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ABSTRACT

Code acquisition in CDMA systems is conventionally conducted with a matched-filter
based structure. However, the performance of this method degrades greatly while
multiple access interference presents. Recently, an adaptive filtering scheme was
proposed to solve this problem. It has been shown that the computational complexity of
this approach is proportional to the delay uncertainty and inversely proportional to the
required acquisition time. When propagation delay is large and the required acquisition
time is short, the computational complexity of the adaptive filtering approach will
become high. In this paper, we propose a multirate adaptive code acquisition approach
to alleviate this problem. The proposed scheme is comprised of several acquisition units
operating in different processing rates. Thanks to the decimation property in multirate
processing, the overall computational complexity can be greatly reduced. Theoretical
analysis of adaptive filters and mean acquisition time is also provided. Experimental
results show that while the proposed scheme can have comparable performance with
respect to the original adaptive acquisition scheme, its computational complexity is

much lower.

© 2009 Elsevier B.V. All rights reserved.

1. Introduction

Code-division multiple access (CDMA) is a promising
technique for wireless mobile communication. It is well
known that the main performance bottleneck for a CDMA
system is the multiple access interference (MAI). MAI not
only affects detection, but also code synchronization. Code
synchronization can be further divided into code acquisi-
tion and code tracking. In this paper, we consider code
acquisition with MAI. Code acquisition has been widely
studied in the literature. The conventional approach to
this problem is the well-known matched-filter (MF) based
method [1-10,32,36] (and references therein). The MF can
have a serial [1], parallel [2-4], or hybrid search structure
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providing an easy trade-off between hardware complexity
and acquisition time. However, the MF-based method is
only optimal for the single-user case. The acquisition
performance degrades greatly when MAI presents, espe-
cially in near-far environments [5,6]. To evaluate the
performance of an acquisition scheme, a measure called
acquisition-based capacity was defined in [7]. This
capacity corresponds to the maximum number of users
that a system can serve (with certain acquisition perfor-
mance). It was shown in [719] that the asymptotic
acquisition-based capacity for the MF is L/[2 In(L)], where
L is the processing gain. The quantity is less than the bit-
error-rate-based capacity [8] which is proportional to
L. This implies that code acquisition may become a
limiting factor for a CDMA system capacity. Another
discussion on the acquisition-based capacity for the MF
can be found in [9].

Another category of the acquisition technique gem-
ploys subspace- or matrix-based methods [11-18]. The
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advantage of subspace-based approaches is that it does
not require training sequences. However, these methods
usually have to estimate, decompose, and inverse the
autocorrelation matrix of the received signal vector. This
often demands high computational complexity, especially
at a large processing gain. The projection degree measure-
ment (PDM) algorithm [11] observes two successive
symbols in order to obtain the complete information of
one desired symbol. As a consequence, the PDM has to
estimate and inverse an autocorrelationmatrix of dimen-
sion 2L-by-2L. The multiple signal classification (MUSIC)
algorithm has also been applied to code acquisition
[12-14]. The MUSIC algorithm has to carry out eigen-
decompositions and extract eigen-vectors corresponding
to noise subspace. Despite of the oversampling operation
in [12], the computational complexity of the MUSIC
algorithm is with @(L®). Besides, this algorithm is
constrained under 2K <L, where K is the number of users.
A matrix-based method [18] called a large sample
maximum likelihood (LSML) acquisition algorithm, pro-
vides excellent performance and robustness against the
near-far problem. However, it requires a large amount of
received bit signals and, again, pays a high computational
complexity in the matrix operations. Notably, these
methods are specifically designed for CDMA systems with
periodic spreading codes (i.e., the spreading code repeats
itself for every bit) and may not straightforwardly apply to
the aperiodic-code systems (i.e., the periodicity of the
spreading code is great than a bit interval).

Recently, the adaptive filter technique [19-26] was
proposed to solve the acquisition problem in the presence
of MAI. The method [19-24] separates the delay un-
certainty into several regions, named (delay) cells. The
input to the adaptive filter is the desired user’s pseudo-
noise (PN) sequence with a code delay associated to a cell.
Each cell is then sequentially tested and the code delay
can then be estimated with the location of the maximum
convergent tap-weight. This method can also have a serial
or parallel searching structure trading performance with
computational complexity. It was addressed in [19,20]
that the adaptive filtering scheme can have a much higher
acquisition-based capacity than the MF. Apart from the
maximum weight testing, architectures with the thresh-
old testing were also considered [21,22]. The threshold
can be set for the mean-squared error (MSE) or for the
maximum tap-weight (in a cell). It was found in [23] that
the tap-weight testing can bring better performance than
the MSE testing. The acquisition performance with fading
channels was analyzed and reported in [24]. Yet, another
adaptive receiver structure reported in [26] performs an
exhaustive search to find the integer chip delay, and then
solve aquadratic equation to find the corresponding
fractional chip delay. The drawback of this approach is
that its complexity is high particularly for a large
processing gain.

In this paper, we propose a code acquisition algorithm
using a multirate adaptive filtering technique. Similar to
the original adaptive filter approach [19,20], our structure
is valid for periodic as well as for aperiodic spreading
codes. In fact, many commercial CDMA systems, including
[S-95 standard [28], CDMA-2000 proposal [29], and 3G

CDMA-based wireless networks [30,31], adopt aperiodic
codes for spreading. The fundamental structure of the
proposed algorithm is similar to that in [19,20]; however,
the proposed scheme contains several adaptive filters
operating in different rates. The adaptive filters with low
rates will search the code delay in low resolutions. The
adaptive filters with higher rates will then resolve the
code delay in higher resolutions. The adaptive filter with
the highest rate, say the chip-rate, can finally identify the
original code delay. The proposed multirate processing
can have a much lower computational complexity than
the conventional adaptive filtering approaches in [19,20].
This is particularly true in the applications where the
processing gain as well as the delay uncertainty is large.
Throughout this paper, the notations ()" and A,
denote the transposition operator and the uvth entry of a
matrix A, respectively. Also, [y] indicates the smallest
integer greater than or equal to the value y, whereas |y|
the largest integer smaller than or equal to y. Besides,
z represents the unit delay operator, I the identity matrix,
and E{-} the statistical expectation operation. The rest of
this paper is organized as follows. Section 3 reviews the
conventional adaptive code acquisition scheme. Section 3
describes the proposed multirate code acquisition
scheme. Section 4 analyzes the performance of the
proposed scheme, and Section 5 reports simulation
results. Finally, we draw conclusions in Section 6.

