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Abstract

This thesis considers a three-machine two-stage differentiation flowshop to

minimize the makespan. The flowshop comprises a common machine on stage-

one and two independent dedicated machines on stage-two. All jobs consist

of two operations, the first one is performed on the stage-one machine and

the second is performed on the stage-two machine. All jobs share, and com-

pete for, the common stage-one machine. A constant setup time is required

whenever a batch is formed on the stage-one critical machine. Two different

modes of batch composition, compatible and incompatible, are investigated.

We also assume that the sequences of two types of jobs are fixed. The ob-

jective function to minimize is the makespan, or the maximum completion

time. We proposed two polynomial-time dynamic programming algorithms

for optimally solving the problems with compatible batching and incompatible

batching, respectively. We then deploy the dynamic programming algorithms

for computing lower bounds of the original problem without the assumption

of given job sequences.

keywords : Delay differentiation; flowshop; batch; makespan; critical machine;

lower bound; dynamic programming.
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摘摘摘要要要

本篇論文探討一個三機台兩階段之差異化流線型機台組之生產模型，其

包含一台主要機台與兩台專用機台。所有工作都包含二項作業，工作的第一

項作業在第一階段的處理當中皆共享同一主要機台，而在第二階段當中，工

作的第二項作業即由該工作所屬之專用機台處理之。在第一台機台上，所有

的批次處理前皆需要一個固定的準備時間。本篇論文考慮二種批次處理的形

式，分別為可相容的與不可相容的批次處理。在某些情況中，我們假設二種

類型工作的執行順序已經給定且不可更動。探討之目標函數是要最小化最大

完工時間。針對兩類批次形式，我們分別提出動態規劃演算法求取最佳解。

另外，我們也利用此兩個演算法求取未給定執行順序之原始問題最佳解之下

界值。

關關關鍵鍵鍵字字字：差異化生產、流線型機組、批次排程、 最大完工時間、下界函

數、動態規劃。
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Chapter 1

Introduction

Delayed differentiation or postponement is a concept in supply chain management where

the manufacturing process starts by making a generic or family product that is later

differentiated into a specific end-product. This is a widely used method, especially in

industries with high demand uncertainty or the need of mass customization, and can be

effectively used to address the final demand even if forecasts cannot be improved. In

particular, the model, delayed differentiation flowshops, is one of the major approaches to

achieving mass customization (Da Silveira, et al. 2001; Simchi-Levi, et al. 2000). In the

global marketplace nowadays, the trend of customization is a major reason for demand

uncertainty. In order to compete effectively in the marketplace, firms have to keep their

operations flexible to overcome various problems, such as demand uncertainty. Opera-

tional flexibility has received considerable attention because it can give consideration to

demand uncertainty and inventory cost. Since the flexibility of operations is crucial to the

manufacturing firm’s strategy, it is conceivable that the delayed differentiation can bring

respectable revenue to the manufacturing firm if it can be adopted appropriately. Gupta

and Benjaafar (2003) also mentioned that delayed differentiation carries several benefits.

Maintaining stocks of semi-finished goods reduces the order-fulfillment delay relative to

the pure MTO (Make-To-Order) system. Since many different end products have com-

mon parts, holding semi-finished goods inventory benefits from demand pooling, which

is known to lower the amount of inventory needed to achieve a service-level performance

equal to that of a comparable system with no pooling (Eppen 1979). Furthermore, invest-

1



ment in semi-finished inventories is smaller when compared with the option to maintain a

similar amount of finished-goods inventory. There is also the benefit of learning, realized

from having better demand information before committing generic semi-finished products

to unique end products. Additional benefits from delaying differentiation include a sig-

nificant streamlining of the MTS (Make-To-Stock) segment of the manufacturing process

and simplification of production scheduling, sequencing and raw material purchasing.

In the following, we introduce five real applications where delayed differentiation is

deployed.

1. Chair: The main body of the chair is manufactured on the first production stage.

There are several different head-supports assembled on the second stage. Thus,

each chair proceeds to a different machine for this second stage. Clearly, the second

stage can consist of an assembly of a final part as described above, or of coloring

(by one of several possible colors), or of packing (in one of several types of boxes),

etc. (Cheng et al. 2009)

2. Pottery: The main glazing process of potteries may be performed on the first pro-

duction stage. Several heating processes for distinct figures or dissimilar effects are

applied on the second stage. That is, each pottery proceeds to a corresponding ded-

icated machine for baking process after being glazed. The second stage may consist

of re-glazing, various thermal treatments, or packing. (Cheng et al. 2009)

3. Knitwear: Benetton is a world leader in knitwear. It resides in a large logistics

network where many retailers are involved. The problem Benetton faced is that

it is hard to predict what items, colors, etc. will sell. So Benetton redesigned

their manufacturing process such that all knitwear are initially all white, and then

dyed into different colors only when the season/customer color preference/demand is

known. By postponing the step of dyeing, Benetton is able to successfully delay color

selection until the season’s fashion preferences become more established. (Bruce

1987)

4. Computer: Dell built a global business on selling and configuring personal com-
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puters when orders are received, rather than stockpiling finished product on the

basis of demand forecasts. Besides, it is almost impossible to use the MTS (Make-

To-Stock) system, because the configuration of every client want is unpredictable.

Dell postpones final assembly until an order arrives via its online retailing network.

Clearly, it is also an application of differentiation flowshops if we treat the process

of manufacturing the component of computers as a job on the stage-one and the

process of assembling and configuring as a stage-two job. (Magretta 1998)

5. Printer: Delayed differentiation also is embedded in the manufacturing processes

of Hewlett-Packard’s printer. The company’s Deskjet and Deskwriter printers are

made in its Vancouver and Singapore plants and distributed to the U.S., Europe

and Asia. Selling printers in Europe means following each country’s requirements for

printer configurations: different decals, a country-specific power plug and language-

specific manuals. (Feitzinger and Lee 1997)

In this thesis, we link a two-stage supply chain with a two-stage flowshop. When we

consider a supply chain in an abstract way, it can be viewed as a production line within an

organization. A flowshop-type production consists of machine arranged in series such that

all products need to be processed in the order of the machines are arranged. Kyparisis

and Koulamas (2000) who studied this two-stage flowshop mention that “applications of

the proposed flowshop model are encountered in manufacturing settings, where all jobs

must first go through the same main process, and then they require a finishing operation

special to the job”.

