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  Several existing face recognition algorithms 

represent a face imageas a vector of very high 

dimension. The main problem with such 

approaches is the sensitivity of the recognition 

to the lighting condition that incorrect results 

may be obtained.  The use of the difference 

image in this project for face recognition is 

motivated by the observation that face features 

will usually cause more significant changes in 

image grayvalues in a small neighborhood than 

that due to different lighting conditions. 

Moreover, using the difference image may also 

improve the overall performance of the 

recognition system in that the dynamic range of 

the grayvalues is much smaller, and so are the 

data to be processed. Since the operation of 

difference can be considered as a preprocessing 

for the original image, its application is not 

restricted to a particular face recognition 

algorithm. In this project, face recognition 

systems based on both the Eigenfaces and 

Fisherfaces algorithms are implemented. Real 

images from some well-known image databases of 

human faces are used to show that the proposed 

approach recognition method is indeed less 

sensitive to the lighting condition. 
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