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Abstract

In this research we propose to use the Gabor
wavelet to extract feature points in the
scale-orientation space. The extracted feature points
are robust to the variations in scaling, rotation,
trandlation, and minor projection distortion. We
construct the Delaunary triangle from the set of feature
points to describe the geometrical structure of the
object. The Delaunary triangle representation can be
used to determine the pose of the object in the 3D
space, in particular, under the circumstance of partial
object occlusion.
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