Scheduling refers to managerial decision making that allocates limited resources to

activities so as to optimize, subject to functional constraints or assumptions, a certain set

of performance measures. Scheduling is crucial to operations management of applications

in manufacturing and service industries (Pinedo 2002, Pinedo and Chao 1999). Since the

seminal work of Johnson (Johnson 1954), flowshop scheduling has been receiving consid-

erable research attention (Dudek, et al. 1992; Reisman, et al. 1997). This broad topic

contains many different settings and special cases, reflecting a wide range of applications.

In this thesis, we consider a special three-machine two-stage flowshop called differentia-
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Figure 1.1: Differentiation flowshop model

tion flowshops, where all products (jobs) share a common critical machine on the primary

(first) stage, and then each individual product proceeds to a dedicated machine on the

successive (second) stage. Please refer to Figure 1.1 for the machine configuration. Many

manufacturing environments which produce multiple final products are extensions of this

basic model. In this thesis, we study the manufacturing environment shown in Figure

1.1. Under such an environment, the stage-one machine is common for all products. This

means that the model can be used to achieve mass production of homogeneous products

at the first stage, and the products proceed to the stage-two machines for further differ-

entiation operations. As batch processing is common in mass production, we consider the

production environment where batching is required on the stage-one machine.

The rest of this thesis is organized as follows. In Chapter 2, we will present formal

statements of the problem definition, and the notation that is used throughout the pa-

per. Review on related works follows. As the studied problem is known to be NP-hard,

we will study the scenario that the production sequence of products on each stage-two

machine is known and given. Chapter 3 presents an algorithm for the differentiation flow-

shop problem with compatible batching. We dedicate Chapter 4 to the development of

a dynamic programming algorithm for the differentiation flowshop problem with incom-

patible batching. We give concluding remarks and suggest potential research directions

in Chapter 5.
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Chapter 2

Problem Statements and Literature

Review

In this chapter, we first introduce the notation used in this thesis. A formal definition of

the studied problem follows. A numerical example will be given for illustration. Related

works will also be reviewed.

2.1 Problem Definition and Notation

The notation that will be used throughout this thesis is defined as follows:

Notation:

n1: the number of type-1 jobs;

n2: the number of type-2 jobs;

n = n1 + n2: the number of all jobs;

I = {I1, I2, . . . , In1}: the set of type-1 jobs;

J = {J1, J2, . . . , Jn2}: the set of type-2 jobs;

M0: the stage-one common critical machine;

M1: the stage-two dedicated machine for jobs in I;

M2: the stage-two dedicated machine for jobs in J ;
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Ii,m: the operation of job Ii ∈ I on stage m, m = 1, 2;

Jj,m: the operation of job Jj ∈ J on stage m, m = 1, 2;

pIi,m: the processing time on stage m, m = 1, 2, of job Ii ∈ I;

pJj,m: the processing time on stage m, m = 1, 2, of job Jj ∈ J ;

pI(i),m: the i-th smallest processing time on stage m, m = 1, 2, in {pI1,m, pI2,m , . . . , pIn1,m
};

pJ(j),m: the j-th smallest processing time on stage m, m = 1, 2, in {pJ1,m, pJ2,m , . . . , pJn2,m
};

s: batch setup time on machine M0;

Bl: the l-th batch on machine M0;

C∗
max(I

′ ∪ J ′): the optimal makespan of job set I ′ ∪ J ′ for I ′ ⊆ I and J ′ ⊆ J ;

S(I ′ ∪ J ′): a particular schedule of job set I ′ ∪ J ′ for I ′ ⊆ I and J ′ ⊆ J ;

Cmax(S(I
′ ∪ J ′)): the makespan of schedule S(I ′ ∪ J ′);

S∗(I ′ ∪ J ′): optimal schedule of job set I ′ ∪ J ′ for I ′ ⊆ I and J ′ ⊆ J .

The problem is formally defined as follows. The manufacturing model is a three-

machine two-stage differentiation flowshop consisting of a stage-one common critical ma-

chine and two independent dedicated machines in the second stage. The jobs belong

to two different types: type 1, I = {I1, I2, . . . , In1} and type 2, J = {J1, J2, . . . , Jn2}.

There are in total n = n1 + n2 jobs to process in the differentiation flowshops. Each

job in I comprises two operations, the first of which is performed on the stage-one com-

mon machine M0, and the second is performed on the first dedicated machine M1, as in

the classical two-machine flowshop. Similarly, the jobs of J are processed first on the

common critical machine and then on the second dedicated machine M2. Jobs of both

types are processed on the common critical machine in batches. A constant setup time

s is required whenever a batch is formed on the stage-one critical machine. The batch

scheduling model we adopt in this thesis is sum-batch or sequential-batch, under which

the processing length of a batch is the setup time plus the processing lengths of the jobs

contained in the batch. Batch availability is assumed, i.e., the first operation of a job is

finished and the second operation is available for proceeding to the second stage when all

operations in the batch to which the job belongs has been finished. We will investigate
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two modes of batch composition on the common machine: compatible and incompatible.

In compatible composition, jobs from different types can reside in the same batch. On

the other hand, incompatible composition requires that any batch must contain jobs of

the same type. The objective function considered is the makespan, i.e., the maximum

completion time of all jobs.

To the best of our knowledge, the production model was not investigated in the liter-

ature. Our study is to investigate the scheduling problem of minimizing the makespan,

i.e., the maximum completion time of all jobs.

As the problem is known to be strongly NP-hard, in this thesis we consider a simplified

situation where the sequences of jobs for each type on the stage-one machine are known

and fixed. Subject to this assumption, the problem reduces to finding how to interleave

two sequences of jobs and how to batching the jobs on stage-one machine. Besides, we

consider only permutation schedule, that is, jobs of the same type have the same processing

sequence on the critical machine and on their dedicated machine. Each machine can

process at most one operation at any time, and no preemption is allowed. The objective

is to batch and schedule the jobs so as to minimize the maximum completion time.

To illustrate the problem definition, a numerical instance is given as follows. There

are four jobs in two types to be scheduled: type 1, I = {I1, I2} and type 2, J = {J1, J2}.

The batch setup time is 1. The processing times are shown below.