2. Conventional adaptive code acquisition

In this section, we briefly review the conventional
adaptive code acquisition scheme [19,20]. Fig. 1 shows the
structure of this scheme. For reference convenience, we
name this scheme as a one-rate (1R) scheme since only
one processing rate (i.e., chip-rate) is used. The baseband
chip-rate sampled received signal can be expressed as

K
() = Axi(n — ) + w(n), (1)
k=1
r(n)
LMS -t
e (n)
M -tap - +
x (n-gM.) adaptive J\<
user-1's PN filter N
sequence

Store results

Fig. 1. Conventional 1R code acquisition system, where x;(n — gM,) is
user-1's PN sequence at qth cell with ¢ =0,..., Q-1.
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where K, 14, Ay, X¢(n), and w(n) denotes the number of
user, the code delay, the signal amplitude, the transmitted
signal of user-k, and channel noise, respectively. The
channel noise is assumed to be additive white Gaussian
and its mean is zero. The transmitted signal of user-k can
be expressed as

00 L-1
Xxm= " d(d)> chpm—1—-jL), k=1,...K (2)
=0

Jj=—00

where d,(j) denotes the jth BPSK signal of user-k and
cxj(l) € {1,—1} corresponds to the Ith chip signal in di()).
Also, L denotes the processing gain and p(n) the chip-rate
sampled pulse. Before proceed further, we list assump-
tions to be used in the sequel:

(a) User-1's code delay is of interest and A; = 1.

(b) The code delay is an integer multiples of the chip-
duration and smaller than L.

(c) Carrier synchronization is established before code
acquisition.

(d) No data are modulated for user-1's signal in the period
of code acquisition, i.e., d(j) = 1.

(e) The chip-pulse is considered as a rectangular pulse
with unit amplitude.

(f) The code sequence ¢ ; has a period much higher than
the processing gain such that the input to the adaptive
filter can be viewed as statistically white.

(g) Only the additive white Gaussian noise (AWGN)
channel is considered and the summation of MAI
and white Gaussian noise can be modeled as another
white Gaussian noise [32].

The 1R scheme first divides L into Q = [L/M.] cells,
where M. is the length of the adaptive filter. The adaptive
filter then serially searches the code delay in these cells.
The least-mean-square (LMS) algorithm is employed to
minimize the MSE between the received signal r(n) and
the adaptive filter output (see Fig. 1). The tap-weight
update equations are given by

wim + 1) = wi(n) + ue(mxi(n), (3)

e(n) = r(n) — WIM]'x’(n), qe{0,...,Q -1}, (4)

where u. denotes the step size controlling the conver-
gence of the adaptive filter, wi(n) = wjm),wimn,...,
w,‘{/,cq(n)]T the filter tap-weight vector for the gth cell,
and x1(n) = [xy(n — qM.),x;(n —qM. — 1),...,x1(n — qM, —
M:+ 1" the corresponding input vector. Here, q is
sequentially increased from zero to Q — 1. The tap-weight
vector wi(n) for a particular q is stored after some
iterations, say N; chips. Then, an estimation of t; can be
derived with the tap-index of the maximum tap-weight
(among all cells). Let the A.th tap (0<A.<M.) of the
adaptive filter in the &.th cell has the maximum value.
Then, we can have the delay estimation %7 = &M + 4.
Combine wi(Ny), ¢=0,1,...,Q — 1 into a big vector w,
i.e, w=[woNDIT, W (NI, ..., (W& (N)JT™. It can be
shown that the probability of acquisition error is

Pe =1—-Py(we=wj), c#j, {cjlef{0,1,....L—-1}, (5)

where w; denotes the jth element of w and w, the tap-
weight corresponding to the true code delay 7; (i.e.,
¢ = 11). To evaluate (5), we need to know the stochastic
properties of the tap-weights. It has been shown in [33]
that these tap-weights at convergence have Gaussian
distributions with a mean vector of

mg.1) = Wo, (6)

and a covariance matrix of

Cixry ~ %Jminl (7)
égﬁ/[v (8)

where w, is the optimum solution of w solved with
the Wiener equations [34], ], is the corresponding
minimum mean-squared error (MMSE), and &2, is the
variance of each tap-weight. Let R? = E{x9(n)[x9(n)|"} and
p? = E{x4(n)r(n)}. Since the input is white, R? = Iy, ., . It is
well known that wi =R 'pd. Let 11 =aM,+ 4.,
0<4.<M,., and p]‘? is the jth entry of p? (je{0,1,...,
M. — 1}). It is simple to show that p;? =1 when q = o, and
j=4c and qu = 0 otherwise. This is to say that a unique
peak with value one will appear in w,, and all other
weights are zeros. Thus, we can have J,;, = E{r’(n)} — 1.
Using Eqgs. (6) and (8), we can rewrite (5) as

00 L-1 2
et [ o) ool o

where Q(-) denotes the Q-function [35]. It is known that
an Mc.-tap adaptive filter (with the LMS algorithm)
requires 2M. multiplications per iteration. Thus, the
computational complexity is proportional to the filter size.

3. Proposed adaptive multirate code acquisition

To understand our idea easier, we start our develop-
ment with a two-rate (2R) system. Then, we will extend it
to a three-rate (3R) system.

3.1. 2R scheme

Following the assumptions given in Section 2, we
express (1) as

K
) = > A — Tp) + w(n)
k=1

=x1(n — T1) + v(n), (10)
where
K
v(n) =Y AXi(n — 1) + w(n) (11)
k=2

denotes the sum of MAI and white Gaussian noise. Let the
variance of v(n) be ¢2. For notational simplification, we
will omit the subscripts of x;(n) and 7; in following
derivations. Fig. 2 shows the architecture of the proposed
2R acquisition system. As we can see, the system contains
two units with two different processing rates. We call the
unit in Fig. 2(a) as a low-rate unit (LRU). In this unit, the
adaptive filter updates its tap-weights with a low rate. For
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T (1)

X Xpp(n)  x, (m)

PTF LPF
wnf L

x(n) —4D

Fig. 2. Proposed 2R code acquisition system with (a) LRU and (b) HRU.
Note that LRU and HRU interact only when n = mbD. The dash-lines
indicate feedforward and feedback operations.

