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— ~ Analysis of Drug Dissolution Data
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Drug absorption mn the human body
depends on the dissolution rate of the drug.
Suitable  dissolution characteristics  are
mmportant to ensure that the drug will aclueve

the desired therapeutic effects. To assess the
similarity of dissolution rates of several drug
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lots, we apply a general growth curve model
with different covariance structures. The
Box-Cox power transformation and the naive
log transformation are appled to a function
of the dissolution rate. The predictive
sample-reuse, or cross-validation, method is
employed in selecting an appropriate model
with best predictive accuracy. A testing
procedure for examining the similarity among
the drug lots is also conducted. A partially
Bayesian approach is used for the assessment
of dissolution ecqurvalence.
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— ~ Bayesian Prediction Analysis for
Growth Curve Model Using
Noninformative Priors

bb 77 ML B X IR A Z AR R © A
FIA 12 B0 E B & B RIRITIE A
REHHBEM G B RS - EEHA
MCMC 7% R i& 37 7% R 72 sbAE A o F8 R
3 o AR LN AT IE o AR E
PRAEIFIEER AP AWM ELT

(=) ~+xHme

A A Az B 09 B R BORIR
FIE M R RER G R Ka#H o i FaE]
FELNBIIEFTAE HKMARDRBAZR
MCMC 7k R M TR R o #7 - &R A BIREAH
#R g ) o R eyi@tikit Feam 1975
F ooy 4 R4 - w8t MCMC % F #
Rao-Blackwellization ;& #4834 -

(=) ~#xhHE

We apply a Bayesian approach to the
problem of prediction mm an unbalanced
giowth curve model using nonnformative
priors. Due to the complexity of the model,
no analytic forms of the predictrve densities
are  avalable. ~We  propose  both
approximations and a prediction-oriented
Metropolis-Hastings sampling algorithm for
two types of prediction, namely the
prediction of future observations of a new
subject and the prediction of future values of
a partially observed subject. They are
lustrated and compared through real data
and simulation studies. The approximation
compares favorably with the approximation
in Fearn( 1975 )and is very comparable to the
more accurate Rao-Blackwellization from
Metropolis-Hastings sampling algorithm.
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We consider the parameter estimation of
regression where enror terms follow a
stationary AR (P) process. Utihizing Wise

(1951 ) , we obtained the exact likelithood
and the subsequent posterior distribution of
the parameters. Posterior distnibutions are
obtamed usmg MCMC. The result obtamed
compared favorably with Chib (1993) and
Chib and Greenberg (1994 ) .
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