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Abstract

In this three-year project, we have
proposed several noise compensation and
signal bias removing methods for adverse
Mandarin speech recognition. Five methods
have been studied in the first two years. In
this year, we further study the noisy speech
segmentation method and the robust training
method, and propose a new signal bias
removing method. Besides, we implement a
high-performance Mandarin speech
recognition system.
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HMM models F-ratio
ML
24dB 27dB 31dB
ML 47.2 50 58
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Codeword| Bias Syllable | Relative
number |deviation| accuracy bias
(%) estimation
time
128 132.4 | 63.0(57.2) 0.5
256 114.6 | 64.6(58.7) 1.0
512 140.2 | 62.4(56.6) 2.0
1024 122.8 | 64.1(58.3) 4.0
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Window | Bias | Syllable | Relative bias
length/ |deviation|accuracy| estimation
shift (%) time
4/1 46.4 70.1 0.21
4/3 46.3 70.3 0.08
6/1 46.0 70.0 0.21
6/3 45.8 69.9 0.08
8/1 46.7 70.1 0.21
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