this reason, we refer to the adaptive filter in this unit as a
low-rate adaptive filter (LRAF). By contrast, we call the
unit in Fig. 2(b) a high-rate unit (HRU). The adaptive filter
in this unit updates its tap-weights with a high rate. We
refer to the adaptive filter in this unit as a high-rate
adaptive filter (HRAF). Note that the high-rate here
denotes the chip-rate. There are feedforward and feedback
operations in the system. We now describe the funda-
mental feedforward operation. First, consider Fig. 2(a).
The system passes the received signal r(n) and the locally
generated user-1's signal x(n) through lowpass filters
(LPFs) to obtain ripr(n) and x;pr(n), respectively. Then, it
downsamples these signals with a factor of D and feeds
the resultant signals to the LRAF. Let M, = [L/D]. Then,
the code delay can be rewritten as 7 = oD + 4 where o ¢
{0,1,...,Mp} and —D/2<A4<D/2. Note that the ranges of
o and 4 are defined different from that in the previous
section. The LRAF will adapt to estimate a low-resolution t
having the value in {0,D,...,MpD}. Similar to the 1R
system, we select the tap-index associating with the
maximum tap-weight value. Note that M, + 1 is the filter
length of the LRAF and (M, + 1)D must be great or equal to
L. Let theindex with the maximum tap-weight in the LRAF
be 4. The HRU in Fig. 2(b) then delays x(n) with &D chips.
We call the device to perform the delay function as the
delay-tuning filter (DTF). With this operation, the HRAF
adapts to refine the code-delay resolution. After conver-
gence, we select the tap-index A with the maximum tap-
weight. It is easy to see that the index should be in the
range of +D/2. Combing these two tap-weight indices, we
can finally obtain a code-delay estimate. In summary, the

LRU attempts to acquire 7 in a multi-chip level (low reso-
lution), while the HRU in a chip level (high resolution).
We now examine some properties of the 2R feedfor-
ward operation. For low complexity consideration, we let
the LPF filtered r(n) (in (10)) as
D-1
ripp(n) = Y _r(n—j)
j=0
D-1
= ) X —1—j)+ vipr(n), (12)

where
D-1
vipr(n) = v(n — ). (13)
j=0
It is simple to see that this is just an averaging operation
with a D-tap filter (apart from a constant). In Fig. 2(a), f;
indicates a vector consisting of the impulse response of
the LPF. As shown, each element of f; has the value of one.
Substituting T = aD + 4, we can rewrite (12) as
D-1
ripr() = X(n — oD — A = j) + vipp(n). (14)
j=0
Downsampling (14) with a factor of D, we then have

(M) £ 11pp (M) [n=mp
D-1
= x((m —o)D — A4 —j) + v (m), (15)

Jj=0

where we let m = |n/D| and vy (m) = vipe(mD). Similarly,
we can average x(n) to obtain

D-1

Xepe() =D x(n —J), (16)

j=0
and downsample x;pr(1) to obtain
XL (M) £ X1pr (M)l nemp
D-1
= Y x(mD —j). (17)
j=0
Let the input vector of the LRAF be x; (m). Then, we have
X1 (m) =[x (m),x.(m — 1),...,x,(m — Mp)]". (18)
For a different value of 4, the performance of the LRAF
will be different. To evaluate the impact of 4 on LRAF, we
calculate the optimal tap-weights and the corresponding
steady-state MSE. We put the detailed derivation in

Appendix A, and summarize the result below. For 4>0,
we have the optimal tap-weights as

1-p, e=0,
Wioe =13 P> e=a+1, e€{0,1,....Mp}, (19)
0 otherwise,

and the steady-state MSE as

My, +1
oo = 1+ DI (20)
For A4<0, we have
1-p, e=0,
Wioe =< P> e=a—1, £e{0,1,...,Mp}, (21)

0 otherwise,
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and

Jy(o0) = {1 + My J; ])ML:|

JL,minv (22)
where p =|4|/D and ], ;,;, is defined in (A.14), respec-
tively. Using (A.14) and observing 0<p<1/2, we see that
when p gets larger, J; ,;; will become larger. This will also
make the steady-state MSE in (22) larger. When 4 =0,
p = 0 and t can be divided by D. The response of the LRAF
can be seen as a perfectly downsampled version of the
channel response. If the channel has an impulse-like
response, so does the LRAF. When 4>0 (or 4<0), 1>oaD
(or T<aD). In both cases, T cannot be divided by D. The
response of the LRAF cannot have an impulse-like
response. From Eqs. (A.12) and (A.37), we see that a
nonzero p (4 = 0) will produce two nonzero weights and
make the value of the peak tap-weight smaller than one.
Combining these effects, we can conclude that the larger
the p, the worse the acquisition performance. The worst
case occurs when p =1/2 yielding two nonzero equal
weights. In what follows, we will develop a system that
can null p.

Now, let us consider operations in the HRU. As Fig. 2(b)
shows, the input to the HRAF is x(n — &D). As mentioned,
the optimal filter of the LRAF may have two nonzero
weights with the same value. Thus, the peak position can
be o or o + 1. In other words, we need at least D + 1 taps
for the HRAF. To simplify our analysis, we let & = o. It is
simple to see that the optimal weights of the HRAF will
have a unique peak at A. Since the analysis of HRAF is
straightforward, we only provide the results without
detailed derivations. Let

Xy(n) = [x(n — &D + D/2),...,x(n — &D), ..., x(n — 4D — D/2)|"

2 Xy_pp2(),.... Xpo(M), .. .. Xppp(m)]' (23)

Wy() 2 [Wy_pp (), ..., Who(n),...,Whpp@)]', (24)

where we assume that D/2 is an integer (for notational
convenience). Notice that Ry £ E{xy(n)x},(n)} = I. We then
have the optimum weights listed below:

1, j=4, 25
WHoi =90 otherwise, (25)
where wy,; is the jth element of wy,, and wy, is the

optimal solution of wy(n). We then have the MMSE and
steady-state MSE as

]H,min = E{[r(n) - WL(”)XH(n)]Z}|w,1,(n):wH.0
= E{r2(n)} — 2w}, (E{Xu(m)r(n)} + Wi JRyWi
=0}, (26)

N D+ DHuy

Jutoo) = [14+ CL DI (27)

where py is the step size used in the HRAF.
The main problem associated with the 2R scheme
described above is that sampling phases for rype(n) and

xrpr(n) may not be synchronized (i.e., 4#0). As analyzed,
the acquisition performance can be greatly affected when
A is not equal to zero. Our remedy to this problem is to
adjust the sampling phase of x(n) during filter adaptation.
This is possible if A4 estimated by the HRAF can be
feedback to the LRAF. To realize this thought, we use a
device, namely phase-tuning filter (PTF), to tune the input
phase with A chips (see the feedback operation in Fig. 2).
The PTF can advance or lag the phase of its input signal.
Practically, the PTF can be implemented with a buffer and
a multiple-input-to-one-output selector. With this struc-
ture, the sampling phases for r;pr(n) and x;pr(n) can be
synchronized and, therefore, (A.12) can have a unique
peak. Note that the LRU and HRU interact only when
n = mbD. Letting 4 = 0 (i.e., p = 0) in Egs. (A.14) and (A.25),
we have

