
e R BEFEe S G o £ R FHeEE 2 N e 258 (2)H T o
S (s) 1,n,>m @
core )=
Length \*~i O,ni <m
A8 %= § (Position)
Y82 3¢ 5 L HS A5 & A(Production Name, PN) 3R 15 cher 3 7 i
ERFEGLAEL A T AP EVRFHN? DRA R LFPN)E i 3 o

L RS T R TR SRR E SRR R
WY B R B O SR T A R B E S ST S R

B TS, 5V RFAY hh aBiE o 0 CS 5 B BN henfE R A3 B & o
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P(TS,..; €CS|PNInTS,)if PNinS andi> j
0, otherwise

a+i—j

SCorePosition (SI) = { (3)

3.2.4 % % & (Classifier)

)’jf‘uﬁ BRI H > # BEHDEL AR F P72 B > @ Classifier i & %%
AR R N B o R E o Bk e (Centrality) s £ A_wy 0 3 0
i ¥ (Position) e £ §_wy > % 77 4o VAR (4)#ToF o

SCOr€qeran (S;) = [Wy x SCOI€ey ity (S;) + W, X SCOI€p giion (S;)]x Score o (S;)

(4)
3.2.5 £ #7# & E (Reranker)

IR ANEMVEF A SE MR R R PR R 7R P
MER T2 B R g ﬂ,g’»ggggﬁ_;ﬁafiﬁj@fﬁj;@ﬁ
extract o
3.2.6 24 # & (Summery)

#- Reranker # extract 41z 3% ¢ "8 B » (% Preprocess uJZ 2. < F (Document)
% frzE ¢ (Sentence) Bt B 4o eh < iR (7 & (Mapping) » B~ 17 f =4 p

FEPF > TPEBSEFADN LR Y FEEHAT

\\\?{r

¥ o
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y

Yri AT ITaEImEEAH

gL LS (MMEP) L & % G E ] (12 A 4] ~ B2 iR P

PRS2 EAFRHEL S UEREALIERBERL T T E

it

b

e

—H

B2
FOH I

2 F AR A (4 3G A 4B) B > BB g~ ARERA 2 L

if"f’vqk i 'fqzﬂt A 3%iﬁ"\ HEER i rrv-LigPJ’iﬂ“’ f”ﬁ’:?\ﬁﬁrv\ar‘fw‘l -

(MMEP)% =28+ * Intel (R) Pentium/(R) Dual CPU 1.6GHz ¥ £ g2 ®£+2.0 GB

2z 88 27 Microsoft Windows XP e ¥ 5 3z @53 W2 (74p R 9 7> B ¥ 4258 2%

e B

% & Javao FAHLE g 1Tk s (DBMS)RI4E ™ MySQL Server o @ ¢ * R

PRLE TR ST EIRGA2 3P0 & d JSP (Java Server Pages) R i = 0 5 Az

~ B #ij 1 L (Hypertext Transmission Protocol, HTTP)# % i¢ {7 i B o

= DAL AN B AT
| - F@J“%\UL}

FE N E REET S (MMEP) & § T REE etk SRMIS) ~ B &
5 5 (MES) ~ 12 5 5ot e 4 5(MRS) > 4o 3 477 0 R Y X %

B REERAE 0 T R L B B FEEP o

411 T EEH F3FE Sk s (Real-time Merchandise Identification

Subsystem, RMIYS)

e et R 2 R RS X SL(RMIS) L & 3 & F LLRE e 2 B

FEEAR M RAE > ¢ g TR S AR gie”5'] e pE R R R R o
R E G e T TS E L SR Mb SRS J2ME



(MIDP 2.0) ¢ i35 i 7 #+ 30 31 % (3G & IEEE 802.11b) ¥ p¥ @ 45 3 PR F o W pF
B rER S A(RMIS) i< T B 7 B2 its » TpEiS & R H AP RBI(RAG)frp A ke