Jobs I1 I2 J1 J2

stage-one pI1,1 = 2 pI2,1 = 5 pJ1,1 = 4 pJ2,1 = 3
stage-two pI1,2 = 4 pI2,2 = 3 pJ1,2 = 6 pJ2,2 = 2

Given two batch sequences σ1 = ((I1, J2), (J1, I2)) and σ2 = ((J2, J1), (I1, I2)), we have

two corresponding Gantt charts as shown in Figure 2.1 and Figure 2.2. Batch sequence

σ1 has the makespan of 22 and batch sequence σ2 has the makespan of 23. Note that

batch sequence σ1 is scheduled under the compatible batching mode, and batch sequence

σ2 is scheduled under the incompatible mode.
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Figure 2.1: Gantt chart of batch sequence σ1
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J2,2

10

J1,2
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Figure 2.2: Gantt chart of batch sequence σ2

2.2 Literature Review

It can be easily seen that when there is only one type of jobs and there is only one dedicated

machine at stage two, the problem reduces to the classical Johnson’s two-machine flowshop

scheduling problem (Johnson 1954), which can be solved in O(n logn) time. The model

of delayed differentiation studied in this thesis probably first investigated by Herrmann
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and Lee (1992), in which three objectives, makespan, number of tardy jobs and maximum

tardiness, were investigated. In their research, they defined two types of dispatching rule,

look-ahead and look-behind, to approach to scheduling job shops. Look-ahead and look-

behind scheduling includes procedures that look around the shop for more information to

use in making a scheduling decisions. Look-ahead models consider the machines where

the jobs will be headed after this stage. Look-behind models on the other hand consider

the job that will be arriving at this machine soon. They use the terms look-ahead and

look-behind to designate scheduling procedures that do more than consider just the state

of one machine.

Drobouchevitch and Strusevich (2000) studied the two-stage job shop scheduling prob-

lem with a bottleneck machine which can be thought as a general case of our problem.

Given an arbitrary number of stage-two machines in a job shop, they designed a heuristic

algorithm for makespan minimization with a performance ratio 3/2. Without knowing

the existence of Herrmann and Lee (1992) and Drobouchevitch and Strusevich (2000),

Kyparisis and Koulamas (2000) investigated the same model but with m types of jobs,

and correspondingly m dedicated machines at the second stage in the case of flow shop

and open shop. Their model is polynomially solvable under a strong assumption, called

block assumption, that jobs of the same type must be processed contiguously on the

stage-one machine. Under the such assumption, they developed a makespan minimizing

algorithm in O(m(n logn + logm)), where n is the total number of jobs from all types.

Mosheiov and Yovel (2004) improved Kyparisis and Koulamas’s algorithm and reduced

the time complexity to O(n logn) subject to the common constraint m ≤ n. Cheng and

Kovalyov (1998) incorporated the same model but with the job dependent setup time.

They proposed an O((n1 + n2)n
4
1n

3
2) dynamic programming algorithm, where n1 and n2

are the number of jobs of type-1 and type-2, for makespan minimization. Particularly,

the reverse model of delayed differentiation with dedicated machine installed on stage one

was studied by Oǧuz et al. (1997). They showed that minimizing makespan is ordinar-

ily NP-hard by a reduction from Partition. A strongly NP-hard proof was given by Lin

(1999) for the same problem. Neumytov and Sevastyanov (1993) in Russian studied the

9



same problem.

While the three-machine two-stage differentiation flowshops model has been inves-

tigated in some research papers, to the best of our knowledge, no previous work has

ever addressed the batch considerations. Batch scheduling has received considerable re-

search attention in the past two decades. There is a large body of research works on this

subject. Cheng et al. (1999) and Potts and Kovalyov (2000) are two excellent reviews

provide a broad coverage and a comprehensive classification scheme. In the literature,

batch scheduling adopting the max-batch model with batch-item availability options has

been addressed in the single-machine setting (Aneja and Singh 1990; Baker 1988; Gerodi-

mos et al. 2000; Lin 2002; Vickson et al. 1993) and two-machine flowshop settings (Cheng

et al. 2000; Cheng and Wang 1999; Lin and Cheng 2002).
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Chapter 3

Batching with Compatible Items

3.1 F (1, 2)|comp, s-batch|Cmax with regards to fixed

sequences

In this section, we study the batch scheduling problem with compatible batches to mini-

mize the makespan subject to the condition that the processing sequences of either types

of jobs are known and fixed. For the studied problem, the term “comp” is present in the

second field to specify that a batch is allowed to contain different types of jobs. Given

a batch scheduling system and the set of jobs to be processed, the scheduling problem

is to decide the composition of each batch, i.e., the assignment of jobs to batches, the

sequence of the batches to be processed, and the sequence of the jobs in each batch. The

assumption of fixed sequences refers to assumption that the job sequences of I and J are

given and fixed. Since we have the assumption of fixed sequences, the decision remains

here is how to interleave two given job sequences and also group the jobs into batches on

the stage-one machine. It is easy to show that there exists at least one optimal solution

which is a permutaton schedule. Therefore, we consider only permutaion schedule in this

thesis, i.e., the processing sequences on both critical and dedicated machines of two types

of jobs are the same.

The first issue concerns optimally interleaving two sub-sequences without batching.

Herrmann and Lee(1992) proposed a polynomial time algorithm for resolving this issue.

11



Their approach first associates every job with a due data and transforms the problem into

another scheduling problem that seeks to find a schedule with the minimum maximum

lateness, Lmax. Denote the job sequence of I as σI , σI = (I1, I2, . . . , In1), and job sequence

of J as σJ , σJ = (J1, J2, . . . , Jn2). The following algorithm can yield a schedule with the

minimum Lmax:

—————————————————–

Algorithm HL

Input: σI and σJ

Output: A sequence of jobs of I ∪ J with the minimum Lmax.

Step 1. For each job Ik of I, define Ah as the set of jobs (not including Ik) that follow

Ik in σI . Then, dk = pIk,2 +
∑

Ah
pIk,2.

Step 2. For each job Jk of J , define Ah as the set of jobs (not including Jk) that follow

Jk in σJ . Then, dk = pJk,2 +
∑

Ah
pJk,2.

Step 3. Schedule the jobs on machine M0 in non-increasing order of the dk, starting at

time zero, and start all second stage operations as soon as possible.

—————————————————–

Step 1 and Step 2 of Algorithm HL respectively require O(n1) time and O(n2) time

to compute the due-dates. Step 3 takes O(n1 + n2) = O(n) time to interleave two job

sequences, since jobs in each sequence are already sorted in non-increasing order of the

dk, and forming the one job sequence which will be scheduled on machine M0 is only to

combine the two sequences without changing the relative ordering in each sequence.

While the interleaving issue is resolved, we proceed to the batching issue. On a single

machine, problem 1|s-batch|Lmax is to sequence as well as batch the jobs so as to minimize

the maximum lateness.

Lemma 3.1. (Webster and Baker, 1995) There is an optimal schedule for the 1|s-batch|Lmax

problem in which the jobs are sequenced by the EDD rule.