]L,min = DO'%, (28)

Q,.(m) = %Doﬁ, £ei0,.... M), (29)

Thus, steady-state MSEs of the LRAF and the HRAF are

Ji(c0) = {1 +M} Do2, (30)
D+1

Ju(oo) = {1 +%} 2. 31)

3.2. 3R scheme

In the previous subsection, we have proposed a 2R
scheme that is able to null p. Since the HRAF operates in a
high processing rate, it dominates the overall computa-
tional complexity. This becomes an important issue when
the tap-length D + 1 is large. We can solve the problem by
introducing a unit with another processing rate. We call
this unit as a medium-rate unit (MRU). This unit contains
a medium-rate adaptive filter (MRAF) sharing the compu-
tational loading of the HRAF. As shown in Fig. 3(b), the
LPFs f), average r(n) and x(n) with a window side of Dy,
and the decimators downsample the resultant signals
with a factor of Dy. Let the DPTF denote the device
cascading the DTF and PTF. Here, the processing rate of the
MRU is D/Dy times faster than that of the LRU, but Dy
times slower than that of the HRU.

With the additional MRU, we have three resolutions to
work with. We can express the code delay as
t=aD+ Dy +9J, where oe{0,1,...,Mp},Be{-D/
(2D1\/1),...,0,...,D/(ZDM)}. and (36{—DM/27...,0,...,
Dyi/2}. For convenience, again, we assume that D/(2Dy)
and Dy /2 are integers. Then, we use the LRU, MRU and
HRU to estimate {a,f,d}, respectively. Note that
—(D +Dum)/2<pDy + 0<(D + Dy)/2, where Dy=>2. In
other words, the MRAF and HRAF can span a delay region
greater than D + 1. Define the tap-weight vector and the
input vector of the MRAF as

Wi(S) 2 [Wat_p/@py(S)s - - - » W o(S), - - - Whpapyy (1T, (32)

Xn1(S) 2 [X01, D@Dy (S)s - - - s X010(S), - - - X102y (T (33)
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X pp(n)  x,(m)

PTF LPF
X(n) ™ _(ﬁD,vz+3)

LY

»
x(n) £@D+d)

¥

DPTF

Z—mm B,

x(n) —

Xy (n) ‘

Fig. 3. Proposed 3R code acquisition system with (a) LRU, (b) MRU, and
(c) HRU. Again, all units interact only when n = mD and the dash-lines
are for feedforward and feedback operations.

where s = |n/Dy]. The update equation for the MRAF is
given by

Wi(S) = Wi(s — 1) + iy Xm(S)rm(s) — Xy (HWa(s — )],

(34)
where u,, is the corresponding step size and
Dy—1
™(s) =Y 1 —=ln_sp,,, (35)
j=0
Dy—1 R
XM,s(S) = Z x(n — oD — o0 — eDy _j)|n:sDMv
j=0
e e {-D/(2Dy),...,0,...,D/(2Dy)}, (36)

where we have used &D and § obtained from other two
units. The weight adaptations for the LRAF and HRAF are
similar to (A.19).

We have analyzed the performance of the HRAF and
LRAF in a 2R system previously. The performance of the
MRU in a 3R system can be done in a similar way. We can
treat the MRU as a special LRU, and replace D with Dy, for
the formulas derived for the LRAF. Since this is straight-

forward, we omit the detailed results here. Note that in
Fig. 3 all units update parameters in their PTFs or DTFs
simultaneously at n = mD. Let the estimates for o, f3, and ¢
at the instant n = mD be &(m), B(s), and &(n), respectively.
When n = mD, the PTF in the LRU delays x(n) by B(S)DM —+
3(n) chips, the DPTF in the MRU delays x(n) by &(m)D +
3(n) chips, and the DPTF in the HRU delays x(n) by a(m)D +
B(S)DM chips. We can extend the idea to a four-rate or
higher rate system; however, the system architecture will
become complex. For typical applications, a 2R or 3R
system will be sufficient. As described, all the filters
are adjusted using the LMS algorithm. As shown later,
the tap-weight of an adaptive filter can be treated as a
random variable. Thus, «, f, or 6 may be incorrectly
estimated during the adaptation, which we call a decision
error. Note that the LMS algorithm changes the filter-
weight values slowly. For most cases, theestimation
error can be corrected shortly. There are only few cases
that the error will propagate between adaptive filters and
the overall effect may lower the final amplitudes of
the peak tap-weights. To alleviate the decision error
problem, we can let the LRU operate for a short period
of time without feedback at the initial. Simulations show
that the error propagation effect only slightly slows the
convergence.

4. Performance analysis

To compare the proposed schemes with the 1R
system in Section 2, we employ some performance
measures such as the required computational complexity
(per iteration), acquisition error probability, and mean
acquisition time.

4.1. Computational complexity

To have a fair comparison, we let N = N; = Ny, where
Ny denotes the iteration time of the multirate system.
Also, we let D =Q such that the filter size in the 1R
system is approximately equal to that of the LRAF
(Mc ~ M, +1). Since the main operation in filtering is
multiplication, we only take this into account. We first
calculate the total multiplications required in N iterations
and then divide the result by N.

4.1.1. 1R scheme

As mentioned in Section 2, the M.-tap adaptive filter
will require 2M, multiplications per iteration. Then, the
computational complexity of the 1R system, denoted as
Cy, is 2M. = 2[L/D1.

4.1.2. 2R scheme

For the 2R scheme, we have to take both the LRAF and
HRAF into account. Since the HRAF has D + 1 taps and
operates in the chip-rate, it requires 2(D+ 1) multi-
plications per iteration. On the other hand, the LRAF has
M, + 1 taps operating in a rate D times slower. Thus, the
required multiplications per iteration for a 2R scheme, C,,
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is given by

N
2(M,p + 1)5+2(D+ 1N
2= N

= WH(DH). (38)

4.1.3. 3R scheme

Similarly, we take the LRAF, MRAF, and HRAF into
account. The required multiplication per iteration for a 3R
system, C3, turns out to be

N D+1] N
2(Mp+1)5+2{DLWD—+2(DM+1)N
M M
Gy = i (39)
_Z(Mp+1) 2 [D+1
= T-’-m ’VW-‘ + 2Dy + 1), (40)

where [(D + 1)/Dy] is the minimum required tap-length
for the MRAF.