R
op 5o ] e B (SOM)E (7 9 AR &2 4 47 > 32 (7 S8 > IR A de ] 11 4657

g Bp 5 SR T A 4

PP EF 5 AR (R4 > PP R R M A
| J2ME (MIDP 2.0) || || @ 48 #F B (RAG) |
| JavaSocket || || &#mmersiE @ (SOM) |
SSK (i
BHREM
HRER S

Bl 11~ W Syesd kS (RMIS)ASE ik 42 B

(1) FpF % 4ape ?ﬁ?]:‘,iﬁﬁ-‘(Real-time Multimedia Transmission, RMT)

ES @ﬁi%li SHMTHE ¢ 72 F (Text){o® & (Picture) o & * #11* 3G

S 455 PDA AR iR 2 B ST ERET k0 FRBERTATFEY

Bl WD BRI & RRMIS) > 1R 7 R G s K R

¥ W 2 P R EIRTS o

(2) PR i & si(Image Identification system, 11S)

W P W3k SLU(RMIS) 2 & F s 4p #8 Bl (Region Adjacency Graph, RAG)

B e FF
fop 2% Jo sk ph 54 ] 4 52 (Self-Organizing Maps, SOM) 3 Hojis » & {7 T 5 448

2R

fmd® o #-7 &3 i€ (7 Region Adjacency Graph (RAG)i# & > B~i8 & B 7 &8

FAF e £ T p A P SRR (SOM)E (7o > SRAFA SR B EY L BE
S Mo F B W R G > T OB R T L g A 75

Ko T FERT B

énm
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FLFETR O NEFRFLTHERE -

412 B &F#E &+ & s (Merchandise Evaluation Subsystem,

B & iTwmiE &k %y(Merchandise Evaluation Subsystem, MES) #73& i 2_ # it
CAREFNER FHEPREAL S EARFRPTES K

¥R SRS L ARMISFERR A L R BET ST RIF SRS R
+ A 3(MES) > £ f5d RN F B2 L v Google Blog Search :& 7 Blog 4p
MR FHOF T L BT BFME ST 0 %2 Crawl {- Parse
T %75 % Blog Corpus - .75 > 538 % = p #4F & Bp4p B Blog Corpus © 2

ARk 0 R AR AN R R Y FEE A ST AR

12 77 [26] -

B A H ®
BERXE { EEE e . HoRxE .‘
s 3\[) — ;T'i/] EXaGES
< Googl > N 5. 9
& SO S ) mBmxEHRREA @ 5 Xtk 8 BB A
Google#f %46 X F44 F =
‘ £ L ‘ l-t=2. Blog Search"l’{ B F ‘ ; Xt B B R
HF5 ¥ o
‘ ‘ CrawlerfX. 72 A FALER
—4. 7 $3Fh X P AR IE
@ BT BT 4% Code process :ﬁ?ﬁ'i%fﬂ
S ¢ — &apos; e
‘ PP B 5 4 A8 A0 Bk ‘ ) “— &quot; RSB
= 1. B T SQL Injection EEME
| msmammAR |

Bl 12~ 7 bz ik 4 S (MES) AU in 42 F1[26]

(1) L p % #pe~ L 32 £ (Blog Content Retrieval Agent, BCRA)

MERP FHEAEL LR EG BEPHEF B4 - HTML Crawler ~ 12 2

HTML Parser % > & 74 ig 3 f? & i 4o o
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I o0& 841

P RCRE E S B E i e E RN L MR F B M AR E BN F A B

+ Google Blog Search & {73 -
Il. HTML Crawler

#- Google Blog Search 7% {5 2_ & % »4ow @2 2 BIVE PN % i2{7 Crawl »

EHAp MR R 2 T 2 RHTML p 5 %55 o

I111. HTML Parser

# HTML Crawler 2~{# 2z HTML i& {7 HTML tag f&:§ » >~ 1 & 31 > ¥ 5
ped AR TR T A (e E 51 ELqe 51 5) friEF L SQL Injection % 5T # R AR - 2 2

