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Medical Image Segmentation Using Minimum Spanning Trees

Student : Quan-Jie Fang Advisor : Dr. Yu-Tai Ching

Institute of Computer and Information Science

National Chiao Tung University

Abstract

The problem of image segmentation is an important task in medical imaging
applications , and it is of great worth in disease analysis and biological research. In
this thesis , we present a method of image segmentation using minimum spanning
trees by taking each pixels in the image as nodes and each adjacency pixels as edges.
In order to improve its feasibility in medical images , we integrate the computation of
global variation and local variation. When we apply it to medical images of different

properties in practice , the result in correction and speed is satisfying.
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