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Abstract

Research on autonomous land wvehicle
(ALV) has always been an important issue in
the field of automation. Especially, with
recent advances In computer vision and
sensor technologies, research on practical
applications of land vehicles has attracted
worldwide interest. Emphasis of this project
1s placed on the study of computer vision
technicjues to facilitate an ALV system robust
navigation methods and flexible environment
learning algorithms. Three major research
results are achieved in the second year of the

project:

1. Environment learning with
technicjues for

autonomous land vehicle navigation.

human-following

2. Obstacle detection and avoidance for
autonomous land wvehicle navigation in
outdoor road environments by 3-D
computer vision techniques.

3. Path learning, planning, and guidance for
ALV navigation inside buildings.

All the above three results are contained
in this report.
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