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Abstract

In this report, we describe the progress
and the accomplishment for the first part of
the two-year NSC research project. The
primary goa is to segment foreground and
background video layers via differentiating
local motions of image blocks from global
camera motions in a video seguence.
Currently, a preliminary video layer
analyzing system has been built based on the
proposed methods.

The core of the proposed video layer
decomposition method is based on a robust
estimation of camera motions from a video
sequence. Image blocks whose motions are
consistent with camera motions are
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considered as background, while the rest
image blocks are labeled as foreground.
With the help of manually labeled layer
information of the first image frame, more
accurate block correspondences for robust
estimation of aninitial camera motion model
can be obtained automatically. Subsequently,
by propagating the newly derived layer
information, we can establish a progressive
framework for decomposing video layers.
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