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The Study of Chinese Jintishi Categorization

Student : Po-Jung Liu Advisor : Dr. Tyne Liang

Institute of Computer Science and Engineering

National Chiao Tung University

ABSTRACT

Chinese Jintishi is onesimportant heritage in Chinese societies. Nevertheless, many
poets use metaphors while compesing their poems. So it becomes hard to understand
Jintishi for high school students.“ln ‘this- thesis, an effective approach to automate
Jintishi is presented with the aim to facilitate poem comprehension. We propose a
method to tackle with semantic role labeling based on Tongyici Cilin and a SVM-based
model to handle poem categorization. The categorization employs seven kinds of
features mined from training corpus. Best set of features is selected by using forward
sequential selection algorithm. The approach is justified in terms of 72.35% accuracy by

categorizing 217 five-character quatrains into six types of Jintishi.
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