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This project have been developed a
concept browsing of persona bibliographic
management system, which labeling each
group clearly concepts by an automatic
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concept  extraction method.  Concept
extraction is accomplished through a
keyword clustering algorithm. Then a
document clustering algorithm is made on
documents described with the extracted
concepts. In addition, citations existing
between documents are used to construct
documents connections. Such connections are
further used on discovering group relations
and concept relations. Instead of representing
search results by traditional lining style, a
visualization system is devel oped to represent
both search results and the relations of
concepts. Several experiments done in this
work show that not only concepts extracted
by our method can clearly describe
documents in the same group, but aso
achieve good clustering accuracy.

Keywords: Digital Library, Concept
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