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Angle Mapping, SAM)
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ABSTRACT

The accuracy of classification can
be improved by increasing the
seperability between classes, reducing
the dimensionality of data, and choosing
an effective classification scheme.
Low pass filter, Principa Component
Analysis and Minimum Noise Fraction
Transformation are studied together with
different classification schemes such as
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the maximum likelihood, Spectral Angle
Mapping (SAM) and others. It is
found that MNF is more effective than
PCA and maximum likelihood is better
than SAM.
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2.4.2 MNF
MNF (Minimum Noise

Fraction Transformation)[Green et d.,
1988]
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factors Model)[Switzer &  Green,
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