Based upon Lemma 3.1, Webster and Baker (1995) developed a backward dynamic
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programming algorithm for the 1|s-batch|Lmax problem. Assume that the jobs are in-

dexed in non-decreasing order of their due dates. Let B(i) denote the optimal Lmax of the

single machine problem for jobs Ji, Ji+1, ..., Jn. The dynamic program defines a recursive

formula to derive B(i) from B(j), 1 ≤ i < j ≤ n, by inserting a batch of jobs {Ji, ..., Jj−1}

in front of the schedule associated with B(j). The algorithm is given as follows:

—————————————————–

Algorithm WB

Initialization:

Set B(n+ 1) = −∞.

Recursion:

B(i) = min
i+1≤j≤n+1

{(

s1 +

j−1
∑

r=i

p1r

)

+max {−di, B(j)}

}

.

—————————————————–

The optimal Lmax is given by B(1). The detail grouping decision can be obtained by

backtracking. As for the running time, we note that there are O(n) states, each of which

requires O(n) time to enumerate different job indices j. The overall computation effort

for calculating B(1) is thus O(n2).

Based upon their algorithm, we can solve the F (1, 2)|comp, fixed seq, s-batch|Cmax

problem optimally in polynomial time. We first treat the operations of jobs of I ∪ J on

machine M0 as jobs and associate them with due dates as defined in Algorithm HL.

Then, Step 3 of Algorithm HL produces an EDD job sequence on machine M0. Then,

we apply Algorithm WB to optimally group the jobs in the sequence. The following

theorem thus follows.

Theorem 3.1. Problem F (1, 2)|comp, fixed seq, s-batch|Cmax can be solved optimally in

O(n2) time.

Proof. As explained above, solving F (1, 2)|comp, fixed seq, s-batch|Cmax consists of in-

voking two algorithms, Algorithm HL and Algorithm WB. The Algorithm HL
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takes O(n) time to interleave two job sequences. And, Algorithm WB requires O(n2)

to batch the jobs on machine M0. Therefore, the overall complexity is O(n2) and the

proof is complete.

3.2 F (1, 2)|comp, s-batch|Cmax

In this section, we will return to the F (1, 2)|comp, s-batch|Cmax problem without the

assumption of two fixed sequences. Without the assumption of fixed sequences here,

the general problem of differentiation flowshop to minimize makespan, F (1, 2)||Cmax, was

proven to be strongly NP-hard by a reduction from 3-partition by Herrmann and Lee

(1992). From the existing result, it is obvious that F (1, 2)|comp, s-batch|Cmax is strongly

NP-hard even without any batching concern.

The NP-hardness indicates that it is very unlikely to design a polynomial time algo-

rithm for producing optimal solutions. Branch and bound algorithms are one of the exact

methods which is widely adopted for tackling hard optimization problems. Effective lower

bounds, used to pruned off non-promising solutions, are crucial to the efficiency of branch

and bound algorithms. In the following, we will develop a lower bound based upon the

result of Theorem 3.1.

For any job set I ∪ J to be processed, we can derive another job set I ′ ∪ J ′ by

rearranging the operations of the jobs to create a data set called ideal data set. In

makespan minimization of a two-machine flowshop problem, a job is preferred to be

processed first if its processing time on stage-one is shorter and its processing time on

stage-two is longer. A data set is ideal if and only if the data set contains jobs where a job

with a shorter processing time on stage-one has a longer processing time on stage-two. In

the following, we create such an ideal data set I ′ ∪ J ′ from the given job set I ∪ J . For

all k = 1, 2, . . . , n1, job I ′k in I ′ is defined by two parameters:

1. pI′
k
,1 = pI(k),1, i.e., the k-th smallest element among pI1,1 , pI2,1, . . . , pIn1,1

.

2. pI′
k
,2 = pI(k),2, i.e., the k-th largest element among pI1,2, pI2,2 , . . . , pIn1,2

.

In a similar way, job J ′
k in J ′ is defined by pJ(k),1 and pJ(n2−k+1),2 for all k = 1, 2, . . . , n2.
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We index the jobs in I ′ and J ′ in non-decreasing order of their processing time on ma-

chine M0 and denote the sequence of I ′ (respectively, J ′) as σI′ (respectively, σJ ′).

Lemma 3.2. There is an optimal schedule of the instance I ′ ∪ J ′ where jobs of I ′ are

sequenced by σI′ and jobs of J ′ are sequenced by σJ ′.

Proof. Without loss of generality, we assume that the processing times of all opera-

tions are distinct. Given a schedule of the instance S(I ′ ∪ J ′), for each pair of jobs
{(

I ′k, I
′
k+1

)

|k = 1, 2, . . . , n1 − 1
}

in S(I ′ ∪ J ′), we swap their position if pI′
k,1

> pI′
k+1,1

.

Note that if the condition is met, it implies pI′
k,2

< pI′
k+1,2

. The similar job-interchange

technique is applied to job set J ′. Since the total idle time on either dedicated machine

will not increase after the job interchange, it is clear that the makespan will not increase

in the derived schedule. Repeating the job interchange, if necessary, will finally lead to a

schedule in which all jobs of I ′ are sequenced by σI′ and jobs of J ′ are sequenced by σJ ′.

We complete the proof.

Lemma 3.3. An optimal schedule of the job set I ′ ∪ J ′ can be found in O(n2) time.

Proof. To decide how to group jobs into batches, it can be easily done with theAlgorithm

WB which has the time complexity O(n2). Therefore, an optimal schedule of the job set

I ′ ∪ J ′ can be found in O(n2) time and the lemma follows.

Lemma 3.4. The optimal makespan of the job set I ′ ∪ J ′ will be no greater than the

optimal makespan of the original job set I ∪ J , i.e., C∗
max(I

′ ∪ J ′) ≤ C∗
max(I ∪ J ).

Proof. Consider the schedule S∗(I ∪ J ), i.e., the schedule of job set I ∪ J with optimal

makespan or C∗
max(I ∪ J ). For each pair of the stage-one (respectively, stage-two) op-

erations of jobs {(Ik, Ik+1) |k = 1, 2, . . . , n1 − 1}, we swap their positions if pIk,1 > pIk+1,1

(respectively, pIk,2 < pIk+1,2
) and leave their stage-two (respectively, stage-one) opera-

tions unaltered in their original positions. In the similar way, we apply the operation-

interchange technique to the operations of J on both stage-one and stage-two oper-

ations. Clearly, the makespan will not increase after we change the positions of the
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operations under the specific condition. Therefore, the derived schedule contains jobs

of the job set I ′ ∪ J ′ and has a makespan that is no worse than the previous one

in the same batch composition, i.e., Cmax(S(I
′ ∪ J ′)) ≤ C∗

max(I ∪ J ). The optimal

makespan of job set I ′ ∪ J ′ has the minimum makespan among all possible schedules of

job set I ′ ∪ J ′ or C∗
max(I

′ ∪ J ′) ≤ Cmax(S(I
′ ∪ J ′)). By transitivity, we can see that

C∗
max(I

′ ∪ J ′) ≤ C∗
max(I ∪ J ) and complete the proof.