Blog Corpus r 41t 2. % 2 i pddp & 2 da -

(2) % = p # 4 & P F(Automatic: Multiple Document Summarization,

AMDS)

Bt A(MES) R & § 2 i Bedp & gl WL BN
WMHPF R TmherpBRE o FAE F I8 hEE  Ee

Fa R TEI R ARSI R AR

413 F & § 42 &+ % 3 (Merchandise Recommendation Subsystem,

MRS)
st 4 B+ i st(Merchandise Recommendation Subsystem, MRS)#13% #&
2F R AR SRR TR NI A S e S R
¥R SRR L ARMISIRE R S R ST

[
A E(MRS) L5 d BB R TN ol YRR AR RRETH &
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RAPMFTALEAE > WERLIFRPL BEPHFSERTR > L

\30¢

14
4@
ot

Crawl {r Parse ™ % 5 % % 5% # Corpus o & & > FiE B4 B84 A0 b 7

(8

Zifs

%1 Corpus ¥ 2 R FMFFE-I R > TREFVHoR SAEE 0 G sk —'*f

TR SR R FAFS A R fRES 5

(MRS) g2 i
F2 4o @) 13 #75F o

LR Eid il
EF B LT TF B c TFWH A
7 b AR 46 B SRk G Wi 7 b 18 44 Aok . o (R A6 Tk .
ﬁarse
N o f@ \ o,
S Rkl Gt S W R msERHRRIEA @.‘
bl F e
| s 1= L | g THARAF
| HEIE | TN 5. Mk
Crawler %32 A "\ 2]
g Bp T ST A Code process @ FEAR e B A \\
‘ — &apos;
‘ By 0 % 4 8 9 0 Bty ‘ . “ > &quot; ‘ Price-Oriented Recommend[
— 1 5 R SOL Iniecti : :
‘ BB P A S ‘ QL Injection ‘ Quality of Service ‘

Bl 13~ 7wt 3 A S(MRS) Al i 42 ]

(1) 7 &% # 7 a#e = L (Merchandise Information Retrieval Agent,
MIRA)

PR TR AL D &G O HEF 4] ~ HTML Crawler ~ 12 2

HTML Parser % » £ i .M A it 4o [26] °

I o dEF B4

o

S

BREFPEE I 220X pM 2 B4EwF B BT EN ¥
b foip M b B AR o

II. HTML Crawler

Wl x% Pl R OF L 2S5 o hor B2 LA RT I FAREEN FES

24



Crawl » if Bidp Mg 2 % F ¥ % HTML p % %% o

I111. HTML Parser

# HTML Crawler 2~ ¥ 2. HTML i& 7 HTML tag f#3§ > >~ 1 & T > ¥ 5
3z f:fp MaEFARTF ~ (4ol 31 5 o5 5) o 4 SQL Injection % se 8 R 37 » 2£ =

7 &1 Corpus r2 118 2 vt 4 B4l 2 da sk o

(2) 74 & ¥ $1(Price Comparing Recommendation Mechanism, PCRM)
i

Feat i+ L R(MRS) ot e B4 SEH &P RFT AR
ABEIME S EBR I FAAREEY 2 H REF 0 3 i Price-Oriented
Recommendation 1 ;% » g ¢ * J‘Ff'}#ii UFEAPRE WL R B 0 PoiF A M 2

ST AN TR e L E R

4.2 )k Budniy 3215

-~

S A RS T oA -

421 o GFEBFERE £ 47

PRI ER L RER Y R AR AN SRS BIT AR E BT
BT LR AR o B AP D RERGBRF LR Y TR S
(4 : 240x320 ~ 480x320 ~ 640x480 ~ 800x480 ~ 800x600 ~ 1024x768 ~ 2 2 1280x960)

T b Y L ABRYERARS L TR 100K LT ERE B
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B YRR RS L B FPRETE R o PSR 0 & 240x320” -
“480x320” + “640x480” ~ “800x480" ~ “800X600” ~ “1024X768” ~ 11 % “1280x960"
st Y R E R A B 5 038 4~ 0.85 4 ~ 155 #) ~ 1.55 4/ ~ 1.82

