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Development of Advanced Mandarin Speech Recognition Systems
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Abstract

The three-year project aims at developing

advanced technologies of Mandarin speech
recognition. Research topics cover
pre-processing, acoustic modeling, prosodic
modeling, and adverse speech recognition. This
is the progress report of the second year. Items
that have been accomplished are described as
follows. Firstly, a further study on RNN-based
speech segmentation is performed. Secondly,
channel bias compensation in telephone-speech
recognition is discussed in detail. Thirdly, a new
final-initial acoustic model for high inter-syllable
coarticulation is proposed. Fourthly, a
preliminary study on the detection of prosodic
phrase boundary is given. Fifthly, a further study
on syllable duration modeling is given.
Keywords. Mandarin speech recognition,
speech segmentation, channel bias compensation,

inter-syllable  coarticulation, prosodic phase
boundary, syllable duration modeling.
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