4.2. Probability of acquisition error

For a general LMS adaptive filter with a step size y,, the
time to converge can be evaluated using [1/4.] (see p. 348
in [34]), which is called the time-constant. For the
proposed 1R system, we have Q cells to adapt sequen-
tially. To ensure that the steady state can be achieved
closely, we let the adaptation time be four time-constants
for each cell. Therefore, the overall adaptation time for the
1R system, denoted as Ny, is then 4Q[1/u.]. Let the step
size for the adaptive filter in the 1R system and that in the
HRAF be the same (i.e., u. = uy 2 p). For multirate systems
described in Section 3, we further let y; = u/D and
Iy = 1/Dym. In this way, the variances of these adaptive
filter taps are the same (see Egs. (7) and (29)).

4.2.1. 2R scheme

An acquisition error may occur due to &0, A4, or
both. When the phase feedback to PTF is not correct, i.e.,
A+ A, the peak magnitude of wy ,(m) will be reduced, and
the overall acquisition performance will be affected. If we
assume that there are no decision errors, the probability of
acquisition error for the time instant n, denoted as P.(n),
can be written as

Pe(n) = 1 — Ppo(m)Py c(n), (41)

Ppc(m) = P(w(m)=wy;(m)), c#j, {¢.j} €{0,1,...,Mp},
(42)

Py (1) = P(Wp (1) =wy j(n)),
c#j, {c,jle{-D/2,...,0,...,D/2}, (43)

where P;.(m) and Py(n) denote the correct acquisition
probabilities of the LRAF and HRAF, respectively. Also,
wi(m) and wy(n) denote the taps whose tap-indices
correspond to the actual code delay.

Using the transient analysis of LMS algorithms in [33],
we have the mean weight vector of the LRAF as

Efw (m)} = [ — (I — uR)™wy,, (44)

and the (M, + 1)-by-(M, + 1) covariance matrix as

2
Cuom) = 10780 2Ry (45)

Since R; = DI, we can let C;(m) = a2, (m)l where a3, (m)
is an equivalent variance that can be derived from (45).
Here, w;(m) and wy(n) are assumed to be Gaussian
distributed. Similarly, we can have the mean weight
vector and the covariance matrix of wy(n) as

E{wp(m)} = [I - (I — ptyRy)" Wi, (46)
and

2
Cuutm) = FEZ0 [ — (= 214 Rp)") (47)

Since Ry =1, we can let Cy(n) =03, (ML Similarly,
aa,H (n) is an equivalent variance that can be derived from
(47). From Egs. (45) and (47), we find that tap-weights are
independent and identically distributed. As mentioned,
both the HRAF and LRAF are run for N chips. For notational
simplicity, we let A; as the peak in E{w;(|[N/D))},
ot = 0% (IN/D]), P, =P, (IN/D}), Ay as the peak in
E{wy(N)}, 0 = 62, (N), Py = Pyc(N), and P, = Pe(N). The
probabilities in Eqgs. (42) and (43) at n = N turn out to be

1 oo w1 (w—Ap?
S B

(48)
Py = \/217124/(: {1 - Q<:‘;)]Dexp<_ (Wz_o—?,H)2>dW'
(49)

Finally, we obtain
Pe =1 — P;Py. (50)

As mentioned in Section 3, incorrect decisions can occur
and the error propagation between the HRAF and LRAF
will lower the peak amplitudes of final tap-weights. Thus,
the results in Egs. (48)-(50) may be too optimistic.
However, the exact analysis of the error propagation
effect turns out to be very difficult, if not impossible. In
what follows, we propose a simple approximation method
to overcome the problem. We first assume that the error
propagation affects the mean of a tap-weight much more
serious than the variance. As a result, we only consider the
variation of mean weight vectors. For an adaptation
period, a decision error can occur in any instant and the
error sequence can have many patterns. For simplicity, we
only investigate those affecting performance most. Con-
sider the LRAF. It is simple to see that if there are x
decision errors during the adaptation period (i.e., between
m =0 and [N/D]), the error pattern corresponding to the
worst performance will be the one when all errors occur
between m = [N/D] —x+1 and [N/D]. In other words,
once a decision error occurs, the error will continue to the
end of the adaptation period. This will make the peak
weight value of the LRAF decrease from m = [N/D] — kK +
1 monotonically. We then use this pattern to represent all
possible error patterns having k decision errors. From
(44), we have A; =1 — (1 — y,D)'"/PJ, Taking the decision
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errors into account, we may then rewrite A; as

Ak) =1 — (1 -y DyN/PI+) exp(— nﬁ) (51)
L

where 5;! = p; 4, and 2, = D is the eigenvalue of R, [34].
We may treat x as a random variable with a binomial
distribution as

pic) = <LNICDJ)(1 — PPN, (52)

where P; is the correct probability in (48). We then use
Egs. (51) and (52) to calculate the mean value of A;(x),
denoted as A;. It is given by

_ IN/D]
Ap =" A(p(). (53)
k=0
Then, the probability of correct acquisition for the LRAF,
denoted as P;, can be obtained by substituting A; into (48).
Similarly, we can use the same procedure to obtain the
probability of correct acquisition for the HRAF, Py. Finally,
the probability of acquisition error for a 2R system,
denoted as Pg, is obtained by

Pe=1— PPy (54)

It is worth mentioning that P, and Py are the
correct acquisition probabilities without decision errors.
Thus, these values essentially correspond to two upper
bounds of the correct acquisition probabilities. Using
these values in the calculation of p(x) (as that in
(52)) will underestimate the acquisition error probability.
On the other hand, we only take the worst decision
error patterns into consideration and this will over-
estimate the acquisition error probability. Thus, (54) is a
result corresponding a compromise of these two extreme
cases.