In summary, by rearranging the operations in the two given job sets, we will get two

data sets, I ′ and J ′, which constitute an ideal data set. With the two fixed sequences of

jobs, the scheduling problem is now equivalent to F (1, 2)|comp, fixed seq, s-batch|Cmax

which can be solved optimally by the algorithm in the previous section (by Theorem 3.1).

Thus we get the minimum makespan of the derived problem, we also obtain a lower bound

for the original problem.

Theorem 3.2. A lower bound of F (1, 2)|comp, s-batch|Cmax can be found in O(n2).

Proof. The process of constructing I ′ and J ′ takes O(n logn) time because of the sorting

operations. Interleaving two sequences takes O(n) time, andAlgorithm WB takes O(n2)

time to group jobs. Therefore, the overall time complexity for obtaining a lower bound

of F (1, 2)|comp, s-batch|Cmax is O(n2).

An example is given in the following for illustrating the lower bound calculation for

the problem F (1, 2)|comp, s-batch|Cmax. There are four jobs in two types to be scheduled:

type 1, I = {I1, I2} and type 2, J = {J2, J2}. The batch setup time is 1. The processing

times of jobs are shown below.

Jobs I1 I2 J1 J2

stage-one pI1,1 = 2 pI2,1 = 5 pJ1,1 = 3 pJ2,1 = 4
stage-two pI1,2 = 3 pI2,2 = 4 pJ1,2 = 2 pJ2,2 = 6

An ideal job set I ′ ∪J ′ can be derived from the given job set I ∪J by the operation

interchange technique. The processing times of jobs in I ′ ∪ J ′ are shown below.
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Jobs I ′1 I ′2 J ′
1 J ′

2

stage-one pI′1,1 = 2 pI′2,1 = 5 pJ ′

1,1
= 3 pJ ′

2,1
= 4

stage-two pI′1,2 = 4 pI′2,2 = 3 pJ ′

1,2
= 6 pJ ′

2,2
= 2

Applying Algorithm HL, we can determine the sequence of jobs on machine M0. Let

D = 0, we can get the due dates of all jobs as shown below.

Jobs J ′
1 I ′1 I ′2 J ′

2

stage-one pJ ′

1,1
= 3 pI′1,1 = 2 pI′2,1 = 5 pJ ′

2,1
= 4

stage-two pJ ′

1,2
= 6 pI′1,2 = 4 pI′2,2 = 3 pJ ′

2,2
= 2

dk dJ ′

1
= 8 dI′1 = 7 dI′2 = 3 dJ ′

2
= 2

Dk DJ ′

1
= −8 DI′1

= −7 DI′2
= −3 DJ ′

2
= −2

The following is the recursive steps of Algorithm WB.

B(1) = min



































1 +
∑

1

k=1
pk +max {8, B(2)}

1 +
∑

2

k=1
pk +max {8, B(3)}

1 +
∑

3

k=1
pk +max {8, B(4)}

1 +
∑

4

k=1
pk +max {8, B(5)}

B(2) = min























1 +
∑

2

k=2
pk +max {7, B(3)}

1 +
∑

3

k=2
pk +max {7, B(4)}

1 +
∑

4

k=2
pk +max {7, B(5)}

B(3) = min











1 +
∑

3

k=3
pk +max {3, B(4)}

1 +
∑

4

k=3
pk +max {3, B(5)}

B(4) = min

{

1 +
∑

4

k=4
pk +max {2, B(5)}

B(5) = −∞

B(4) = min

{

1 + 4 + max {2,−∞}

}

= 7

B(3) = min











1 + 5 + max {3, 7}

1 + 9 + max {3,−∞}











= 13
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B(2) = min























1 + 2 + max {7, 13}

1 + 7 + max {7, 7}

1 + 11 + max {7,−∞}























= 15

B(1) = min



































1 + 3 + max {8, 15}

1 + 5 + max {8, 13}

1 + 10 + max {8, 7}

1 + 14 + max {8,−∞}



































= 19

Therefore, the lower bound of the optimal makespan of job set I ∪ J is 19, the corre-

sponding schedule is ((J ′
1), (I

′
1, I

′
2), (J

′
2)).
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Chapter 4

Batching with Incompatible Items

While differentiation flowshop scheduling with compatible batches subject to given two

job sequences was solved in the previous chapter, we investigate another batching policy

in this chapter. The batching policy we concern here is incompatible batching which

specify that a batch is allowed to contain only a single type of jobs. We will develop a

dynamic programming algorithm to solve this problem recursively. We adopt the three-

field notation F (1, 2)|incp, fixed seq, s-batch|Cmax to denote the studied problem.

4.1 Preliminaries

To deal with the F (1, 2)|incp, fixed seq, s-batch|Cmax problem, we also adopt the dynamic

programming approach. A recursive program for constructing an optimal solution to

an instance usually requires sufficient information on the optimal solutions in order to

decompose the instance into smaller ones. An optimal solution to the incompatible case

clearly specifies the makespan. However, the exact completion times on the two dedicated

machines remain unknown. Such a difficulty may hinder the development of dynamic

programming algorithms. In the following, we introduce an approach for retaining the

information on the completion times on the two dedicated machines.

Define binary function f(i, j, α1, β1, α2, β2, γ1, δ1, γ2, δ2, ε, ε
′) = 1 if the last job on

machine M0 belongs to type-1, and there exists at least one schedule which satisfies the

following conditions; otherwise, f(•) = 0.

19



1. Job Ii is the last type-1 job scheduled on machine M0.

2. Job Jj is the last type-2 job scheduled on machine M0.

3. Batch formed from jobs {Iα1, Iα1+1, . . . , Iβ1} is the last type-1 batch that has no idle

time prior to its dedicated operations on machine M1.

4. Batch formed from jobs {Jα2, Jα2+1, . . . , Jβ2} is the last type-2 batch that has no

idle time prior to its dedicated operations on machine M2.

5. Batch formed from jobs {Iγ1 , Iγ1+1, . . . , Iδ1} is the last type-1 batch on machine M0.

6. Batch formed from jobs {Jγ2 , Jγ2+1, . . . , Jδ2} is the last type-2 batch on machine M0.

7. There are ε1 (respectively, ε2) batches before the critical batch of type-1 job (re-

spectively, type-2), or εk batches before job Ik (or, Jk if it is a type-2 job).

