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ABSTRACT

Clustering is an extensively used technique for automatic data
classification, such as in the preprocessing of machine learning and
data mining. Simulated-annealing.is'a clustering technique, which
obtains the minimum TSSE of, a group of data by simulating the cooling
down process of a many-particle physical system from a state in
thermal equilibrium with higher energy to another state in thermal
equilibrium with lower energy. The SAKM-Clustering integrates the
power of simulated-annealing for obtaining minimum energy
configuration and the searching capability of K-means algorithm. It
1s used to search proper clusters in multidimensional feature space
such that a similarity metric of the resulting clusters is optimized.
In this thesis we implement a GUI to observe the clustering processes
and to compare the performances of the SAKM-clustering as well as the

K-means clustering.
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