#5327 4) > 1% 546 ) > 4@ 14 #77 o

5.46

F 8 SR S0 2 0 (B)

a
1
o - _ : ; : : : .
240x320 480x320 d40x420 E00x480 2002600 10242768 12802060
BAamnn i)

Bl 14~ 7 BRI R EL G &EFFm T A 47

422 BHIERTLREF A

AETRBEEAF 2404 BE S FBF SL 10E)F SR kiF
B FRAR: EBR SR g bt B2 ST 0Z ooy
PR o A F F Y Bt k-fold cross-validation = 2 kg 7 & Furkar 3
BodE A F A BLE T LR P ReRIRIER > 1 Y A ey 240 X (k = 240) -

F B - R TR RRETOR @ 230 X TR AR E RS R

et

e IR B P R R S

FPERAF 240w o

F %+ * Gradient Magnitude Image (GMI) ~ Region Adjacency Graph (RAG) ~

k-Nearest Neighbor (kNN) ~ ¢ Self-Organizing Maps (SOM) & = /2 i& {7 f S %F 7%
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o FEESpAcE 3fcB 15 27 o H ¥ d gt RAG B 2P BE g it b
Bk i KB HAE RAPM  FlS e hFT Y Y KK 5 5~90 A B0 KNN G B
e SOM FE 2 A WEF I mI AT - FHRESHTE2H* KNNFE 2> 1
& w) % 22.08% ~ 36.67% -~ 43.33% ~ 47.92% ~ 11 % 48.33% ; i § :xd* SOM
B ¥ 2L L 76.25% ~ 78.33% ~ 80.83% - 81.25% ~ 1 % 81.25% o F|pt » AFTF

RAG i B i 3t 4B 0 gy A0 Gl d  efih K B % 3 cn@ e £ 1% SOM

8 % & GMI - RAG it 7 MMEP 4 iF » & & 42 & ¢ 12 Case Study = ;¢
RS RS

%23 2F Pkt FHAKETLFE SR ES ST

the number of the largest segments (k)] GMI+RAG+kNN | GMI+RAG+SOM
5 22.08% 76.25%
6 36.67% 78.33%
7 43.33% 80.83%
8 47.92% 81.25%
9 48.33% 81.25%
100% -
90% -
# o 800% -
-ﬁﬁ '-'00.’ -
H S0
# 60% -
B 50% - B
i{% 40% A B GMI+RAG+ENN
s 30% -  mGMIH+RAGHSOM
o 20% -
10% -
0% T T T T T
5 6 7 8 9
MERBR

BI15 &% Fdot FoBcl T2 SFems md A4
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423 B SiThE R B ARG A I

P B BN FL N F #B- A 32 L (BCRA)> Google blog search engine ¢ 4% 3
ﬁj'\?—‘%‘éuﬁﬁ&* 125,,”1":’5-1?_%_,4,\]?1‘04]«2;%}%»'4, ’_%_ ’L_’f‘J;}'%_Q‘;’J
F o At F & ¢ g k-fold cross-validation = j3 % i& 7 & sacic 3G o BE 5

FRABLEEFT AR P frRlE=h o 29 FRLES 128 K=12) - 5 & > 4

|

FFERLRIREA e 11 8 TR 322 § A 20 3 F R T RGNS
CRAE S X GER i&iﬁ'léi‘?ﬂ“’i@?'] NIBFIER o D IR FEF o R kS kA S
FHEFRR R ERAF LRy 2 AT T LR2FHS R &k v
h#dEE(AMDS)F 8 22 & 93 2 % FFP-2 D fE & o 3 (7 ¥
THTHE S T8% d LT EF § 2 i $ 4 & (AMDS)iF & 2 T B (E 2