8. There are ε′ batches on machine M0.

A binary function g(i, j, α1, β1, α2, β2, γ1, δ1, γ2, δ2, ε, ε
′) = 1 is similarly defined for

type-2 batch formed from jobs {Jγ2, Jγ2+1, . . . , Jδ2} scheduled last on machine M0.

If f(i, j, α1, β1, α2, β2, γ1, δ1, γ2, δ2, ε, ε
′) = 1 we can calculate the completion times of

two stage-two machines in the actual corresponding schedule as follows:

Completion time on machine M1 is

s× εα1 +

β1
∑

k=1

pIk,1 +

δ1
∑

k=α1

pIk,2, and

s× εα2 +

β2
∑

k=1

pJk,1 +

δ2
∑

k=α2

pJk,2

on machine M2. Therefore, the makespan of the corresponding schedule is

max

{

s× ε1 +

β1
∑

k=1

pIk,1 +

δ1
∑

k=α1

pIk,2, s× ε2 +

β2
∑

k=1

pJk,1 +

δ2
∑

k=α2

pJk,2

}

.

Figure 4.1 shows the configuration of state f(i, j, α1, β1, α2, β2, γ1, δ1, γ2, δ2, ε, ε
′).
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M0

M1

M2

s J1 s I1 bc bc bc s Iα1
Iβ1 s Jα2

Jβ2
bc bc bc s Jγ2 Jδ2 s Iγ1 Iδ1

Figure 4.1: Gantt chart of one state of function f

The goal is to find some f(n1, n2, ∗, ∗, ∗, ∗, ∗, ∗, ∗, ∗, ∗, ∗) = 1 or

g(n1, n2, ∗, ∗, ∗, ∗, ∗, ∗, ∗, ∗, ∗, ∗) = 1 whose schedule has the minimum makespan.

4.2 Recursions and Run Time Analysis

To determine whether entry f(i, j, α1, β1, α2, β2, γ1, δ1, γ2, δ2, ε, ε
′) = 1 or 0, we consider

the following four cases.

1. α1 6= γ1, β1 6= δ1, γ1 6= δ1

This case implies that the critical batch and the last batch on machine M0 are the

different batches, and the last batch contains more than one jobs.

f(i, j, α1, β1, α2, β2, γ1, δ1, γ2, δ2, ε, ε
′) = 1 if f(i−1, j, α1, β1, α2, β2, γ1, δ1−1, γ2, δ2, ε, ε

′)

= 1.

2. α1 = γ1,β1 = δ1,γ1 = δ1

This case specifies that the critical batch is also the last batch on machine M0 and

contains a single job Iδ1 .

Case 2.1: The job before Iδ1 is a type-1 job.

f(i, j, α1, β1, α2, β2, γ1, δ1, γ2, δ2, ε, ε
′) = 1 if f(i−1, j,m1, n1, α2, β2, q1, δ1−1, γ2, δ2, εm1,
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ε′ − 1) = 1 and the following inequality

s× εm1 +

n1
∑

k=1

pIk,1 +
a
∑

k=1

pJk,1 +

δ1−1
∑

k=m1

pIk,2 ≤ s× ε′ +

δ1
∑

k=1

pIk,1 +
b
∑

k=1

pJk,1

holds for some a and b.

a: the number of type-2 jobs before job In1.

b: the number of type-2 jobs before job Iq1.

In this situation, we have to find the critical batch in the schedule resulted from

deleting the last batch, which is the current critical batch. Since the detail informa-

tion on critical batch is crucial to recursion formulation and makespan computation,

it is necessary to find the critical batch before any further computation. The in-

formation like makespan can be calculated only when the critical batch is known.

We give a recurrence function to examine if one batch which is formed from jobs

{Im1 , Im1+1, . . . , In1}, {m1, n1} ∈ DP , is a candidate to be the critical batch or not.

A batch is a candidate means that it is critical for the successor jobs, but it can be

an idle or non-idle batch for the preceding jobs. A critical batch must be a candidate

and cannot induce any idle time. We define the domain DP as the feasible range of

m1 and n1, so

DP = {(m1, n1) |1 ≤ m1 ≤ n1, m1 ≤ n1 ≤ q1 − 1, n1 < q1 ≤ δ1 − 1}. The recurrence

function is given as follows.

Recursion:
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Pf(x, y, v, t) =































































































Pf (y + 1, u, v + 1, t+
∑y

k=x pIk,2), if u 6= q1 − 1

y + 1 ≤ u ≤ q1 − 1, and
∑m1

k=u pIk,1 + s× (v − 1)

≤ t +
∑y

k=x PIk,2

1, if u = q1 − 1

and
∑m1

k=u pIk,1 + s× (v − 1)

≤ t +
∑y

k=x pIk,2

0, otherwise

Goal: Find an instance of m1 and n1 in DP such that

Pf(m1, n1, 1, s+
∑m1

k=n1
pIk,1) = 1.

A recurrence relation Pg is similarly defined for the scenario in which the last job

on machine M0 is a type-2 job.

If a candidate of critical batch which is formed from jobs {Im1 , Im1+1, . . . , In1} can

be obtained from the recurrence function, then the next step is to determine if this

candidate is a real critical batch or not. The inspection process can be done through

a function similar to Pf . The inspection function will examine if the candidate is

an idle or non-idle batch. If a candidate is a non-idle batch, then this candidate is

a critical batch.

If such a critical batch exists, we can get it from function Pf . Then, we can go to

the next step to examine if function f is 1 or 0 in this case. We denote the feasible

range of a and b as the domain D1, so D1 = {(a, b) |0 ≤ a ≤ j, a ≤ b ≤ j}.

Hf
1 (a, b) =































1, if s× εm1 +
∑n1

k=1
pIk,1 +

∑a

k=1
pJk,1 +

∑δ1−1

k=m1
pIk,2

−s× ε′ +
∑δ1

k=1
pIk,1 +

∑b

k=1
pJk,1 ≤ 0

0, otherwise
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f(i, j, α1, β1, α2, β2, γ1, δ1, γ2, δ2, ε, ε
′) =















































1, if f(i− 1, j,m1, n1, α2, β2, q1,

δ1 − 1, γ2, δ2, εm1 , ε
′ − 1) = 1

and
∨

D1
Hf

1 (a, b) = 1

0, otherwise

Case 2.2: the job before Iδ1 is a type-2 job.

f(i, j, α1, β1, α2, β2, γ1, δ1, γ2, δ2, ε, ε
′) = 1 if g(i−1, j,m1, n1, α2, β2, q1, δ1−1, q2, r2, εm1,

ε′ − 1) = 1 and the following inequality

s× εm1 +

n1
∑

k=1

pIk,1 +

a
∑

k=1

pJk,1 +

δ1−1
∑

k=m1

pIk,2 ≤ s× ε′ +

δ1
∑

k=1

pIk,1 +

b
∑

k=1

pJk,1

holds for some a and b.

a: the number of type-2 jobs before job In1.

b: the number of type-2 jobs before job Iq1.

