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The objective of this subproject is to study
the speaker recognition methods and integrate
the methods into the speaker-independent
polysyllabic word recognition developed last
year. Speaker recognition can be classified as
speaker verification and speaker identification.
Recognition methods can be considered from
text-dependent and text-independent
recognition. In this subproject, we consider
the speaker verification and speaker
identification based on text-dependent
recognition. Hidden Markov model is
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important in representing the time-statistics of
speech. However, the training and
recognition process using maximum likelihood
leads to the weakness in intermodel
consideration. Various algorithms have been
proposed for binding the HMMs with neural
networks. In this subproject, we should
consider the applying of HMMs to speaker
recognition. There are mainly five topics in
this subproject:

1. The selection of speech features.

2. The robust speech feature in noisy
environ-ments.

3. The HMM recognition methods

4.  The integration of the recognition method
with speech recognition for speaker
identification, speech access keys, and
speech data acquirement.

5. The integration with other subprojects.
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