4.2.2. 3R scheme

Using the similar idea, we can have the probabi-
lity of acquisition error for the decision-error-free
case as

Pe(n) = 1 — P c(mM)Ppy(S)Ph (1), (55)

Ppc(m) = P(wy c(m)=wy;(im)),
c#j, {¢.j} €1{0,1,...,Mp}, (56)

Pp1c(s) = P(Wp(S) =W i(S)),
c#j, {¢,j} € {—-D/@2Dy),...,0,...,D/2Dwm)}, (57)

Py c(n) = P(Wy () =wy (1)),
c#j, {c¢,j} € {~Dm/2,...,0,...,Dp/2}, (58)

where Py .(m), Py(s), and Py (n) are the correct acquisi-
tion probabilities of the LRU, MRU, and HRU, respectively;
WL (M), Wi c(S), Wi (1) denote the taps whose tap-indices
correspond to the actual code delay. Note that s = [n/Dy/].
Let P.=P.(IN/D]), Pm =Pmc(IN/Dml), Pn = Puc(N),
and P, = P.(N). Then P, can be calculated as that in (48),

while Py and Py are given by

00 D/Duy _ 2
py— / [1 _Q<ﬂ>} exp<_<wAm>dW,
2 2
2ng2 /o oM oM

1 o0 w\ 1P (W — Ap)?
Py = 1-q(™ _ WA G,
i m/%[ Q(aH)} exp( 207 )

(59)

where Ay and 0,2\,, can be obtained as that described in
Egs. (44) and (45). Then, we have P, = 1 — P, Py,Py. Again,
P. does not consider the decision error propagation effect.
We can follow the same notation definitions and proce-
dures outlined in the previous subsection to obtain
{Py, Py, Py}. Finally, we have the probability of acquisition
error for the 3R system as

4.3. Mean acquisition time

Mean acquisition time analysis is generally derived
with a Markov chain model [36]. Since our multirate
systems is different from the MF with serial search,
the commonly used model [10] cannot be applied here.
Fig. 4 shows the model derived for our systems. As
the figure shows, the system iterates for N chips to
obtain 7 and the probability of acquisition error is Pr.
If the acquisition fails, it will wait for a period of time
T, (chips) before the system re-starts the acquisition.
Here, T, is generally referred to as the penalty time
[32]. For our schemes, % is constructed from {&, A} or
{&,[},3} at n=N. If T#7, the receiver will re-initialize
acquisition after a time interval of T, chips. We can have
the transfer function of the Markov chain model in Fig. 4
as [27,36]

(1 — Pp)zN
H@z) = 1= PN’ (61)

where z is a delay operator and Pg is the probability of
acquisition error formulated above. The mean acquisition

a b

START START

1-Pp) &N
| 1-Pg (-7
N chips for AC
iteration > ACQ Q
PN

PEZT”

Fig. 4. Markov chain model for multirate code acquisition schemes. The
right hand side figure illustrates an equivalent model, where z is a delay
operator, Pg the probability of acquisition error, T, penalty time, and ACQ
the correct acquisition state.
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time can then be easily found as

d
Tacqé &H(Z)‘z:l (62)
_ (Tp + N)Pg
_N+7(1 Py (63)

Note that the unit of T is chip.

5. Simulation results

In this section, we conduct computer simulations to
demonstrate the effectiveness of the proposed algorithms.
First, we investigate the computational complexity issue.
Using Eqgs. (38) and (40), we can evaluate the computa-
tional complexity requirement per chip versus D for 1R,
2R, and 3R schemes. We list the results in Tables 1-3 for
D =4, 8, and 16, respectively. The numbers inside the
parentheses in these tables indicate the values of Dy, used
for the 3R system. Also, the last two rows of the tables give
the complexity ratio defined as C,/C; and Cs3/Cq,
respectively. From these tables, we can have several
observations. Firstly, the larger the processing gain, the
higher efficiency the multirate system can achieve.
Secondly, the 3R system is always more efficient than
the 2R system. Lastly, there exists an optimum D for a
given processing gain L. For example, when L = 1024 and
D = 8, the computational complexity of the 2R system is
about 20% of the 1R system. For the same processing gain
with D = 16, the complexity of the 3R system is only
about 16% of the 1R system. These outcomes state that the

Table 1
Computational complexity comparison for D = 4.

L 128 256 512 1024

C 64 128 256 512

G 26.50 42.50 74.50 138.50
Cs 25.5(2) 41.5 (2) 73.5(2) 137.5 (2)
Cy/Cq 0.414 0.332 0.291 0.271
C3/Cq 0.398 0.324 0.287 0.269
Table 2

Computational complexity comparison for D = 8.

L 128 256 512 1024

C 32 64 128 256

C, 22.25 26.25 34.25 50.25

Cs 14.25 (3) 18.25 (3) 26.25 (3) 42.25 (3)
Cy/Cq 0.695 0.410 0.268 0.196
C3/Cq 0.445 0.285 0.205 0.165
Table 3

Computational complexity comparison for D = 16.

L 128 256 512 1024
C 16 32 64 128

G, 35125 36125 38125 42125

Cs 13.125 (3) 14125 (3) 16.125 (3) 20125 (3)
Cy/Cy 2195 1129 0.596 0.329
C3/Cy 0.821 0.441 0.252 0.157

multirate system can be much more efficient than the 1R
system for large L.

We set signal-to-interference-plus-noise ratio (SINR.),
which is defined 1/02, as —13dB (about 20 users with
equal power). Also, L=128, D=8, Dy =4, u=uy=
D =u,D/2, and N=4D[1/u]. To show how the
proposed scheme works, we let 7=51 and use a 3R
system with above parameter setting to conduct simula-
tions (100 trials). Fig. 5 shows the averaged peak-weight
positions associated with the LRAF, the MRAF, and the
HRAF. As we can see, & =7, = —1,and = —1. Thus, the
code delay can be estimated as 7 = a&D + fiDy + = 51,
which is equal to the actual delay. We then compare the
probabilities of acquisition error for 1R, 2R, and 3R
systems. The code delay, 7, here is uniformly and
randomly selected from [0,L). We conduct 10* indepen-
dent trials and show the results in Fig. 6. Also shown in
the figure is the theoretical results derived in Section 4.
Experimental results in Fig. 6 indicate that the perfor-
mance of multirate systems are slightly better than that of
the 1R system. Theoretical predictions for all systems are
accurate particularly when the step size is large. For the
1R system, the deviation between experimental and
theoretical values is smaller than that in 2R and 3R
systems. This is not surprising, since the 1R system does
not have the error propagation problem.