Domain D2 is defined as the feasible range of a and b, so

D2 = {(a, b) |0 ≤ a ≤ b, a ≤ b ≤ j}.

Hf
2 (a, b) =































1, if s× εm1 +
∑n1

k=1
pIk,1 +

∑a

k=1
pJk,1 +

∑δ1−1

k=m1
pIk,2

−s× ε′ +
∑δ1

k=1
pIk,1 +

∑b

k=1
pJk,1 ≤ 0

0, otherwise

f(i, j, α1, β1, α2, β2, γ1, δ1, γ2, δ2, ε, ε
′) =















































1, if g(i− 1, j,m1, n1, α2, β2, q1,

δ1 − 1, q2, r2, εm1 , ε
′ − 1) = 1

and
∨

D2
Hf

2 (a, b) = 1

0, otherwise
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3. α1 = γ1, β1 = δ1, γ1 6= δ1

This case specifies that the critical batch is also the last batch on machine M0 and

contains more than one job.

f(i, j, α1, β1, α2, β2, γ1, δ1, γ2, δ2, ε, ε
′) = 1 if f(i−1, j,m1, n1, α2, β2, γ1, δ1−1, γ2, δ2, ε, ε

′)

= 1 and the inequality

s× εm1 +

n1
∑

k=1

pIk,1 +

a
∑

k=1

pJk,1 +

δ1−1
∑

k=m1

pIk,2 ≤ s× ε′ +

δ1
∑

k=1

pIk,1 +

b
∑

k=1

pJk,1

holds for some a and b.

a: the number of type-2 jobs before job In1.

b: the number of type-2 jobs before job Iδ1 .

Domain D3 is defined as the feasible range of a and b, so

D3 = {a, b|0 ≤ a ≤ j, a ≤ b ≤ j}.

Hf
3 (a, b) =































1, if s× εm1 +
∑n1

k=1
pIk,1 +

∑a

k=1
pJk,1 +

∑δ1−1

k=m1
pIk,2

−s× ε′ +
∑δ1

k=1
pIk,1 +

∑b

k=1
pJk,1 ≤ 0

0, otherwise

f(i, j, α1, β1, α2, β2, γ1, δ1, γ2, δ2, ε, ε
′) =















































1, if f(i− 1, j,m1, n1, α2, β2,

γ1, δ1 − 1, γ2, δ2, ε, ε
′) = 1

and
∨

D3
Hf

3 (a, b) = 1

0, otherwise

4. α1 6= γ1, β1 6= δ1, γ1 = δ1

This case implies that the critical batch and the last batch on machine M0 are

different, and the last batch contains only one job.

Case 4.1: the job before Iδ1 is a type-1 job.
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f(i, j, α1, β1, α2, β2, γ1, δ1, γ2, δ2, ε, ε
′) = 1 if f(i−1, j, α1, β1, α2, β2, m1, δ1−1, γ2, δ2, ε,

ε′ − 1) = 1 and the inequality

s× εα1 +

β1
∑

k=1

pIk,1 +
a
∑

k=1

pJk,1 +

δ1−1
∑

k=α1

pIk,2 > s× ε′ +

δ1
∑

k=1

pIk,1 +
b
∑

k=1

pJk,1

holds for some a and b.

a: the number of type-2 jobs before job Iα1 .

b: the number of type-2 jobs before job Iδ1 .

Domain D4 is defined as the feasible range of a and b, so

D4 = {(a, b) |0 ≤ a ≤ j, a ≤ b ≤ j}.

Hf
4 (a, b) =































1, if s× εα1 +
∑β1

k=1
pIk,1 +

∑a
k=1

pJk,1 +
∑δ1−1

k=α1
pIk,2

−s× ε′ +
∑δ1

k=1
pIk,1 +

∑b

k=1
pJk,1 > 0

0, otherwise

f(i, j, α1, β1, α2, β2, γ1, δ1, γ2, δ2, ε, ε
′) =















































1, if f(i− 1, j, α1, β1, α2, β2,

m1, δ1 − 1, γ2, δ2, ε, ε
′ − 1) = 1

and
∨

D4
Hf

4 (a, b) = 1

0, otherwise

Case 4.2: the job before Iδ1 is a type-2 job.

f(i, j, α1, β1, α2, β2, γ1, δ1, γ2, δ2, ε, ε
′) = 1 and g(i−1, j, α1, β1, α2, β2, m1, δ1−1, γ2, δ2, ε,

ε′ − 1) = 1 and the inequality

s× εα1 +

β1
∑

k=1

pIk,1 +

a
∑

k=1

pJk,1 +

δ1−1
∑

k=α1

pIk,2 > s× ε′ +

δ1
∑

k=1

pIk,1 +

b
∑

k=1

pJk,1

holds for some a and b.

a: the number of type-2 jobs before job Iα1 .

b: the number of type-2 jobs before job Iδ1 .
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Domain D5 is defined as the feasible range of a and b, so

D5 = {a, b|0 ≤ a ≤ h, a ≤ b ≤ h}.

Hf
5 (a, b) =































1, if s× εα1 +
∑β1

k=1
pIk,1 +

∑a

k=1
pJk,1 +

∑δ1−1

k=α1
pIk,2

−s× ε′ +
∑δ1

k=1
pIk,1 +

∑b

k=1
pJk,1 > 0

0, otherwise

f(i, j, α1, β1, α2, β2, γ1, δ1, γ2, δ2, ε, ε
′) =















































1, if g(i− 1, j, α1, β1, α2, β2,

m1, δ1 − 1, γ2, δ2, ε, ε
′ − 1) = 1

and
∨

D5
Hf

5 (a, b) = 1

0, otherwise

Next we analyze the time complexity of the recursive program. There are O(n5
1n

4
2n

2)

entries in function f and O(n4
1n

5
2n

2) entries in function g. We first note that case 2

has a dominant time complexity to other cases. In case 2.1, processing function Pf re-

quires a time complexity of O(max{n2
1n, n

2
2n}) and function Hf

1 is O(n2). Case 2.2 has

the same time complexity with case 2.1. Therefore, the time complexity of case 2 is

O(max{max{n2
1n, n

2
2n}, n

2}). In summary, the overall time complexity is O(n4
1n

4
2n

3(n1 +

n2)× (max{max{n2
1, n

2
2}, n})). Our discussion is concluded in the following theorem.

