FRESBERER

PN

Gray-Value Face Recognition Using Difference Images
it £ % 38 : NSC87-2213-E-009-061
4T #A R : 86/08/01 —87/7/31

EH A

B RBRETAME R

B #

E-mail: jchuang@cis.nctwedu.tw Fax: 03-5721490

& &R IR AT

—. Px#HZ:
(B4t AR 20814 BHaEsy
Moo E oM 0 AR MELE B 5 H)

EANBRBRTEF > TR EL
BARBGEAAE —ERGEESDE - L
ZHBRLGEILHN I RERABAZE
B R EHPIRZ MG K ERAE N
%@zﬁ%&%%ﬁk%zé%f&(@ﬁ

T ) F AR AR K R 3 A 9 BR R R 42 4E
ALk & “4b4§i£ BRFIRERORE Y
el stsh 2o HERMEZHERER

N BT RERE N ZUARA ALY
ME AN BBRZESTETRA BT ZATR
oo FbE @M EE IR R KSR
WAk o A3 E 2 3T Eigenfaces 1
Fisherfaces MM AR A 4% L AT H (Lo

TRMOARBEEMNE) REELIRER
BAX AR EZHFE -

EXHE

(Keywords: Face Recognition, Difference Image,
Eigenanalysis, Principal Axis Analysis, Linear
Discriminant Analysis.)

Several existing face recognition algorithms
represent a face 1mageas a vector of very high
dimension. The
approaches 15 the sensitivity of the recognition

to the lLighting condition that incorrect results

main problem with such
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The wse of the difference
image 1n this project for face recognition 15
motivated by the observation that face features
significant changes in
image grayvalues in a small neighborhood than
that due to different lghting
Moreover, using the difference image may also
of the
recognition system in that the dynamic range of
the grayvalues 15 mmuch smaller, and s0 are the

may be obtained.

will wually cause more

conditions.

mmprove the overall performance

data to be processed. Since the operation of
difference can be considered as a preprocessing
for the omnginal image, its application 15 not

restricted to a particular face recognition
algorithm.
systems based on both the Eigenfaces and
Fisherfaces algorithms are implemented. Real
images from some well-known image databases of

human faces are used to show that the proposed

In this project, face recognition

approach recognition method 15 indeed less
sensitive to the lighting condition.
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