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Abstract

That tidal levels obtained from tidal
theory are added as inputs in artificial neural
network model is found to improve
prediction ability for tidal levelsin this paper.
The optimum structure of the present
artificial neural network models for three
stations is set up from examining the learning
rate, moment factor, input parameters,
numbers of hidden layer, learning times and
input length. The optimum ANN models for
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three kinds of tidal types also have five
inputs that are two observed tidal levels and
three theoretical tidal levels and have
learning rate of 0.1 and moment factor of 0.8,
respectively. The optimum mode for
semi-diurnal type at Hsin-Chu station is
IsHsO1 with 500 learning times. The
optimum model for both mixed type at
Hou-pi-hu station and full diurnal type at
Pi-tou-chiau station is /sH12,0;. The observed
tidal data have seasonal deviation from mean
water level because of temperature and are
deseasonalized by moving Gaussian average
with alength of 360 hours. The ANN models
have better long-term forecasting for
deseasonalized tidal data.
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