Theorem 4.1. The F (1, 2)|incp, fixed seq, s-batch|Cmax problem can be solved in

O(n4
1n

4
2n

3(n1 + n2) × (max{max{n2
1, n

2
2}, n})) time, which is polynomial in terms of the

input length.

Before closing this chapter, it could be noticed that the development of lower bound by

the dynamic programming algorithm addressed in the previous chapter suggests a possi-

ble adoption of the current dynamic programming algorithm to derive a lower bound

for the general problem subject to incompatible batching without the assumption of

fixed job sequences. More precisely, by adopting the same concept of ideal data set

to problem F (1, 2)|incp, s-batch|Cmax, we can get an ideal data set which is derived
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from the data set of the original problem. When the ideal data set is available, two

fixed job sequences, representing optimal sequencing of the job of each type, readily

follow. Since we have two fixed job sequences, the problem is now equivalent to the

F (1, 2)|incp, fixed seq, s-batch|Cmax problem. Therefore, both an optimal makespan of

the problem with fixed sequences or the derivation of a lower bound of the original prob-

lem can be computed by the above dynamic programming algorithm in polynomial time.

The following corollary directly follows from Theorem 4.1.

Corollary 4.1. A lower bound of F (1, 2)|incp, s-batch|Cmax can be computed in

O(n4
1n

4
2n

3(n1 + n2)× (max{max{n2
1, n

2
2}, n})) time.
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Chapter 5

Concluding Remarks

In this thesis, we investigated a makespan minimization scheduling problem in a three-

machine two-stage flowshop, known as differentiation flowshop which has a critical ma-

chine at stage one and two independent dedicated machines at stage two. The first-stage

machine process the jobs in batches subject to the assumption of continuous process and

batch availability.

For the batch scheduling problem with compatible items, it is known that the problem

is NP-hard in the strong sense even if the batch setup time is 0. While the problem is

computationally intractable, we proposed an algorithm to derive a lower bound of the

problem in O(n2) time. The lower bound can be used for the design of branch and

bound algorithms or the evaluation of heuristic approaches. Moreover, we investigated

one special case that is polynomially solvable. With two given fixed sequences of two

types of jobs, a polynomial time algorithm is devised to produce the optimal solutions.

On the other hand, for the batch problem with incompatible items under the assump-

tion of fixed sequences, we developed an O(n4
1n

4
2n

3(n1 + n2) × (max{max{n2
1, n

2
2}, n}))

dynamic programming algorithm for solving the problem in a recursive way. Although

the recursive program can solve this problem in polynomial time, its time complexity

may be unaffordable for larger instances. The development of faster algorithms is clearly

required for practical significance.

For further research, it may be interesting to generalize the studied problem to the

setting with a variable number of parallel dedicated machines, i.e., the number m of
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parallel dedicated machines is part of the input. Even though this problem is clearly

NP-hard in the strong sense, it may be interesting to determine the complexity status of

F (1, m) model in such special cases as (1) all jobs have the same processing time on the

critical machine, or (2) sequences of different types of jobs are fixed and given. Developing

lower bounds and dominance properties for designing branch-and-bound algorithms can

be another worthy direction.

30



Bibliography

[1] Y. Aneja and N. Singh, “Scheduling production of common components at a single

facility,” IIE Transactions, vol. 22, pp. 234–237, 1990.

[2] K. Baker, “Scheduling the production of components at a common facility,” IIE

Transactions, vol. 20, pp. 32–35, 1988.

[3] T. Cheng, J. Gupta, and G. Wang, “A review of flowshop scheduling research with

setup times, production and operations management,” Production and Operations

Management, vol. 9, pp. 262–282, 2000.

[4] T. Cheng, B. Lin, and Y. Tian, “Minimizing the weighted sum of machine completion

times in a two-stage flow shop with a critical machine,” Computers & Operations

Research, vol. 36, pp. 3031–3040, 2009.

[5] T. Cheng, B. Lin, and A. Toker, “Flowshop batching and scheduling to minimize the

makespan,” Naval Research Logistics, vol. 47, no. 2, pp. 128–144, 2000.

[6] T. Cheng and Q. Wang, “Scheduling the fabrication and assembly of components in

a two-machine flowshop,” IIE Transactions, vol. 31, pp. 135–148, 1999.

[7] R. Dudek, S. Panwalkar, and M. Smith, “The lessons of flowshop scheduling re-

search,” Operations Research, vol. 40, pp. 7–13, 1992.

[8] M. Garey and D. Johnson, Computers and Intractability: A Guide to the Theory of

NP-Completeness. San Francisco, CA: Freedman, 1979.

31



[9] A. Gerodimos, C. Glass, and C. Potts, “Scheduling the production of two-component

jobs on a single machine,” European Journal of Operational Research, vol. 120,

pp. 250–259, 2000.

[10] J. Herrmann, An Investigation of Production Scheduling Problems Motivated by Semi-

conductor Manufacturing. PhD thesis, University of Florida, Gainesville, Florida,

1993.

[11] G. Kyparisis and C. Koulamas, “Flow shop and open shop scheduling with a critical

machine and two operations per job,” European Journal of Operational Research,

vol. 127, no. 1, pp. 120–125, 2000.

[12] B. Lin, “The strong np-hardness of two-stage flowshop scheduling problem with a

common second-stage machine,” Computers & Operations Research, vol. 27, no. 6,

pp. 695–698, 1999.

[13] B. Lin, “Fabrication scheduling in a two-machine flowshop with due date constraints,”

European Journal of Operational Research, vol. 136, no. 1, pp. 95–105, 2002.

[14] B. Lin and T. Cheng, “Batch scheduling in a no-wait two-machine flowshop,” Com-

puters & Operations Research, vol. 28, no. 7, pp. 613–624, 2001.

[15] B. Lin and T. Cheng, “Two-machine flowshop batching and scheduling,” Annals of

Operations Research, vol. 133, pp. 149–161, 2005.

[16] B. Lin, T. Cheng, and A. Chou, “Scheduling in an assembly-type production chain

with batch transfer,” Scheduling in an assembly-type production chain with batch

transfer, vol. 35, pp. 143–151, 2007.

[17] G. Mosheiov and U. Yovel, “Comments on flow shop and open shop scheduling with

a critical machine and two operations per job,” European Journal of Operational

Research, vol. 157, no. 1, pp. 257–261, 2004.

32



[18] Y. Neumytov and S. Sevastyanov, “Approximation algorithm with tight bound for

three-machine counter-routes problem,” Upravlyaemye Sistemy, vol. 31, pp. 53–65,

1993.
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