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By using Boolean operations, Wwe.prof issing=allowab n) scheme that is

fast and with a reasonab € oer). T cheme generates n

extremely noise-like shadow images for the ‘given secret color (grayscale/binary)
image A, and any k out of these n shadows can recover A loss-freely. In average, to
decode a color (grayscale/binary) pixel of A, the retrieval uses only 3 exclusion-OR
operations among 24-bit (8-bit/1-bit) numbers. Hence, the new method has very fast

decoding speed, and its pixel expansion rate is always acceptable (0<per<2).
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In application-oriented approaches, a few reported methods produced
user-friendly (i.e. visually-recognizable) shadows; in other words, each shadow looks
like a visual-quality-reduced version of a given image, rather than completely

meaningless random noise. This facilitates visual management of shadows. Besides

visually-recognizable shadows, ‘progressive decoding issalso a convenient feature in

some applications: It provic decoding.meeting nvenie anner to view a

moderately-sen : Fang co ences  of
["Friendly progressi

hence, this

approach doe ast : pace. Ea i se image is
reconstructed using only one Boolea us and two ematical operations.
Therefore, it is also fast to reconstructing ma ecret images. Comparisons are

included.
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