FUEROEHRER 0T BN R ATV ERY FF o0y id T REP S

e . YT

% 7352 IMEAD #%2 it | MEAD |AMDS #5352 it | AMDS
BRFAEK| mELFOK | LAY | AHREoK | DA
Expert 1 15 6 40% 11 73%
Expert 2 9 3 33% 6 67%
Expert 3 5 3 60% 5 100%
Expert 4 16 7 44% 13 81%
Total 45 19 42% 35 78%

j\ﬁﬂ;Z DRI LA el & fg' KSR J,—,\ (g R1:A ﬁ;; ;J‘_;/,E%_g 3+ MEAD

fo AMDS 4 uit 79 it » % % 4o§] 16-a foF 16-b 77 o
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Merchandise Evaluation

I have combination
NIGHTMARE skin and have
been through SO many
moisturisers over the years.
My skin has the tendency to
go from really oily to oily with
random flaky patches on my
nose and chin to sensitive.
It's crazy. If a moisturiser
doesn't break me out, then it

W 16-a~ ¥ &:%#% 4 & p % (MEAD)

Merchandise Evaluation

Moisture Surge is suitable for
all skin types. Now Moisture
Surge isn't a moisturiser in
the traditional sense. It's a
gel like (but it's not a gel)
moisturiser which is very light
and practically melts into my
skin when applied and leaves
it incredibly smooth and soft
to the touch. When I

N P TR

=Y

B 16-b 7 5= 4F & p % (MMEP)

4.3 & | & 77
?‘ﬁvi\ﬁr@';ig_‘-l L:.(MMEP)_L-Q Lod fg .ﬁ@f"@ r‘?"‘fﬁﬁ@li @i 2R
BoOLEFETER SRS B SEFR R YRR 4R 17 467
4 &
TP
Eﬁr‘ﬁ F'r'j_‘FPE ?r‘xﬁ %;Léé\nk- Fi /;4 f»“u
%‘K;‘gfé,vf‘_il‘.;/k‘
W PETE SRRk A a RS 1
T B i i PRAE
R ELY
Rz ] B AR RS
—ﬁr%?}‘mlj‘:_/‘ ‘
gL
PR &

B 17~ i sdk v
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Step 1: § & * —‘ﬁ{é_ B ~F, FORLY b chp SR T U £4s L gL I

Step 2: #-P& 5 F @ 3 TPk
ToEHEBY > 4oW 18-a~ 18-b ~ 18-c #777 o

Step 3 PR ST hSE(RMIS) e Bl B s #p 9038 7 8 S7%

# 0 & TR & R B 4p AR Bl (Region Adjacency Graph, RAG)fr i b ‘e s ph 54 [F] 4

i (Self-Organizing Maps, SOM):& 7 2 lfed2 82 2 55 » @ BT SFERFH P &

I——%’*—‘ﬁ % 0 dr@ 19 frow oo

R &0 T AN SAp B

% MMESP

Merchandise Identifying

Merchandise:

[ Unad | Gl |

182~ T H &rE(< 8 50)

g

xailnns
b
4

+E J.u_'

(]

B 18-b ~ T pF i &-74is(Facebook 4x)

] 18-c ~ T pFE H-3Ea(Google Gadget #x)
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% MMESP

Merchandise Identifying

Brand: Clinique
Series: Moisture Surge

Step 4: 7 &iTwmiE kS & SL(MES) p # 7| Blog Corpus ® #28~4p b =% {o 7

e T R

Step 5: 5 v A B ER PR LR TAEAN FHEF P L FRIS

pal
=

LSCF £ -’

g an E‘ﬂ
% MMESP

Merchandise Evaluation

I have been using Moisture
Surge daily (day and night)
for three weeks now and I'm
very pleased with the results
so far. Funnily enough the
product that has worked for
me isn't one that's geared to
my specific skin type at all.
Moisture Surge is suitable for

all ekin twnae Mow Mnictiire

= il

A

R Ir

W20~ 5 &t

\'.'E]

