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Abstract

In this research we construct an intelligent video
surveillance system containing several networked TV
cameras with pan/tilt/zoom capability. Through the
internet, the system can remotely detect and track
moving objects in the scene. When an event happens,
the system can control one of the cameras to take a
close-up shot of the event. As a result, the traditional
manual visual alert can be replaced by the system.
Also, with the aid of the internet, the system works at
any time and any place.

Keywords. Intelligent video survelllance system,
Camera calibration, Change detection and tracking,
Event detection.
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