As mentioned, an important acquisition performance
measure is the mean acquisition time. To derive the mean
acquisition time, Ty, we first set T, = 1.28 x 10* chips
(100 bits) and substitute the experimental acquisition
error probabilities obtained from Fig. 6 into (63). Fig. 7
shows the mean acquisition time for all systems. The
lower bound in Fig. 7 corresponds to the case that no
acquisition errors occur. In this case, Toqq = N =4D[1/u]
and this can serve as a performance bound for compar-
ison. As we can see, ini-tially the mean acquisition time
decreases when the step size increases. When the step
size is larger than i = 5 x 1072, the mean acquisition time
starts to increase. For the setting here, the optimal step
size is around pu =5 x 1073, In this case, Tqeq for the 1R
system is about 7500 chips, that for the 2R system is
about 7150 chips, and that for the 3R system is about 7250
chips. We also examine the probability of acquisition error
for various SINR.. Fig. 8 shows the experimental results.
Here, we let u=5x 1073, L =128, D=8, Dy =4, and
N =4D[1/u]. We find that all systems have similar
performance. Also, the higher the SINR., the better
performance we can have. The 2R system behaves slightly
better than the others. Fig. 9 shows the corresponding
mean acquisition time. In terms of the mean acquisition
time, we have the same conclusion that all systems have
similar performance.

For all simulations shown above, we have fixed N =
4Dr1/u] for the systems. In terms of mean acquisition
time, this choice may not be optimal. Fig. 10 shows the
mean acquisition time for various N (SINR; is —13 dB). As
we can see, there are optimum N’s for multirate systems.
For 4t =5 x 1073, we find that the mean acquisition time
of the 3R system increases quicker than that of the 2R
system when N is smaller than the optimum value. This is
because the performance of low-rate units depends on N
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Fig. 5. Averaged tap-weights for LRAF, MRAF, and HRAF for 3R systems. (L =128, D=8,Dy =4,t=51, u =4 x 10~3, SINR, = —13dB, and 100 trials.)
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Fig. 6. Experimental and theoretical Pr ((9), Egs. (54) and (60)) versus
step size u (D =8, Dy = 4, L = 128, and SINR. = —13dB).

more strongly. When N is larger than the optimum value,
the mean acquisition times of both systems approach the
lower bounds. We can observe the same behaviors when
u=3x10"3. From the figure, we also find that the
optimal N is about 2 and 2.5 time-constants for u=
3x103 and 5 x 1073, respectively. In these cases, Tqq =
6 x 10° chips (47 bits) for both step sizes.

11000
! —— 1R systems
—— 2R systems
10000 | —=— 3R systems
—4— lower bound
(0]
'g 9000
c
kel
®
2 8000 f
[&]
@
c
3 7000 |
=
6000
h
5000 I I I I I
3 3.5 4 4.5 5 5.5 6
step size x 1073

Fig. 7. Experimental mean acquisition time T,q versus step size u
(Tp =1.28 x 10*, D = 8, Dy =4, and SINR, = —13dB).

6. Conclusions

The performance of conventional code acquisition in a
CDMA system degrades greatly when MAI presents. The
adaptive filtering approach proposed recently has been
proven to be MAl-resistant. In this paper, we propose a
multirate adaptive code acquisition scheme that can
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Fig. 9. Experimental mean acquisition time Tyq versus SINR.
(u=5x1073).

significantly reduce the required computational complexity.
We have specifically studied the 2R and 3R systems and
theoretically analyzed their performance; this includes the
filter convergence properties, acquisition error rate, and
mean acquisition time. Experimental results show that
while the proposed schemes can perform similarly with
the conventional adaptive acquisition, the computational
complexity is much lower. The proposed scheme is specially
suitable for CDMA systems operating in large propagation
delay environments. With proper choice of D or Dy, the
multirate code acquisition scheme can achieve an efficient
compromise between the mean acquisition time and
computational complexity. The proposed scheme can also
be used in a carrier-phase unsynchronized system. In this
circumstance, we have to take the inphase as well as
quadrature components of tap-weights into account. If the

12000 . . . .
L |- uw=3x1073, 2R systems
11000 FY i 1 =3x1073, 3R systems ]
10000 | |[#—1= 3x1073, lower bound g
- 1t =5%x1073, 2R systems
'qg) 9000 | | -o- u=5x1073, 3R systems E
pet —>— 11 = 5x1073, lower bound
S 8000 ]
k2]
5 7000
3
< 6000
I
1)
= 5000
4000 1
3000
2000 . . . .

1.5 2 25 3 3.5 4
multiple of time—constant

Fig. 10. Experimental mean acquisition time Ty, versus N (expressed as
a multiple of time-constant) and step size p.

code delay has a fractional part, the optimum tap-weights
will have two peaks and this will enlarge the MMSE, which
in turn affects the acquisition performance. To mitigate this
problem, we can oversample the receive signal and conduct
a sub-chip level acquisition. In this paper, we only consider
the scenario of the AWGN channel. It is straightforward to
extend the use of the proposed scheme to multipath
channels. In this case, the HRAF will acquire the signal from
the strongest path. The performance analysis can then serve
as a potential topic for further research.
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Appendix A

In this section, the optimal tap-weights of a LRAF with
different A4 will be derived. With the results, the steady-
state MSE of a LRAF can be evaluated. To simplify the
notation, we let

p="a. (A1)

A.1. The case of A=0

Consider the case where A>0 first. The element
x(m—¢), ee€{0,1,...,Mp} in (18) can be rewritten as

D-1
x(m-g= ) x((m-eD-—j)

Jj=0

A4-1 D-1
=) x(m-eD—j+ > x(m—eD—))
: -

j=0 J
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A-1 D—-4-1
=Y x(m-eD—j+ > x((m—eD—A-—j)

=0 j=0

J_{\/_Zx«m—s)D 1)}

1
D(1 — R
( p){ DA = p)
D-4-1
> x(m-eD—4-)) ;. (A2)
=0
Let
1 A-1
0(m)=——> x(mD —)), (A3)
v/Dp oy
1 D—A4-1
= D—A4—j), A4
P(m) N ;:Zo x(m B (A4)
O(m) = [0(m),0(m —1),...,0(m — Mp)]", and ®@m)=
[p(m), p(m —1),...,¢(m — Mp)J". Thus, (A.2) can be writ-
ten as
x (m — &) = /Dpb(m — &) + /D(1 — p)p(m — &),
£e{0,1,...,Mp}, (A.5)
and (18) as
X, (m) = /Dp®(m) + /D(1 — p)®(m). (A.6)

Note that 6(m), ¢(m) and v, (m) are zero mean, mutually
uncorrelated, and

E{0(m)O(m — &)} = d(¢),
E{¢p(m)p(m — &)} = (¢),
E{v (m)vr(m — &)} = Da25(¢), (A7)

where J(-) denotes a Kronecker Dirac delta function. Using

Egs. (A.3) and (A.4), we can also express (15) as
D-1
rim) =% _X((m— oD — 4 —j)+vi(m)
j=0
D—4-1
= x((m—o)D — 4 —j)
j=0
D-1
+ x((m —o)D — 4 —j) + v (m)
j=D-4
D—4-1
= x((m—o)D — 4 —j)
j=0
-1