Step 6: § TR E SRR ARMIS)RR R $ 1 > HURE &

WRAEE T ASR(MRS) LG BB R T AR NI A ot 2 4p R R
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FRERRAAMTAEFIOF > N LB FIFIReL? SIAPHBF SR RT
T #-H Crawl {- Parse = % i+ % 7 & i #& Corpus °

Step 7: v HAEEIFIAI A B TR 0 A At B R ROF ST - T
P - R BE BHRERFIRAPME S H R Corpus o2 R AR
Ko FEFI R SR NG OGRRY F T BRSNS RE S @A

e ~ A n o 4B 21~ B] 22 A5 o

(RS P O] S P -
Eﬁi&«lﬂ%?ﬁﬂ i%ﬁ&r}ﬁﬁi % MMESP
f{:,ﬁ,r 5;.‘5}&;&, ' ;;»_;ﬁ,r 5}3’&:‘@. Merchandise
T T R B Recommendation
¥ NIQUE Moistur
’ xtended Thirst Relief {30ml
R .% PEN) PCHome $899

CLINIQUE Moisture

Surge Moisture Surge
‘—ﬁ "Er'i%,' i :F“& L #FB" (RELAES ‘ Extended Thirst Relief {30ml}
UrCosme $1000

LRG| '

T

M2l 7 s g

% MMESP

Merchandise
Recommendation

CLINIQUE Muoisture Surge

PCHome $899 B E

Surge] | Moisture Surge
Extended Thirst Relief {20ml}
UrCosme £1000

FPOQINAT A TRITOUIE Maicthnirs
B 22~ 7 &40 k5
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s Y
% 7 2%

il

-

ERRE a6 N I M S A R S AR L o s S Ve R LR
T B mzﬁ—’{u,ﬁh% BT T e 3 #ET M 0 A FT F B R Bl 4p A8 ] (Region
Adjacency Graph, RAG) ~ p #* 2 %% pt 4 [f] % i (Self-Organizing Maps, SOM) ~ 4
£ 3= £ (Intelligent Agent, 1A) ~ 2 5 < & g & 4§ & $jw(Multiple Document

Summarization, MDS) % & fF 3 & 3ot o R R W2 [ BT ERAY o F 6 ¥ ﬂ B

B b pE > T LAY LB (TR KR T G PR T SRERAE 0 B Y 8 4

Ral3y

3G < f5qr i £ Beizps 78 B (PDA) » (5o & & {7 B 3§ (40 1 GPRS/UMTS/LTE

® |[EEE802.11) » B /¥ A2 R LA E 3 3P 8 59 4p B PRIE -

Flot oo e - B = A = (3tien) F 2 &3 g L (Mobile
Merchandise Evaluation Platform, MMEP) > ¢ 3% 5 &7+ & ti(Real-time
Merchandise Identification Subsystem, RMIS) ~ 7 &-:%# & 3%+ & t(Merchandise
Evaluation Subsystem, MES) - 72 % 7 S0t @ 4 & + & 4 (Merchandise
Recommendation Subsystem, MRS) - # ¢ » FpFgs By sk LL(RMIS) T * & #
1o A B (RAG) fr p 2 e i ph 54 B B (SOM)E ¥ & B 7 &Rt fic » 15 »eit 7
AR B FER T ES T i 81.25% ¢ B TR S A A(MES) S S S it B
4 & H v (Multiple Document Summarization, MDS){r it 3+ &= & *~ %
(Merchandise Comment Term Ontology, MCTO) » B~ 75 &:=ihdE & » T GAI B &
FSERFEERF OV HE > DR VET8% ER Y AV UERY S PHhER &
g @@?Ji (R PIR BT IFE L d2 > 2 WHRP SFERET T R R

EAPM R SR w R Jle R FrEp R e R E R MY A ST

“ﬁ

o

ARSFEL 2w eI HAFT SR DR HRF AADBERETAF &P D

oot e ARRUPBEEBASED TH AL ORI EH ORI UBS
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