+ Y X(m—o—1)D — j)+ v (m)
j=0

Let  the tap-weights of  the LRAF  be
w(m) = [w (M), wp, (m),...,wL,Mp(m)]T. Also, let the cor-
responding optimal solution be w;,. Using the corre-
sponding Wiener equations, we can have

W, =R;'py, (A9)
where p;2E{(x,(m)r;(m)} and R 2£E{x (m)X](m)}. From
Egs. (A.6) and (A.7), it is simple to derive
R, = DL (A.10)
Using Egs. (A.6) and (A.8), we can find the cross-
correlation between r;(m) and x;(m) as
T
=10,...,0,D—4,4,0,...,0 A1
PL b5 U, 4,0, ( )
o

From (A.9), we obtain

1-p, e=a,
Wioe =< P> e=a+1, 86{0,1,...,Mp}, (A12)
0 otherwise,

where wy,, is the eth element of w; ,. Let the MSE that the
Wiener filter minimizes be J; (m). Then,
Jo(m) = E{[ri(m) — wi (m)x,(m)}

= E{r{(m)} — 2w[(m)p, + W (mRw(m),  (A13)
where E{r?(m)} = DE{r?(n)} = D(¢62 + 1). Replacing w;(m)
with w;,, we can obtain the corresponding MMSE, J; 1in,
as
Jimin = DE{r*(m} = D[(1 = p)* + p°]

=D[o2 +2p(1 - p)]. (A.14)

From (A.14), we can see that a nonzero p will produce

an extra term in the MMSE. We now proceed to find the

MSE yielded by the LMS algorithm. Using Eqgs. (A.6) and
(A12), we derive

X[ (MW, = (1 — p){y/DpO(m — o) + /D(1 — p)p(m — o)}
+p{y/DpO(m — o — 1)
++/D( = p)p(m — o — 1)} (A.15)
= /Dpb(m — o) + /D1 = p)p(m — o)
— p/Dpb(m — o) — p/D(A — p)p(m — o)
+ p/DpO(m — o — 1)
+pv/D(A - p)p(m — o — 1). (A.16)
Substituting (A.8) into (A.16), we obtain
XL (MW, = ri(m) — vy(m) + (1 — p)/Dp
x{0(m — o) — O(m — o0 — 1)}
— p/D( = p)ip(m — o) — p(m — o — 1)}.

= /D — p)p(m — o) + /DpO(m — o« — 1) + v (m). (A17)
(A.8) Rewriting (A.17), we have
r(m)
= X} (M)W, + v (m)
—(1 — p)v/Dp[0(m — o) — O(m — o — )] + p~/D(A = p)lp(m — o) — p(m — o — 1], (A18)

£¢&(m)
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where ¢(m) is zero mean and its variance is
a% = 2Dp(1 — p). The LMS tap-weight update equation
for the LRAF is given by

= wy(m — 1)+ X (m)[ry(m) — X (mywy(m — 1)],
(A.19)

where y; is the step size. Substituting (A.18) into (A.19),
we have

wy(m)

Wi (m) = Wi (m — 1) + X (M)[X] (MW, + vi(m) + E(m)
—xFmw(m — 1)]. (A.20)

Subtracting w;, on both sides of (A.20) and letting

Awi(m) = wi(m) — Wi, we can rewrite (A.20) as
Awi(m) = Awi(m — 1) — X (m)X] (m)Aw(m — 1)
+ X (myve(m) + X (my&(m)
= [I — pyx (M} (m)lAwg(m — 1)
+ X (myvr(m) + py X (m)&(m. (A.21)
Let Q(m) = E{Aw,(m)Aw](m)}. Then,
Q(m) = E{[l — WX (M)X[ (M)]Aw (m — 1)
Aw(m — D — gy x (m)xi (m)]'}
+ U E{VL (m)xl(m)XL (m)}
+ WEE(E (myx (m)X] (m)). (A.22)
Eq. (A.22) can be written as
Qm) = I - 1, RHQmM — DA - 1, Ry)
+ ufDoiR; + (i} 62R,. (A.23)

Note that in (A.23) we implicitly assume that £2(m) and
X, (m)x}(m) are uncorrelated. The eth entry on the main
diagonal of Q(m) is

Q..(m) = (1 — D)*Q, (m— 1)+ uD’c2 + u?Do?.

(A.24)
When m— o0, we have the asymptotic result as
Q..(m ~ LL(Da? + 02
D
“é (02 +2p(1 —p)] £e(0,1,...,Mp). (A25)

Using Egs. (A.14) and (A.25), we can have the MSE for
the LMS algorithm in steady-state [34] as

(Mp + Dy D
2

J1(00) = Jp min + [o7 +2p(1 — p)]

ety (n0

A.2. The case of A<0

Next, let us consider the case where 4 <0. We define a
new set of 0(m) and ¢(m) as

1 D—|4]-1

oms —— x(mD —j), A.27
(m) b 5 j§0 ( N ( )
(m)= L lAE‘ (« 1D + ). ( )

p(m x(m—1)D+ (4| —j A.28

ES \/_

Then, we can have x;(m — ¢) as

D-1
> x((m—e)D —j)

xy(m—g) = (A.29)
j=0
D—|4]-1
= > x(m-gD-j)
Jj=0
D-1
+ Y x((m—eD-j) (A.30)
Jj=D-14]|
D—|A]-1
= Y x(m-eD-j
j=0
41—
+ Zx((m—s—l)DHA\ - (A.31)
Jj=0
=+/D(1 — p)0(m — &) + /Dpp(m — &) (A.32)
and (15) as
D-1
rim)y = » x((m—a)D + |4| —j) +vi(m) (A33)
Jj=0
41— D-1
= Z X((m— oD + 4] = j) + Y x((m — x)D
=0 J=14
+ 14| = j) + vi(m) (A.34)
14—
= Z X((m — o)D + | 4| — j)
=0
—14]—-1
Z X((m — o)D — j) + v (m) (A.35)

VDp¢(m — o+ 1)+ /D1 — p)0(m — o) + vi(m).
(A.36)

Following the similar procedure for the case that 4>0,
we can derive

1-p, e=nq,
Wroe =1 P> e=a—1, £e€{0,1,....Mp}, (A.37)

0 otherwise,
and

M, + 1)y D
J100) = Jyin + PP G2 4 291 — p)
M, +1
= {1 +%} Jimin- (A38)
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